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ABSTRACT 

This study looks at cultural and geographic bias in AI-made images, exploring how the text-to-

image system Midjourney version 7 shows Ghana and Sweden differently based on learned visual 

patterns. As AI images become more common worldwide, the ideas built into these systems have 

important social and political effects. While past research has shown bias based on demographics 

in AI, the cultural and location-based sides of that bias have not been studied much. This study 

fills that gap by using Rose's (2016) Visual Discourse Analysis on 32 images created from four 

similar prompt types: family, busy street, market, and office workplace. The analysis uses the idea 

of the Algorithmic Gaze, combining Said's (1978) Orientalism, Graham's (2010) and Kotliar's 

(2020) ideas about computational power, and postcolonial visual culture work by Hall (1997) and 

Lutz and Collins (1993). 

 

The study concludes that the Algorithmic Gaze does not invent new biases but inherits and 

automates existing ones, extending the reach of a colonial representational system into new 

technological contexts at unprecedented scale. The findings contribute to the growing literature on 

AI bias by demonstrating that cultural and geographic bias is not incidental but structural, and by 

showing that addressing it requires historical and political engagement with the archives from 

which AI training data is drawn, not merely technical mitigation. 

Keywords: Algorithmic Gaze, AI-generated imagery, geo-cultural bias, Visual Discourse 

Analysis, postcolonial representation, Ghana, Sweden, Midjourney 

 

 

 

 

 

 

 

 

 



 
 

Popular Science Description 

When AI Sees the World: What Artificial Intelligence Thinks Ghana and Sweden Look Like 

Just like ChatGPT, AI system, AI is a system called artificial intelligence that can now generate 

images from a voice. All you need to do is type a description into a tool like Midjourney or 

ChatGPT within a few seconds, you have a picture generated based on your prompts. Millions of 

people use these tools every day to create images for their website, their social media, their school 

project, etc.  

 Here is the question we're asking. When the AI system creates this, generates these images, whose 

version of the world is it depicting? This study sets out to answer that question by running a simple 

experiment. There will be four prompts typed into Midjourney an artificial intelligence system for 

text to image generation twice, one for Ghana and one for Sweden. This prompt is based on 

everyday activity, everyday life, family, and social life. The only thing that would change is the 

country name. The result was striking. The result for the Swedish family produced formally 

dressed in expensive interior while the Ghanaian families produced images of people in front of 

crumbling walls. The AI was not told to make these choices. It made them automatically, based 

on what it had learned from the images it was trained on. This matters because AI systems learn 

from existing photographs, media images, and online content. That content has been shaped by 

decades of Western media coverage that has consistently shown non-Western countries through 

crisis, poverty, and exotic differences, while showing Europe through heritage, order, and 

achievement. The AI has learned from these patterns and now reproduces them every time 

someone types a country name into a prompt. It does not know what a contemporary Ghanaian 

office or a modern Ghanaian street looks like, because those images are not well represented in 

the data it learned from. 

The study also found that the AI's images of Ghana were not even accurately Ghanaian. The yellow 

vehicles in the street images are more associated with Nigeria than Ghana, suggesting the AI does 

not distinguish clearly between different African countries. It represents Africa as a single 

undifferentiated space, rather than a continent of fifty-four distinct national cultures. 



 
 

As AI-generated images appear in more and more of the media we consume, the assumptions they 

encode about which countries are modern and which are not, which cultures are ordered and which 

are chaotic, and whose history is worth celebrating and whose is not, will increasingly shape how 

people around the world see each other. This study argues that those assumptions are not neutral. 

They are the product of a long history of unequal representation, now automated and reproduced 

on a global scale. Recognizing this is the first step toward changing it. 
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Introduction 

 

Generative AI has rapidly transformed the ways in which images are created, consumed and 

circulated across today’s visual culture. AI tools such as Midjourney allows users to generate 

visual content from ordinary text prompts within seconds, making images increasingly present in 

media production, communication, education, advertising, and everyday online interaction. 

Though these technologies are promoted as creative, innovative, and technologically neutral 

systems, there is a growing concern suggesting that generative AI may also reproduce and amplify 

existing cultural, political, and social inequalities that are embedded within the data on which these 

systems are trained. As these images spread and are shared, they have an influence on how people 

perceive and represent places, people, and culture. This type of influence grows because AI-

generated images are becoming harder to distinguish between real photos and they often spread 

without saying they were made by AI, which in turn makes people believe that they are real photos. 

In places where audiences are able to determine that an image is AI-generated, these 

representations shape visual expectations and cultural assumptions about what different places and 

people look like. 

 

While scholars have conducted extensive research on bias in generative AI systems, much of it 

focuses only on the most obvious factors, such as gender, age, or skin color. There is the need to 

start looking at the bigger picture, such as how AI-generated images affect the construction of 

meaning in broader cultural contexts, how we think about different cultures, and the history of 

power. It is super important to think about how these images keep repeating old stereotypes. It 

raises big ethical questions about how people are represented, who really has power, and who 

might end up getting hurt by these portrayals. The images these AI systems make are not neutral. 

These systems effectively determine for the world which cultures are seen as "normal" and 

modern, and which ones are treated like they are "weird," old-fashioned, or just not important.  To 

analyze these problems, we have to look beyond surface-level issues and examine the deeper 

ideological assumptions and historical power relations that shape how algorithms represent entire 

cultures, regions, and nations. 
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Broussard et al. (2019) define Artificial Intelligence (AI) as 'the training of a machine to learn 

from data, recognize patterns and make subsequent judgements with little to no human interaction' 

(p.673). However, the first part of the definition ‘the training of a machine,’  is fundamentally an 

exercise in human intervention; the data fed into the system is produced by humans, shaped by 

human choices, and embedded with historical power relations. Feeding machine data to reproduce 

information does not make it a thinking machine on its own, nor does it negate the contribution of 

humans to its outputs. It is therefore not incidental when an algorithm reproduces stereotypes that 

reproduction reflects what was present in the input data used to train it. 

 

1.1 Background  

Contemporary research (Wan et al., 2024; Bianchi et al., 2023) have extensively documented bias 

pertaining to demographic factors such as race and gender, but little attention has been paid to 

geographic cultural bias; how generative AI systems represent different regions, nations, and 

cultural contexts through learned patterns that are produced or that are reproduced from historical 

hierarchies. Early empirical evidence suggests these systems engage in digital forms of colonial 

gazing, systematically constructing Global South contexts as exotic, aesthetically inferior, and 

belonging to a different time (Bianchi et al., 2023; Ghosh et al., 2024). This last tendency 

temporalization refers to the visual coding of non-Western societies as pre-modern, traditional, or 

developmentally behind, as if they exist in an earlier historical stage rather than in the same present 

moment as Western societies (Fabian, 1983 p. 38-40). He argues that Western anthropology 

constructs its objects of study through “denied coevalness,” positioning non-Western peoples as 

existing in a temporally distant “there and then,” rather than as coexisting in the same historical 

present. This temporal distancing is not merely descriptive but epistemological, as it organizes 

cultural difference through a developmental and hierarchical conception of time. 

Seen through this lens, AI-generated imagery does not merely reflect bias in demographic 

representation (such as race or gender), but also reproduces deeper epistemic structures of time. 

Temporalization thus becomes a key mechanism through which colonial visual logics are updated 
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and operationalized within machine learning systems, extending Fabian’s critique into the domain 

of algorithmic culture. 

Recent scholarships show consistent evidence for these patterns. Drawing on Kaneti (2023), it was 

found that identity-coded prompts yield very different visual results. For example, in her analysis, 

migrant-coded prompts produce a desert landscape and refugee setting, showing subjects looking 

dusty, covered in like a blanket, and looking hungry or weird, while a neutral prompt creates a 

domestic environment with children in the home playing and being comfortable. Bianchi et al. 

(2023, p.1501) show that text-to-image models reproduce racial and geographic stereotypes even 

when prompts attempt to challenge them, as African subjects are still depicted in impoverished 

settings or in a ‘simple’ way of life despite references to wealth. Tao et al. (2023) are not only 

saying “training data is Western,” but more specifically that models default to culturally 

dominant (often Western/Anglosphere) value systems when no cultural context is specified, 

based on alignment patterns in outputs. Overall, these studies highlight that generative AI often 

favors Western ideas, both in how people are depicted and how places are shown. 

Given that a significant proportion of the world's digital infrastructure is controlled by a few of 

these corporations, they hold substantial power to shape global patterns, influencing global 

communication and consumption and perpetuating cultural inequalities (van Dijck, et al 2019). In 

this thesis, this dynamic is investigated through the framework of the algorithmic gaze, the 

propensity of AI image systems to see and construct different geographies through different and 

hierarchical visual logics, encoding some cultures as modern, ordered, while positioning others as 

exotic, traditional, and inferior. 

 

This research addresses this gap, focused visual analysis of Ghana and Sweden, two countries 

selected by their theoretical paradigm. Two distinct countries, Ghana, a post-colonial African state 

with a complex history of Western misrepresentation and systematically exoticized by Western 

visual culture, and then Sweden, an European state representing Western norms seen in the global 

media as a standard for modernity, order, and cultural prestige. Put together, these two countries 

comprise the two poles of the representation hierarchy. 
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The selection of these cases is also informed by the researcher’s positionality. I occupy a 

perspective that is socially and culturally connected to both contexts. Furthermore, the study seeks 

to contribute to the growing body of scholarship that takes the Global South seriously as a site of 

critical analysis rather than merely an object of representation. This positionality is discussed 

further in Section 3.10. 

 

1.2 AIM AND PURPOSE OF THE STUDY 

This study carefully looks at how AI-created images replicate, keep up, or even challenge cultural 

stereotypes and unequal systems of representation. It does this by using Visual Discourse Analysis 

and postcolonial critique on AI-generated images of Ghana and Sweden, treating these images as 

cultural messages that convey ideas about identity, modern life, and cultural worth. By doing this, 

the study contributes to ongoing discussions about how AI images represent people, power, and 

bias. 

 

1.3 Research Questions 

1. How does the Algorithmic Gaze operate in  Midjourney to construct Ghanaian and Swedish 

realities differently? 

2. What visual hierarchies are produced through AI's differential treatment of Ghanaian and 

Swedish contexts? 

3. To what extent do AI-generated representations of Ghana and Sweden reproduce existing 

cultural stereotypes of the Global South and the Global North? 

 

 

 

 

 

Chapter 2 
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LITERATURE REVIEW 

 

2.1 Previous Research 

There has been substantial research in the field of AI image generation, particularly on how AI 

represents different genders and professions in terms of bias. As generative AI technologies 

continue to evolve in media production and communication, researchers have raised concerns 

about the geographical and cultural assumptions embedded in these technological systems. 

Existing studies show that when cultural context is not explicitly specified, the output produced 

by generative AI systems align with Western cultural frameworks and underrepresent other 

cultural perspectives. Tao et al. (2023). 

 

This section reviews previous research on systematic and geo-cultural bias in AI systems. It also 

highlights key findings from existing studies and identifies the main themes in this literature: 

Western dominance in outputs, stereotypical representation of the non-Western other, limited 

research on geo-cultural bias, the influence of prompt design, and the need for more culturally 

inclusive AI development. 

 

This literature review examines how stereotypes of non-Western people have been created and 

depicted over time. It also connects the cultural and geographic biases in AI to colonial views and 

visual ideas. The review begins by highlighting bias in AI systems, how Africa is portrayed in the 

media, and colonial visual stereotypes reproduced in AI-generated images, which in turn provides 

a framework for analyzing representation as a form of power. It then analyzes key studies on 

algorithms that have applied these ideas in digital settings and finally reviews recent research on 

geographic bias in AI text-to-image systems, which shows ongoing differences in how parts of the 

world are visually represented and underscores the need for the comparison conducted in this 

thesis. To understand how cultural and geographic biases appear in AI systems, current studies 

identify several common themes. 
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2.1 Bias in AI 

 

Research on bias in artificial intelligence has grown substantially in recent years, with greater 

focus on how these AI systems reproduce and amplify existing social inequalities through their 

outputs. The majority of this research has focused on demographic bias; bias related to individual 

visible characteristics such as gender, skin tone, race, and age. Recent surveys of the field show 

that bias evaluation has largely relied on classification-based methods and benchmark datasets that 

prioritize these demographic categories (Wan et al., 2024). This gap is significant because cultural 

bias operates at a different and arguably deeper level: rather than misrepresenting individuals, it 

misrepresents entire people and places, shaping how audiences worldwide visually understand 

cultures they may have little direct experience of. 

Kaneti (2023, p 315) provides a related study that directly guides this research method. By using 

paired prompts such as “children with pets” and “migrant children with pets” within the same AI 

system, Kaneti shows that identity-related details yield consistently different images. The neutral 

prompt produces images of light-skinned children in cozy home settings, while the migrant prompt 

yields scenes with desert-like backgrounds, refugee themes, and signs of displacement and 

hardship. This finding is important for two reasons. First, it shows that AI systems are not 

culturally neutral but include built-in assumptions about identity and belonging in their results. 

Second, the study’s method of changing only one identity detail while keeping everything else the 

same directly influences this thesis’s approach, in which the country name (Ghana versus Sweden) 

is the only difference across otherwise identical prompts. 

 

Bianchi et al. (2023, p. 1495) analysis revealed that simple descriptions like “attractive person” 

or “person cleaning” often lead to biased images linked to certain race or gender stereotypes. 

This pattern suggests that the models’ internal understanding is uneven, reflecting a deeper 

imbalance in the cultural mix of training data and the dominance of Western visual styles in the 

datasets these systems are trained on. 

 

Similarly, Wiegand et al. (2024) show a clear example of how cultural bias works in real life. 

When AI systems are asked to create images of diseases like malaria, tuberculosis, and HIV that 
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mostly affect people in the Global South, the results consistently show lighter-skinned people in 

Western hospital settings. The AI, in other words, does not associate these diseases with the 

populations most affected by them; it associates them with the visual conventions of Western 

medical photography. This finding is directly relevant to the present study: it demonstrates that 

cultural bias in AI is not limited to explicitly cultural prompts but shapes outputs even in apparent 

neutral domains, revealing the extent to which Western visual conventions function as the system's 

universal default. 

 

Together, these studies show that cultural bias in AI image creation is real, proven, and important. 

However, they mostly see bias as a technical issue, a measurable error in results that might be fixed 

by improving training data or changing algorithms. 

What is largely missing from this literature is an engagement with the content of the bias: the 

specific cultural stereotypes that AI systems reproduce, where those stereotypes come from, and 

why they are politically and historically significant. To understand this, it is necessary to turn to 

the long history of how Western media and scholarship have represented Africa and the Global 

South because it is from this history that AI training data has inherited its visual assumptions. 

 

2.2 Media Representation of Ghana and Africa 

The common way Africa is shown in Western media and research is not new. It has a long and 

well-known history, starting in the colonial period and continuing through different technologies 

for creating images, from 19th-century photography and illustrated news to 20th-century TV and 

documentaries and now the digital age. Understanding these stereotypes, what they are, how they 

are made, and what ideas they support is important for this study because they make up the 

collection of images that AI training data uses. 

Stuart Hall (1997) identifies the fundamental mechanism by which Western visual culture has 

historically represented non-Western peoples: the “otherness” (pp. 234). This is the tendency to 

represent non-Western subjects as fundamentally different from a Western norm as exotic, strange, 

and worthy of observation precisely because of their difference. Hall argues that this process of 

Othering is not incidental but structural: it is the way in which Western modernity has defined 
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itself as rational, ordered, and progressive by constructing non-Western societies as their opposite 

irrational, disordered, and pre-modern. Crucially, Hall situates this within his broader concept of 

"the West and the Rest": the ideological binary through which Western power has historically 

organized knowledge about the world, placing the West at the center of progress and the rest at its 

periphery. This binary is not merely a set of images; it is a system of power that determines whose 

knowledge counts, whose culture is valued, and whose history is deemed worth knowing. 

 

Three dominant stereotypes of Africa in Western visual culture can be identified from the 

literature, each of which is directly relevant to the visual patterns this thesis documents in AI-

generated imagery. 

The first view is Africa as a place of political crisis, conflict, and chaos. Baah-Acheamfour and 

Lamptey-George (2024), in a content analysis of stories about Africa published by the BBC and 

reprinted in Ghanaian newspapers, find that most  coverage frames the continent through the lens 

of political unrest, crime, war, and instability, portraying Africa as, in their words, "an unhealthy 

place for living." Only about one-third of the stories sampled highlighted positive events. This 

pattern of crisis-driven representation is not accidental: as Hall (1997) explains, Africa only 

becomes visible in Western media when something goes wrong, like a conflict, famine, or a 

disaster. In the absence of a crisis, Africa is invisible. The result is a representational regime in 

which disorder, violence, and instability are naturalized as the defining characteristics of African 

life, while the complexity, stability, and modernity of everyday African experience remain unseen. 

The second stereotype is Africa as a place of poverty, lack of resources, and underdevelopment. 

This stereotype is repeated through many years of photos from development projects, charity ads, 

and humanitarian documentaries, where African people are almost always shown in situations of 

need: broken buildings, temporary shelters, few resources, and clear suffering. Wainaina (2005), 

in his important satirical essay "How to Write About Africa," clearly exposes this pattern. He lists 

the common images and stories Western media use to make Africa understandable to Western 

viewers: the very thin child, the ruined building, the busy street market, the missing or failing 

government. It also shows that these images do not just describe Africa but create it; they make a 

certain version of African reality that fits what Western audiences expect and believe, supporting 
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the West's view of its own progress and Africa's supposed lack of it. This is not just representation 

but, as Hall (1997) says, a use of power: the power to decide what Africa is and what it means. 

 

The third stereotype is Africa as a place of exotic cultural difference, timeless, pre-modern, and 

fascinating precisely because of its distance from Western modernity. Lutz and Collins (1993), in 

their analysis of National Geographic magazine's visual representations of non-Western peoples, 

identify a consistent set of photographic conventions through which African and other non-

Western subjects are constructed as exotic: close attention to bodily adornment and traditional 

dress; outdoor, naturalized settings rather than modern interiors; an emphasis on ritual, ceremony, 

and cultural practice over every day contemporary life; and a visual aesthetic that codes the 

depicted environment as ancient, organic, and unchanging. These conventions position the viewer 

implicitly as a Western observer of a world fundamentally different from their own, a world that 

exists outside of time in a kind of permanent cultural past. This temporal distancing, the placement 

of non-Western subjects in a different, earlier historical moment, is what Fabian (1983) calls the 

"denial of coevalness": the refusal to represent non-Western peoples as existing in the same 

contemporary moment as the Western observer. It is not merely an aesthetic choice but a political 

one, because it naturalizes the hierarchy between a modern West and a pre-modern Africa as a 

difference in historical development rather than a product of colonial power. 

 

These three stereotypes: Africa as a place of political crisis, poverty and underdevelopment, and 

exotic cultural difference, are connected. Together, they create a clear image that shows Africa as 

the opposite of Western modern life: messy where the West is organized, poor where the West is 

rich, traditional where the West is modern, and chaotic where the West is civilized. This system, 

as Hall (1997) and Said (1978) both show, is less about the real lives of African societies and more 

about the worries and needs of Western visual culture. It is made up, not a fact  and it is this made-

up image that, as the next section explains, has been included in AI training data and copied by 

algorithms. 

 

2.3 Colonial Stereotypes in AI Image Generation 
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The relationship between the colonial stereotypes documented in the previous section and the 

outputs of contemporary AI image generation systems is not coincidental. As stated in the 

introduction, AI systems learn from data, and the data on which the world's leading text-to-image 

systems have been trained primarily comes from the internet's existing visual knowledge, 

photographs, illustrated media, documentary photography, and digitized historical collections. 

These historical collections are not culturally neutral. They contain unequal and stereotypical 

representations of different parts of the world.  It is a result of the same representational history 

traced in section 2.2, created by Western photographic conventions, Western media institutions, 

and Western developmental and humanitarian organizations, who have for decades reproduced the 

stereotypes of crisis, poverty, and exoticism identified above as representations of Africa. These 

AI systems do not merely inherit these contents; they learn from them, which in turn enables them 

to construct different parts of the world by learning their representational logic and visual 

grammar. 

 

This is what the empirical studies in section 2.1 document. (Bianchi et al., 2023) explain the effect 

of training AI systems on Western-dominated datasets and archival collections. It usually produces 

clearer, more detailed images when prompted to create images that fit Western environments.  This 

is as a result of using heavily dominated by Western datasets to train the AI system, which makes 

it easier to generate those spaces. Tao et al.'s (2023) analysis demonstrated that when a prompt 

does not explicitly specify a country or culture, the default for generated images is Western-

looking. For example, if the prompt simply asked for a ‘doctor’ or a ‘city’, the image would 

automatically fit   Western appearances and lifestyles. This makes Western culture the standard or 

default in these systems. The reason is not that AI is specifically choosing to represent Western 

narratives in its results, but rather that most of the data it learned from heavily contains Western 

history, styles, and people. 

 

Kaneti (2023) further iterates this. Her study showed that when prompts connected to marginalized 

groups, such as migrants, are used, the AI systems often generate images of people in difficult 

conditions, such as overcrowded refugee camps, temporary shelters, or dry, desert-like 
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environments. The concern here is that it does not accurately reflect the reality of migrants around 

the world. Migrants live in many different situations and environments, such as students, 

researchers, or simply seeking greener pastures, yet the AI repeatedly focuses on hardship, crisis, 

and suffering. This reflects the way migrants and migration are commonly portrayed in Western 

media, especially in news reports, documentaries, and humanitarian campaigns that often 

concentrate mainly on conflict, displacement, and poverty. These images form part of the training 

datasets. 

 

In all these cases, the AI system is not inventing brand-new stereotypes on its own. Instead, it is 

repeating patterns inherited in the data it was trained on. A large portion of the data used to train 

these AI systems came from Western media, historical and modern sources shaped by colonial and 

post-colonial ways of seeing the world. This phenomenon is important because the issue is not a 

technical error or malfunction that can be easily fixed. It is part of how the system works. The 

system is doing exactly what it was trained to do, but it is no fault of the system that the data is 

embedded with biased ways of representing different people and places. 

Karpouzis (2025) explains this idea clearly. He argues that not only do the AI systems accurately 

reflect inequalities, power imbalance or differences in society, they also strengthen them in digital 

spaces. In other words, they continue to make the world into new technology that reaches people 

all over the world. 

As AI-generated images become increasingly common in everyday life, they have become part of 

global visual culture, appearing in articles, advertisements, and social media feeds. Because of 

this, images representing different cultures and places risk influencing how people around the 

world understand them, especially those they have never personally seen. This concern of AI 

constantly reproducing the same biased and stereotyped images and slowly becoming the default 

way people imagine certain cultures, countries, or groups. It is not the images that are depicted, 

but the reflection of it in people that is the norm. This is very different from older forms of media. 

For example, the National Geographic photographs analyzed by Lutz and Collins (1993) were not 

something everyone could easily access; they required purchase or a subscription. Similarly, the 

BBC reports analyzed by Baah-Acheamfour and Lamptey-George (2024) required viewers to 

intentionally watch or read them. Adejumo-Ayibiowu, (2025) argues that Africa has historically 
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been marginalized within global economic systems, where Western countries and institutions often 

control the flow of capital, technology, and representation. 

 

However, AI generated images work in an instantaneous way. Unlike traditional forms of visual 

media, which require time to produce and distribute, AI-generated images can be created within 

seconds and shared across social media, websites, and other digital platforms with just a few clicks. 

These images are created instantly and are now built into everyday digital tools and platforms. 

They can reach a much larger audience and spread quickly because of this. It is especially 

important to pay attention to visual patterns and biases built into AI systems because of this wide 

reach. 

 

 

 

2.4. THEORETICAL FRAMEWORK 

The theoretical framework applied in this study is the Algorithmic Gaze a concept that synthesizes 

postcolonial theory,( which studies the effects of colonial history on how cultures are represented), 

visual culture studies,( which looks at how images shape meaning in society) and critical algorithm 

studies ( which looks at how computer systems and AI make decisions) to analyze how AI image 

generation systems construct differential cultural realities.  

This section explains the framework by building from its conceptual foundations: first, what the 

gaze is as a theoretical concept and how it has been used by scholars to analyze visual power; 

second, how the colonial gaze specifically rooted in Said's (1978) theory of Orientalism has been 

applied to understand the representation of non-Western peoples in Western visual media; and 

third, how this study extended and applied these concepts to the algorithmic context through the 

framework of the Algorithmic Gaze. 

2.4.1 The Gaze as a Theoretical Concept 
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The concept of gaze is developed in visual culture theory as not simply the act of looking, but the 

power relations embedded in that act. To look at something is not a neutral activity; it involves a 

subject who looks and an object to be looked at, and this relationship is never balanced. The gazer 

holds the power to interpret, classify, and construct meaning about what they see; the one who is 

gazed upon is placed as an object of knowledge, which is subject to interpretation by another. 

Looking as an act of power is foundational to visual culture theory and underlies all of the concepts 

this framework brings together. An example is when someone takes a picture of a palace or a group 

of people; they are choosing what to include, what to leave out, and how to present it. That means 

they are shaping the meaning of what they are putting out there. The person or object being 

displayed does not have control over how they are being presented. 

 

Said's (1978, p.1) understanding of the gaze as power was applied to the colonial context in 

Orientalism. The term “Orient” was used in Western scholarship, literature, and art to refer broadly 

to parts of Asia, the Middle East, and North Africa.  He argued that the Orient was not an accurate 

representation of places. Instead, it was a constructed image created by Western writers and 

thinkers. The Orient was often described in very fixed, simple terms in these representations. It 

was described as exotic at times and portrayed as irrational and emotional; very different from 

Europe. By presenting non-Western societies as “less developed,” these representations made 

colonial control seem acceptable or even necessary. They suggested that Western countries had a 

duty to guide, educate, or civilize other regions. Crucially, Said showed that this representational 

system operated not through individual acts of prejudice but through an entire apparatus of 

knowledge production, scholarly texts, literary works, political discourse, and visual imagery that 

collectively produced the Orient as an object of Western knowledge and control. The colonial 

gaze, in this sense, is not merely a way of looking; it is a regime of visibility that determines what 

can be seen, how it is seen, and what it means. 

 

Lutz and Collins (1993) expanded Said's critique into the domain of visual culture through their 

systematic analysis of National Geographic magazine’s representation of non-Western people over 

several decades. They found that the magazine often used the same photographic patterns when 
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showing non-Western societies. For example, the images frequently focused on traditional 

clothing, jewelry, and body decoration. Many of the photographs were taken outdoors, in natural 

settings, rather than in a modern city or environment. The images also emphasize ritual and 

ceremony rather than depicting ordinary daily life, reproducing the colonial gaze in visual form. 

They argued that these photographs do not depict reality but rather construct a way of seeing non-

Western people. Their analysis did not focus on a single image; instead, they examined a large 

number of images together, which helped identify recurring patterns. They noticed the same types 

of settings, the same kinds of subjects, and the same absences appearing again and again.  This 

analytical method reads systematic patterns across a body of images as a visual discourse that 

directly informs the methodology applied in this study. Like Lutz and Collins, this research does 

not examine single images in isolation. Instead, it studies patterns across many AI-generated 

images to understand how certain visual ideas and stereotypes are repeatedly reproduced. 

 

2.4.2 The Algorithmic Gaze 

The concept of the "gaze" originates in psychoanalytic and media theory, where it refers to the 

ways in which power structures shape perception and representation. Mulvey's (1975) male gaze 

explains how women are represented through patriarchal perspectives, while the colonial gaze 

describes how colonial power represented Indigenous and non-Western peoples through imperial 

narratives that emphasized difference, exoticism, and inferiority (Said, 1978; Hall, 1997). As Reid 

(2025) observes, these concepts demonstrate that ways of seeing are shaped by systems of power 

rather than being neutral. 

Building on these traditions, this study conceptualizes the Algorithmic Gaze as a framework for 

examining how AI image generation systems learn, reproduce, and potentially reinforce historical 

patterns of visual representation embedded in their training data. 

This study applied the framework of the Algorithmic Gaze to examine how these historical patterns 

of colonial looking have been extended into the domain of AI image generations. Like the colonial 

gaze before it, the Algorithmic Gaze is not a deliberate act of prejudice by individual operators but 
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a structural feature of the system: a learned way of seeing, encoded in the patterns of the training 

data and reproduced automatically in the system's outputs. 

The theoretical foundation of this framework was based on two important ideas from existing 

research. The idea was coined from Graham’s (2006) analysis of how computational systems 

determine the visibility and invisibility of people, activities, and spaces, thus reproducing patterns 

of historical power through digital infrastructure. Though his idea of the algorithmic gaze 

originally comes from military and surveillance technologies. However, similar ways of “seeing” 

can also be found in modern generative AI systems, which use algorithms to interpret and 

reproduce the world through data. 

 

Graham's insight was that digital systems mapping platforms, searching algorithms, and 

recommendation engines are not neutral in what they make visible and what they render invisible: 

they reproduce the hierarchies of the social and economic systems from which they emerge. 

Applied to text-to-image AI, this meant treating the system's outputs not as random generations 

but as structured choices about what Ghana and Sweden look like, and about the relationships each 

occupies to modernity and cultural prestige. This idea is very important for understanding AI-

generated images. In this study, AI outputs were not treated as random creations. Instead, they 

were understood as meaningful representations shaped by the data and cultural patterns the system 

learned from. 

 

The second important idea used in this framework came from Kotliar’s (2020) concept of data 

orientalism. This concept explains how digital technologies and data-driven systems continue to 

reproduce the same kinds of unequal representations described by Edward Said in Orientalism. 

According to Kotliar, colonial ways of seeing the world did not disappear in the digital age. 

Instead, they became built into data systems and algorithms. He described this process as the 

“datafication” of the colonial gaze. What Said (1978) identified in the scholarly texts and literary 

works of the 19th century, and what Lutz and Collins identified in the photographic conventions 

of 20th-century magazine journalism, Kotliar identified in the data architectures of 21st-century 

digital systems. The Algorithmic Gaze, as applied in this study, synthesized these three analytical 
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levels: Said's discourse analysis, Lutz and Collins's (1993) visual pattern analysis, and Kotliar's 

digital critique into a single framework for reading AI-generated images as the latest instantiation 

of a colonial representational system that has migrated across technological generations. 

 

In practical terms, this framework directed the analysis to attend to six visual dimensions in the 

AI-generated images: spatial representation (how physical environments were depicted and what 

they suggested about each country's relationship to order, planning, and development); cultural 

signifiers (what objects, dress, and architectural details marked the image as culturally specific); 

human activity (whether depicted subjects were positioned as agents or as objects of observation); 

aesthetic treatment (what choices of color, rendering style, and production quality encoded about 

each country's cultural value); the modernity-tradition axis (whether the image coded its subject 

as contemporary or historical, modern or pre-modern); and narrative framing (the overall implied 

meaning of the image as a cultural text). Each of these dimensions was a site at which the 

Algorithmic Gaze either reproduced or departed from the colonial representational patterns 

identified by Said (1978), Lutz and Collins (1993), and the contemporary AI bias studies reviewed 

in sections 2.1 to 2.3. 

The Algorithmic Gaze framework helped this study go beyond a simple technical explanation of 

AI bias. It did not only ask whether Ghana and Sweden were represented differently in the images. 

Instead, it asked a deeper question: why and how those differences participated in longer histories 

of visual power, and what the AI's representational choices revealed about whose visual culture 

dominates the systems that are now generating images for global audiences at unprecedented scale. 

Because AI image generators operate at a very large global scale, these representational choices 

matter a lot. They help shape how different cultures are visually understood in everyday digital 

life. (Barve et al., 2026) 
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Chapter 3 

METHODOLOGY 

3.1 Overview 

This chapter explains how the study was designed and carried out. It also demonstrates the study's 

methodological design, explaining how the dataset of AI-generated images was produced, why 

Visual Discourse Analysis was selected as the analytical framework, and how this was applied to 

the images. 

Questions about the Algorithmic Gaze, cultural bias, and representation cannot be fully answered 

using numbers alone. These issues are not only about how often something appears but about 

meaning, context, and interpretation. For that reason, the images in this study were treated as visual 

texts. This means they were analyzed in the same way one might analyze a piece of writing. 

Attention was given to details, implied meanings, and the wider historical and theoretical 

background behind the images. The study focused specifically on how AI-generated images 
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represent Ghana and Sweden. The goal was to identify patterns of cultural bias and to explore 

whether older, postcolonial ways of representing the world still appear in AI-generated visuals. 

It was also grounded in an interpretive perspective that views visual output as socially constructed 

rather than a neutral reflection of reality.  This perspective fits with postcolonial theory, which 

argues that representation is always influenced by historical power relations. In other words, how 

cultures are shown in images is connected to past and present inequalities in power and knowledge. 

 

3.2 Visual Discourse Analysis 

The main method used is Visual Discourse Analysis VDA. This is a qualitative approach that 

examines how image production emerges, and how this meaning extends to broader power 

dynamics. It also looks at how patterns in images convey ideological knowledge. (Rose. 2023; 

Hall 1997). This method is derived from the tradition of critical discourse analysis CDA ; treating 

image not only as aesthetic tool but as cultural texts that sustain social and political meaning coined 

by their means of production and reception. A significant assumption of VDA is that representation 

is never neutral; images actively create rather than reflect reality. This made the method especially 

appropriate for examining AI-generated imagery, where representational choices are 

algorithmically encoded from historically situated training data. 

 

In this study, the images collected were not analyzed as technical outputs; rather, the representation 

shaped the training data, influencing the algorithmic systems. The contents of the images; what 

they include or exclude, what they highlight or ignore. All of these can reflect hidden ideas about 

culture, knowledge, and values. By analyzing images as discourse, the study could determine how 

meaning is created through visual representation. This method enabled investigation of whether 

AI systems reproduce older, postcolonial ways of representing different cultures. 

 

The method has already been successful in recent research studies on AI-generated images. 

Putland et al. (2023) used Stable Diffusion, an AI image-generation system, to analyze 171 
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dementia-related images. The method used was multimodal critical discourse analysis. Their study 

is evident in the fact that AI-generated images can be treated not just as pictures but as discourse. 

Wang et al. (2025) employed VDA to analyze breast cancer awareness AI-generated advertising 

images. Their study reveals that cultural bias in the training data heavily influenced the outputs 

produced. This affected how bodies, health, and identity were visually represented.   Kaneti (2023) 

used a paired-prompt design. In this approach, only one element of the prompt is changed, while 

the rest remains the same. This allows researchers to isolate the effect of that single change. This 

design is very similar to the method used in this study, which changed only identity-related 

variables to compare results across contexts. 

However, the relationship between these precedents and the method is important to clarify Rose's 

(2023) VDA framework was the method; Putland et al. (2023), Wang et al. (2025), and Kaneti 

(2023) were evidence that this kind of approach had been productively applied to AI-generated 

images in other domains. 

 

3.3 Research Design 

A qualitative comparative approach was used. Images of Ghana and Sweden were generated by 

Midjourney Version 7 using the same prompt except for the country name, everything else 

remained the same. This allowed comparison of how AI represented each country under the same 

conditions. According to Rose (2023), discourse analysis is best suited to those interested in 

meaning (what it communicates), representation (how it communicates), and power (what social 

or cultural ideas it reinforces). It is also appropriate for questions that require interpretive reading 

rather than statistical measurement. 

The research questions of this study, how the Algorithmic Gaze operates through differential visual 

construction, what visual hierarchies are produced, and to what extent AI representations 

reproduce existing cultural stereotypes, are precisely this kind of question. These kinds of 

questions cannot be answered simply by counting features or measuring frequencies. They require 

close interpretation of the images' meanings and construction. The qualitative focus of this study 

was therefore not a limitation but a methodological fit with its theoretical aims.  It allows the 

researcher to focus on deeper issues, meaning, representation, and power. 
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3.4 Platform Selection: Midjourney Version 7 

All images are generated from Midjourney version 7, a commercial text to image AI system. There 

are two main reasons for choosing Midjourney in this study. 

The first being its social importance and widespread use among researchers. The platform had 

generated over one billion images by 2023 and had over 16 million active users on its discord 

platform. Heath (2023). Looking at the magnitude of images produced, this can strongly influence 

how cultures, countries and people are perceived. There have been several studies in medical and 

clinical contexts that compared Midjourney with other widely used AI systems such as DALL-E 

and Stable Diffusion. These studies examined whether AI generated images accurately depicted 

diversity found in areas such as surgery, intensive care, anesthesiology and medical imaging. 

Researchers such as Gisselbaek (2024), Shaari et al. (2025), Currie et al. (2024), Wiegand et al. 

(2025), and Ali et al. (2023) found consistent biases in the images generated.  

Researchers, including Zhou et al. (2024), Lan et al. (2025), Wang et al. (2024), and Barve et al. 

(2025) employed Midjourney in their studies examining occupational stereotypes and social bias. 

These studies also grouped Midjourney with other major AI systems, such as DALL-E and Stable 

Diffusion, due to its popularity and influence. 

mj7 has been used in studies of cultural and gendered representation, including work on east asian 

women Lan et al 2025) , psychiatric diagnoses (Flathers et al 2024. Together, this growing body 

of research shows that Midjourney is not just another AI tool but a high-impact platform whose 

representational patterns are repeatedly analyzed as a symbol of modern text-to-image AI. 

 

Kaneti (2023) further supports this choice in her study, which compared AI-generated images 

produced by DALL-E, Craiyon, and Midjourney and found equivalent results across all three 

platforms. She found that across the three platforms, the results were very similar and often 

difficult to distinguish. This was an important finding because it suggested that the representational 

biases identified in the images were not unique to one specific platform.  This suggests that the 
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problem is not unique to this system but reflects broader patterns in the datasets from which these 

systems learn. 

The other reason for selecting Midjourney was its public accessibility. Though earlier versions of 

the platform primarily operated through Discord, it now allows users to easily generate images by 

entering prompts directly in its web interface. This interface is similar to those of other 

conversational AI systems, such as ChatGPT and Gemini. All the images analyzed in this study 

were generated through this web interface using Midjourney Version 7. 

Midjourney is known to not publicly disclose its training datasets. However, it does not affect the 

approach used here. Rose's (2023) VDA framework focuses on what images show and how they 

show it, not on how they are technically produced. This study was concerned with the ideological 

content encoded in MJ7's outputs, which is fully accessible through the images themselves. 

3.5 Prompt Design and Rationale 

The dataset was produced from four matched prompt themes: family, busy street, market, and 

office. The selection of these four themes was not random. Each was chosen because it represents 

a domain of everyday life whose visual representation in Western media has historically been 

shaped by the stereotypes of Africa identified in the literature review, and each therefore provided 

an opportunity to examine directly whether the AI reproduces those stereotypes in its default 

outputs. 

The family prompt was selected because representations of African domestic life in Western media 

have consistently been shaped by the stereotypes of poverty, material inadequacy, and exotic 

cultural difference identified by Wainaina (2005) and Lutz and Collins (1993). Images of everyday 

African domestic life, the ordinary home, the contemporary interior, and the middle-class family 

have been systematically absent from Western visual media. Instead, they are replaced by 

representations of hardship and cultural exoticism. The busy street was selected because ideas 

about African urban disorder are common in Western visual media, as identified by Hall (1997) 

and reproduced in the BBC coverage analyzed by Baah-Acheamfour and Lamptey-George (2024), 

and is most directly activated in representations of urban public space. This made the busy street 

crucial for examining whether stereotypes about urban development and social order. The market 

prompt was selected because outdoor informal markets are among the most common visual 
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signifiers of African pre-modernity and economic underdevelopment in Western documentary and 

journalistic photography.  The office workplace prompt was selected because the professional and 

economic life of African societies is among the most systematically invisible dimensions of 

Western media representation: the stereotype of Africa as economically deprived and 

technologically underdeveloped is most directly testable through images of professional 

environments, where the presence or absence of contemporary technology and institutional design 

communicates assumptions about economic development with particular clarity. 

Taken together, these prompts were selected to focus on the everyday lives of Ghanaians, 

challenging the Western media's simplistic representations. For this reason, the prompts were kept 

simple and unchanged. No extra instructions were added. The only variable that changed was the 

country's name. The aim was to figure out what the AI does when left unguided toward a specific 

output. In other words, the study was concerned with what AI does when left to rely on its own 

learned understanding of the world. It is in these unguided responses that the algorithmic Gaze 

becomes most clearly visible. 

 

 

3.6 Image Generation and Dataset Composition 

All images were generated in a single controlled session using Midjourney version 7, ensuring 

consistency of platform version and interface settings across the entire dataset. For each prompt, 

Midjourney produced four images simultaneously, which is the platform's standard output. All 

four images generated per prompt were retained for analysis, yielding a total of 32 images: four 

images per theme, across four themes, across two countries (4 × 4 × 2 = 32). 

In Rose (2023), the VDA framework requires examining patterns across multiple images rather 

than focusing on a single image. It means paying attention to what stays constant across images as 

well as what changes. In Midjourney, when a prompt is entered, four images are generated. The 

decision to keep all four images generated for each prompt was significant for the analysis. When 

all four images are analyzed together, the similarities between them become important. If certain 

features recur across all four outputs, this suggests they are not random but rather reflect patterns 
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in the AI system. These patterns can be understood as part of the system, a default way of 

representing the world. At the same time, the differences examined across the images are also 

significant, as they show how the AI can interpret the same prompt. It reveals the system's 

flexibility and the various visual possibilities it can generate. Analyzing the similarities and the 

differences provides a clearer understanding than examining a single image would. 

This method follows Putland et al. (2023), who also generated multiple AI images using different 

diffusion samplers. Their study treated consistency across images as evidence that there are deeper 

underlying representational patterns in the system. 

 

Following Rose's (2016) guidance on the careful organization of visual data, all 32 images were 

catalogued before analysis began. Each image had a unique identifier. This tag indicated three 

things ; the country, the prompt and the image position (01, 02). For example, GH-FAM-01 

through GH-FAM-04 for the four Ghanaian family images, and SE-MKT-01 through SE-MKT-

04 for the four Swedish market images. The metadata for each image was recorded. This included 

the exact prompt used to generate the image, the date and the model version MJ7. 

According to Rose (2016) this type of cataloguing is not merely an administrative task but part of 

the analysis itself. By systematically documenting the datasets, this ensured  the researcher 

engaged closely with each image from the beginning of the process. This helped to reduce the risk 

of overlooking significant details. Because of this, any analytical claim can be traced back to the 

specific visual sample. 

 

3.7 Analytical Framework: Rose's Visual Discourse Analysis 

The images were analyzed using the Visual Discourse Analysis framework developed by Rose 

(2023). She describes VDA as a method for reading images as constituents of discourse, drawing 

on Foucault's understanding of discourse as a set of statements, images, practices, and forms of 

knowledge that together produce truths about the world and particular ways of seeing it. From this 

perspective, images are not a true reflection of the world. They consciously construct reality by 
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shaping how we see and interpret it. This occurs through a series choice which includes how people 

and places are positioned, the setting, the visual style depicted and what cultural meanings are 

being communicated. Visual Discourse Analysis asks of any image or body of images: what 

discourses are at work here? What versions of reality do these images produce, and what do they 

exclude? Whose ways of seeing do they normalize, and whose do they marginalize? 

Visual Discourse Analysis was used in the study to treat all images not as neutral representations, 

but as cultural texts. Each image carries meaning and assumptions about identity, modernity, visual 

style, and social organization. The study examines what becomes visible when we examine these 

images, rather than whether Ghana or Sweden is intentionally represented by the system. The main 

interest was in the repeated patterns throughout the images generated. Analyzing these patterns in 

the images suggested that the system is not randomly produce these outputs but rather operates in 

a certain way to present different places. This data was compiled from a broader discourse that 

constructs Ghana and Sweden in particular ways, based on the training systems used, which are 

also shaped by historical data. 

 

Rose specifies that visual analysis can attend to three sites of meaning-making: the site of 

production, the site of the image itself, and the site of audiencing. This study focused primarily on 

the site of the image, its compositional and visual properties, which Rose identifies as the 

appropriate site where the research interest lies in the visual content and discursive meanings of 

images themselves. The site of production is addressed in sections 3.3-3.6, which explain how and 

under what conditions the images were generated. The site of audiencing, how viewers respond to 

and use the images, was not addressed in this study, which is acknowledged as a limitation. 

Her analysis also emphasized that VDA does not focus solely on what is depicted in an image; it 

also attends to what is not shown. These include what is left out or ignored. The absences are not 

neutral. They are just as significant as what the image shows. When certain elements are 

consistently excluded from images, it can reveal important information about the underlying 

something-something of the system that produced them. So, in other words, what is not shown 

tells as much as what is shown. So in this study, the main idea was to analyze the images of Ghana 

and also look out for the absence, the repeated absence of modern environments, technology, and 

everyday life, was not treated as accidental. It was rather interpreted as a meaningful pattern. The 
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absence of these features or elements was analyzed alongside the features that were visible, 

because, together, they reveal how Ghana has been visually constructed by the AI system. 

To further this analysis, the study applied Rose’s framework across six key visual dimensions. The 

first was a spatial presentation, which examined the environment shown and what it suggested 

about order, space, development, and infrastructure. The second was cultural signs, which 

examined visual markers such as clothing, buildings, and objects that signal cultural identity. The 

third was human activity. It focused on how the subjects were shown, whether they were active or 

passive. The fourth was the aesthetic treatment, which considered the visual style, minor and major 

details, and image quality. The fifth was the modernity-tradition axis, which analyzed the image 

presence, whether it was in the modern or contemporary or traditional or pre-modern. This looks 

at modernity and tradition, how they are placed, and in what era the images were created. The sixth 

was narrative framing, which examines the image's overall implied meaning as a cultural 

presentation. These dimensions directed attention to the specific sites at which the Algorithmic 

Gaze either reproduced or departed from the colonial representational patterns identified in 

Chapter 2. 

3.8 Analytical Process 

The analysis proceeded in two stages, following the two-tier movement from description to 

discourse identification that is central to Rose's (2016) VDA framework and confirmed as 

appropriate for AI image analysis by Putland et al. (2023). 

The image analysis in this study was carried out in two stages. Following the two-step process of 

moving from a detailed description to broader interpretation is central to Rose's visual discourse 

analysis framework.  This approach is also supported by Putin et al. (2023), who found that this 

framework is effective for analyzing AI-generated images. In the first stage, each of the 32 images 

was analyzed individually. Every image was carefully described and recorded based on its main 

visual features. These included the space, its arrangement, the symbols and cultural objects, and 

the sense of time the image suggested. For example, the analysis considered if the scene looked 

modern, organized, traditional, informal, historical, or contemporary. In this stage, a detailed 

record of each image was made. It ensured that the analysis was presented in clear, visual evidence 

rather than general impressions or assumptions. In other words, each claim, each analytical claim 
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in the study, could be traced back to the specific features in specific images. The second stage 

involved compiling notes from the entire data set. The goal in this stage was to identify patterns 

that recurred across multiple images and across different prompt categories. Following Rose's 

2016 analysis, the analysis focused on two things. It looked at what was consistently present across 

the images. These constantly repeated patterns show the AI's dominance or the default way of 

describing or representing each country. It also looked at what was consistently excluded. The 

missing elements are equally significant because they also reveal aspects that are real for these 

countries, but the AI system does not represent them. (Putland et al., 2023). Together, these 

patterns were interpreted as discourse, structured ways of constructing Ghana and Sweden that 

reflect the fundamental assumptions in the system. 

The interpretation of these patterns as discourses was grounded in the theoretical framework 

developed in Chapter 2, drawing on Said's (1978) Orientalism, the Algorithmic Gaze as theorized 

by Graham (2006) and Kotliar (2020), Lutz and Collins's (1993) analysis of Western photographic 

conventions, and Hall's (1997) theorization of the spectacle of the Other. These frameworks 

provided the conceptual vocabulary for naming the discourse the images reproduced and for 

situating them within the historical and political conditions of their production. 

3.9 Scope, Limitations and Positionality 

The dataset used in this study was intentionally limited in scale in order to allow for a detailed 

qualitative analysis. The main aim of the study was not to draw generalized statistical conclusions 

about AI systems or all possible prompts. Instead, the goal of the study was to provide a 

theoretically informed and empirically grounded interpretation of the representational patterns in 

Midjourney version 7 for this specific set of prompts and Country comparison. All the material 

examined in the study was AI-generated images.  However, these images do not represent Sweden 

or Ghana as objective realities. Rather, they reflect the data set used to train the AI system, the 

associations it learned, and the underlying assumptions built into the AI model. For this reason, 

the study focused not on whether the images were factually accurate, but on the kinds of meanings 

they communicated and represented through their production or reproduction.  
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Another limitation concerns the possible influence of the user or researcher's interaction history 

on the output that Midjourney produced. The platform may partially shape generated images based 

on the researchers' prior activities in this area of study. Because the user or researcher has 

previously interacted with other similar AI systems to generate outputs, their information may 

have been transferred to mid-January via cookies that may have influenced some of the outputs. 

This, in turn, introduces a level of technical uncertainty that cannot be fully controlled within the 

scope of this research. So, if the researcher has given permission for their data to be shared between 

AI systems, there may be a slight compromise in the search or prompt output. The limitation is 

that Midjourney does not publicly disclose its training data, unlike other open-source AI systems. 

For this reason, it is not possible for researchers to investigate or access the dataset used to train 

the model, which would provide deeper insight into the system's underlying assumptions and 

mechanisms. Rules 2016 also emphasized that reflexivity is an important part of visual discourse 

analysis. From this perspective, interpretations are never neutral. Every analysis is shaped by the 

researcher's experiences, perspective, and position. Whatever a researcher notices, considers 

important, or interprets as meaningful is influenced by their own. social and cultural location. 

This study was conducted from the perspective of a Ghanaian student studying in Sweden. The 

positionality provided familiarity with both cultural backgrounds and enabled a more in-depth 

interpretation of the differences between AI-generated representations and the lived realities of 

both countries. 

This perspective is important because it helped make certain representational inaccuracies or 

distortions more visible. It also revealed the complexity and diverse way of life in both Ghana and 

Sweden, which made it easy. to identify and recognize when the AI relied on very narrow 

stereotypes or simplified racial assumptions. Instead of treating this positionality as a bias that 

needs to be removed, the study understood it as a rhetorical and methodological resource.  
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CHAPTER 4 

ANALYSIS 

4.1 Introduction to the Analysis 

This chapter presents the findings of the Visual Discourse Analysis conducted on the 32 AI-

generated images comprising the dataset. The images were produced using Midjourney version 7 

across four matched prompt categories: family, busy street, market, and office workplace, applied 

identically to Ghana and Sweden. Following the two-stage analytical process described in the 

methodology, each image was first read individually for its visual properties, and the observations 

were then examined across the full dataset to identify recurring patterns that could be named and 

theorized as discourses. 

The analysis is organized thematically rather than by prompt category or country. This decision 

reflects the nature of the findings: the most significant patterns occur consistently across all four 

prompt categories, indicating that they are systematic features of the AI's representational logic 

rather than artifacts of any single prompt. Organizing the analysis by theme makes it possible to 

present these cross-cutting patterns as the coherent discourses they are, and to compare how Ghana 

and Sweden are constructed across different representational domains. 
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Three major themes were derived from the analysis of the data set. The first theme focused on 

temporality and historical identity. This theme examined how the AI visually presented Ghana and 

Sweden in relation to time. The result was that both countries were often represented in historical 

and traditional styles rather than fully contemporary ones. The meanings, however, varied widely 

across countries. In the Swedish images, historical elements were often associated with prestige, 

culture, and heritage. In contrast, historical or traditional imagery in Ghanaian images was more 

often linked to ideas of underdevelopment and to a distance from modernity. This reveals how the 

AI systems attached ideological meanings to the past depending on the country being represented. 

The second theme focuses on space and order. This theme examined public environments and the 

construction of physical space. Ghanaian spaces were frequently depicted as crowded, informal, 

and busy, with little clear organization. The streets and markets often appeared congested and 

improvised. The Swedish spaces, on the other hand, were more commonly shown as clean, 

carefully planned, and architecturally sophisticated.   

Last but not least, the third theme focused on work, agency, and the economic structure. This theme 

explored the workplace, professional life, and how labor was represented in these images. The 

analysis in this theme examined whether people were shown as active or passive, with agency. It 

also examined how technology and workplace environments were visually coded. The 

representations revealed how AI imagined professional life and economic modernity in Ghana as 

compared to Sweden. 

Finally, rather than treating aesthetics as a separate theme, it was understood to encompass all 

three themes, including lighting, image detail, image quality, and the overall visual style. These 

aesthetic choices were very important because they showed how these countries were valued 

visually. Therefore, the question of visual quality and style was considered throughout the analysis 

as evidence of a broader discourse. 

 

Each theme is analyzed in terms of what was consistently present in the images, following Rose's 

(2023) emphasis on identifying dominant discourses, and what was systematically absent, 

following Rose's equally important insistence that exclusions are as discursively meaningful as 

inclusions. Findings are contextualized throughout in relation to the postcolonial theoretical 
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framework developed in Chapter 2, particularly the Algorithmic Gaze, Kotliar (2020), Said's 

(1978) Orientalism, and the stereotypes of Africa documented by Hall (1997), Lutz and Collins 

(1993), and Wainaina (2005). 

Image references use the following coding system: the country is indicated by GH (Ghana) or SE 

(Sweden); the prompt category by FAM (family), STR (busy street), MKT (market), or OFF 

(office workplace); and the image number within the prompt's output set by a two-digit suffix. 

 

4.2 THEME 1: TEMPORALITY AND THE CONSTRUCTION OF HISTORICAL 

IDENTITY 

One of the most consistent and important patterns in the dataset is that both Ghana and Sweden 

are shown in historical settings instead of modern ones. Neither country is shown as it is in 2026; 

both are placed in the past. However, the reason and meaning behind this time shift are very 

different for the two countries. This difference, rather than a simple modern versus traditional 

contrast, is exactly how the time-related story is told in the dataset, and it is a strong example of 

the Algorithmic Gaze in action. 

Prompt entered ‘a Swedish Family’ 

 

SE-FAM-01                                       SE-FAM-02 
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SE-FAM-03                                           SE-FAM-04 

 Figure 1: Midjourney outputs for the prompt "A Swedish family" 

4.2.1 Dominant Discourse: Sweden as Prestigious Heritage 

All four images from SE-FAM-01 to SE-FAM-04 are arranged in a formal portrait composition 

with ornate, gold-trimmed decorative elements, rich architectural design in the background of SE-

FAM-04. A consistent pattern emerges across all four images in how temporality and historical 

identity are constructed. Although the images vary in medium, color, and stylistic rendering, they 

all position Swedish family life within a certain historical visual framework rather than 

contemporary settings. The inclusion of a dog in SE-FAM-01 reinforces the representation of the 

Western pet-friendly household, reflecting cultural associations between domestic life and pet 

ownership. 

 One of these things we can feature across the dataset is the use of formal portrait composition, in 

which the father is often centrally positioned, and the other family members are arranged in a 

structured hierarchical formation around him. This compositional logic remains the same across 

all four images, regardless of whether the image is an oil painting or a black-and-white photograph. 

And there is also consistency in aesthetic elements, including historical elements such as 

Victorian-inspired clothing, stage posing, and interior and architectural backgrounds that reference 

earlier European visual traditions. Even in the black-and-white image, the formal structure and 

visual treatment reinforce a historical rather than contemporary framing. 
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These images also feature recurring patterns that can be understood through the concepts of the 

algorithmic gaze. We describe how AI systems produce visual outputs by learning from large-

scale training data. Taken together, the images suggest that the AI consistently constructs Swedish 

family life through a temporal lens of the past. Sweden is not represented as a contemporary society 

in this output; instead, it is historically framed in a cultural space associated with tradition, 

formality, and visual markers of prestige. By eliminating contemporary technology, the images 

strip away identifiers of modern global life glorifying the past associated with it. 

 

The main point is not just that Sweden is shown as part of the past, but how that past is shown. 

The oil-painting style gives the scene the authority of fine art, a tradition Western culture has long 

used to honor its history and present it as important. Details like careful planning, how people are 

positioned, rich interiors, and grand buildings all make Sweden’s past look respected rather than 

old-fashioned. This fits into what Lutz and Collins (1993) call a visual tradition that shows 

European history as both beautiful and worth remembering, presenting European heritage as a 

lasting cultural achievement rather than something old. 

 

It is also important to note that the Swedish images, though presented as historically Swedish, do 

not clearly depict anything that is specifically Swedish. The buildings, clothing, and style could 

just as well represent Germany, Britain, or the Netherlands. This loss of national details in favor 

of a general European identity is itself meaningful. This suggests that the AI’s training data sees 

Sweden as part of a wider European tradition, rather than as a distinct national culture. National 

differences are mixed into a shared history of Western modern life and meaning. 

Prompt entered ‘a Ghanaian Family’ 
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GH_FAM-01                                         GH-FAM-02 

 

GH-FAM-03                                  GH-FAM-04 

Figure 2: Midjourney outputs for the prompt "A Ghanaian family" 

4.2.2 Dominant Discourse: Ghana as Arrested Development 

In the Ghanaian family images, all the images are distinct from one another in how they are 

represented. GH-FAM-01 is depicted in a highly colorful painted style, showing the family, with 

each individual wearing a distinct patterned garment in different colors. Two female figures are 

dressed in patterned garments, with the male figure and children wearing shirts and trousers. A 

dog is also present in the frame. GH-FAM-02 depicts a family consisting of a man, two older 

women, and a child, standing in front of a weathered wall with peeling paint, highlighting 

deterioration. This composition shows an extended family structure. However, GH-FAM-03 is 

depicted in a formal setting similar to the Swedish family images but without highlighting any 

traditional ornaments, expensive-looking decoration or architectural design. The image presents a 
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family arranged in a portrait style, with the subjects wearing patterned clothing and arranged in a 

structured composition against an empty background. A dog is also included in this scene, and the 

clothing resembles a general Western African formal style. The presence of dogs in GH_FAM-01  

and GH_FAM-013   reflects the AI’s tendency to reproduce Westernized ideas of family life. 

However, this depiction does not fully align with common representations of Ghanaian society, 

where pet ownership is generally less central to domestic identity. The last image, GH-FAM-04 

shows a family group, consisting of a father, two other women, and two children, in a staged pose. 

This arrangement suggests an extended or multi-generational family structure in a simple and 

minimally detailed environment.  

The Ghanaian images are also historically coded, but the ideological content of that coding is 

structurally different. Across all four Ghanaian family images, the AI produced representations in 

which the setting, rather than the subjects, carries the primary analytical weight. The subjects 

appear in warm, culturally rich contexts, wearing traditional Ankara and Kente-adjacent fabrics 

that signal cultural identity with confidence. The surroundings in which they are shown vary from 

simplified to minimally detailed to materially constrained. In GH-FAM-02, and GH-FAM-04, the 

backgrounds advertise peeling walls and unadorned spaces. Nothing seems to be arranged or put 

together, which visually foregrounds material conditions rather than infrastructural and 

architectural development. In GH-FAM-01 and GH-FAM-03, while more visually styled, they still 

rely on relatively generic, simplified backgrounds that do not strongly place their scenes within 

identifiable urban or institutional contexts. Another very recurring part of the feature is the 

presence of extended, almost generational, family structures, particularly in GH-FAM-02 and GH-

FAM-04, where elderly women are included alongside parents and children.  

These family groups show two social realities that are common, important, and normal in Ghanaian 

society: the extended family home, where several generations or family branches live together and 

share responsibility for children, and polygamous families, which are culturally accepted in some 

Ghanaian traditions and many African and other societies worldwide. Neither of these family types 

is unusual or unacceptable in their cultural setting. The inclusion of animals also contributes to the 

domestic framing of family, which is also not a common element in Ghanaian homes although this 

element is not consistently extracted across images. Taken together, these images show that the 

Ghanaian family structure is not represented through architectural prestige, heritage, or modern 

infrastructure, but rather through interpersonal relations, clothing, and social proximity. 
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This is a temporal logic that the algorithmic gaze applies to Ghana, not as prestigious as the 

European oil portrait. But what Fabian (1983) claims is the ‘denial of coevalness’, that is, the 

refusal to present non-Western subjects as existing in the same historical time as the Western 

observer. In this narrative, Ghana is not positioned as having a Ghanaian subject or as being within 

a particular historical past valued or celebrated, but rather within a condition of arrested 

development, a present visually constructed to resemble the past from which progress has not fully 

emerged. This interpretation is directly connected to the stereotype identified in the literature 

review, which represents Africa as ahistorical, as if the continent lacks its own meaningful history 

prior to the colonial encounter and equates the continent's development trajectory with that of the 

colonizer. Unlike the Swedish images, which put Sweden within a period that can mean heritage 

or aesthetics. Instead, the image is constructed within a generalized condition of pre-modernity, 

timeless, not in the sense of continuity or endurance, but in the sense of being stagnant and stuck 

outside their linear progress. 

 

 

What matters most in the analysis is not that these family structures appear in the images, but how 

they are presented visually. Unlike the Swedish family, which is consistently depicted as a clearly 

organized, visually legible nuclear family structure in the formal setting, Ghanaian families lack a 

similar stable visual hierarchy. Looking at the images, a few compositional cues indicating social 

roles, authority, and family organization, as well as the spatial arrangements, do not immediately 

reveal relational structures that are easily recognizable within  

 dominant Western visual conventions. 

As a result, the family arrangements that are socially normal and  cultural values within the 

Ghanaian society may appear quite unfamiliar to viewers who are not already familiar with those 

cultural dynamics. Rather than being presented in the same or similar setup as the Swedish family, 

the Ghanaian family is often filmed as culturally specific, requiring interpretation or explanation. 

This formed part of a much broader representational pattern in which Ghana’s social life is 

constructed as very culturally distinct, while today's social life is presented as the universal end 

state. Hall (1997) identified this as a central operation of the spectacle of the other, in which non-
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Western subjects are viewed as culturally distinct in need of decoding, while the Western subjects 

are positioned as the norm against which all other social arrangements are measured. 

The AI reproduces this logic not through intentional choice, but through a series of visual 

grammars learned from the data it was trained on, which is also shaped by dominant Western 

representational values. The system appears able to represent the Swedish family without readers, 

natural within the dominant visual culture, while, in contrast, there is not the same for the Ghanaian 

family with the same degree of visual confidence and cultural specificity, suggesting that such 

representations are less embedded within the visual assumptions the training data has. 

 

The same temporal pattern is represented in the market images. All four Swedish market images 

represented Sweden through a historical European setting rather than the present. This represents 

a historical representation, however, with highly detailed, culturally rich, and visually prestigious. 

The Swedish market images feature many older versions of European market squares and historical 

town environments, cobblestone streets, baroque-style buildings, winter markets, harbor trading 

ports, and period clothing. These images are based on research to resemble scenes from historical 

books, paintings, fantasy illustrations, or even historical films. They present Sweden as beautiful, 

culturally valuable, and worthy of admiration. 

 

Prompt applied: "A Swedish market" 
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SE-MKT-01                                     SE-MKT-02 

 

SE-MKT-03                                     SE-MKT-04 

For example, SE-MKT-01, showing the detailed angled view of a cobblestone town, surrounded 

by a baroque-style building, street market stalls, and a very decorative-looking fountain. Same 

goes to SE-MKT-02 which resembled an 18th-century Scandinavian with snow-covered rooftops. 

SE-MKT-03 looks like a shot from the sky and its featured with the touch of 3D architectural style, 

featuring stone buildings, lamp posts, and horse-drawn carts. And finally, SE-MKT-0 4 featured a 

very realistic harbor marketplace inspired by 18th-century coastal trading ports, including barrels, 

wooden barrels, sailing ships, and figures dressed in historical clothing. None of the Swedish 

market images represented the modern marketplace of 2026, yet this absence of modernity still did 

not position Sweden as underdeveloped or outdated. Instead, the historical framing carried a much 

more positive meaning. The image conveyed the ideas of tradition, education, and heritage. In 

other words, the historical culture of Sweden is suggested as a more preserved and much-

celebrated past. 

The Swedish images consistently invoke the conventions of Northern European fine art and civic 

architecture, genres that carry the institutional weight of centuries of European cultural production 

and that position Sweden as a participant in the shared heritage of Western civilization. This aligns 

with what Lutz and Collins (1993) say about how Western media portray European history as 

visually important and worth remembering. Oil paintings hold a respected status in fine art, serving 

as a way for Western culture to keep its memory alive and honor the past. 

Prompt applied: "A Ghanaian market"  
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GH-MKT-01                                    GH-MKT-02 

 

GH-MKT-03                                 GH-MKT-04 

Figure 4: Midjourney outputs for the prompt "A Ghanaian market" 

The Ghanaian market image operated very differently and was very contrasted from the Swedish 

marketplace. Although the images of the Ghanaian market also relied on traditional imagery, they 

lacked the same historical depth and cultural prestige. The scenes often included thatched roofs, 

sandy or paved ground, woven baskets, and informal outdoor spaces. The images did not suggest 

or evoke the historical period, nor did they reference any identifiable, near-historical tradition. 

They however depicted an aspect of the Ghanaian marketplace with the open concept of item being 

displayed which is a common thing in the Ghanaian context. GH-MKT-01 to GH-MKT-03 have 

the idea of the open concept but the architectural design in each image are far beyond what is to 

be expected. In the last image GH-MKT-04, the subjects in the image have been miniaturized and 

captured from a bird-view angle making it into something that is to be observed from afar.  Instead, 

the Ghanaian market appeared timeless in a different state. It was neither historically rich nor 

historically defined. The visual elements could belong to almost any imagined African city, unlike 
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the Swedish image, which connected tradition to heritage and architectural beauty. The Ghanaian 

images connected tradition to a lack of development and a simple way of life, as well as 

informality. This contrast is significant because it shows how the AI has attached different 

meanings to the past depending on which country is being represented. Sweden's history is 

aestheticized and celebrated, while the Ghanaian traditional imagery is generalized into this 

contextualized representation of Africa. 

 

This is exactly how the ethnographic gaze works, as explained by Lutz and Collins (1993): the 

non-Western subject is shown as an object to be watched from afar, interesting because it is 

different, and easy to understand because it has been simplified. The Algorithmic Gaze, in this 

picture, does not just show Ghana as underdeveloped; it shows it as a spectacle. 

 

4.2.3 Invisible Discourse: Contemporary Ghana and the Absent Present 

What is entirely excluded from the Ghanaian images is any consistent representation of 

contemporary Ghanaian life that is not filtered through the codes of informality, poverty, or 

cultural exoticism. There are no images of Ghanaian families situated in a clearly contemporary 

domestic interior, a market that is commercial or permanent commercial infrastructure, such as 

digital payment systems or formal retail architecture in the street, scenes depicting regulated traffic 

systems, sophisticated urban architectural design, or any identifiable contemporary element. 

However, it is important to note that the Swedish images are also not presented in contemporary 

Sweden. Instead, they are placed in, displaced from, and consistently represented through 

historical European settings. The Swedish family and market images  are positioned within a 

visually enriched 19th-century context. The key in this context is not the present or absence of 

modernity, but how the power displacement was structured and what meanings it produced in each 

case. In the Swedish dataset, even though modernity is absent, it is replaced by a historical, 

aestheticized past and a spatially coherent, culturally detailed present. 

This historical framing presents Sweden as refined and as a society with a heritage. In contrast, the 

Ghana dataset does not place the present within a similarly historical narrative. Instead, it presents 
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Ghana on a more temporary and precarious premise, making it look timeless. It doesn't depict the 

past or the present. There is no way to pinpoint when these pictures were taken, even though some 

of the clothing patterns are distinct; some of the men in the pictures were also wearing shirts and 

trousers. 

As Hall (1997) argues, such absences are not neutral. What is not shown is as important as what 

is made visible. This aligns with Wanaina (2005) and Baah-Acheamfour and Lamptey-George 

(2024), who also emphasize that Africa is often portrayed by the West as lacking. The development 

here comes from the West and modern ideas, focusing on today's complex and everyday city life. 

So this result is not just a lack of modern representation, but a clear visual difference in how time 

is shown. 

 

 

4.3 THEME 2: SPACE, ORDER AND THE AESTHETICS OF CHAOS VERSUS 

CONTROL 

The second main topic in the dataset is how the AI created public spaces in Ghana and Sweden. In 

the busy street and market prompt images, the AI used opposite but very consistent ways of 

arranging space for the two countries. This consistency across eight images and two types of 

prompts is important because it shows that the way space is coded is a regular pattern of the 

Algorithmic Gaze, not just a result of any specific prompt. 

4.3.1 Dominant Discourse: Ghanaian Space as Overflow and Disorder 

 

GH-STR-01                      GH-STR-02 
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GH-STR-03                     GH-STR-04 

Figure 5: Midjourney outputs for the prompt "A Ghanaian busy street" 

In all four Ghanaian busy street images, the AI system constructs urban spaces with a clear visual 

logic of over cloudiness and density, with many activities happening at the same time in the same 

place. There are more cars than people and spaces.  The roads shown in the images are used by 

vehicles, pedestrians, and street vendors. There is no clear distinction or separation between traffic 

lanes, walking areas, or market spaces. The goods displayed by the sellers are either in baskets, 

buckets, or on open surfaces. Every image is full of details: there is no empty or neat space, and 

no area serves just one purpose. Different types of cars, such as minibuses and vehicles, do not 

have clear defined lanes or structured traffic regulations. Overhead, electrical wires are exposed at 

the field's intersection, running between low-rise buildings covered with handwritten signboards. 

Across all the images, spatial organization has been characterized as congested rather than 

separated, zoned, or ordered.  

A similar logic is visible in the Ghanaian market spaces. These markets are composed of informal, 

thatch-roofed spaces and informal areas on paved, sandy ground. The market image, GH-MKT-

03, uses effects like a bird's-eye view that make the scene smaller. 

What makes this important to analyze is not that these images are wrong in every detail, but that 

they are all-encompassing. The AI shows no alternative: no picture of a Ghanaian street with clear 

lane markings, no market with permanent buildings and an organized layout, no city scene that 

shows planning and design. The stereotype identified in the literature review, that Africa is a place 

of disorder and ungoverned urban excess, is reproduced not through any single image but through 

the systematic exclusion of any alternative. As Hall (1997) argues, the representational power of 

stereotypes lies not in their individual instances but in their persistence across an entire body of 

images: it is the absence of counter-representations that makes the stereotype function as truth. 
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The way these images look supports the idea of space they show. The colors depicted in all the 

Ghanaian street and market pictures are mostly warm, natural, and rich tones like ochre, terracotta, 

golden yellows, and faded blues and reds from old painted surfaces. These warm colors make the 

environment feel natural, simple, and pre-modern, showing a place shaped by people’s creativity 

and real materials rather than planned buildings. The style of the images changes significantly 

across the eight pictures, moving from very realistic to cartoon-like to a small-model effect. This 

difference, as explained in the method, indicates that there is no clear, dominant visual style for 

Ghanaian public spaces in the AI’s training data. Ghana is shown with some uncertainty because 

it is not well represented in the image collection the AI learned from. 

 

Another important aspect of the dominant discourse becomes evident when the specific details in 

Ghanaian street images are compared with the realities of Ghanaian urban transport. Across the 

images, yellow public transport vehicles can be repeatedly seen in both the foreground and the 

middle areas of the composition. Yellow taxis and yellow minibuses are consistently shown as a 

major element of the commute landscape. 

However, this detail is not strongly associated with the Ghanaian transport system. In reality, 

Ghana's urban transport culture centers on ‘trotros’, shared minibuses that are an important part of 

everyday transportation in cities such as Accra and Kumasi. They do not follow a nationally 

standardized yellow color system. They come in various colors: yellow, white, green, and blue. 

By contrast, yellow public transport vehicles are more strongly associated with countries such as 

Nigeria, particularly Lagos, where yellow is widely recognized as the official color of many public 

transport vehicles. This distinction is only slightly important because it suggests that the AI is not 

representing Ghana specifically but instead draws on a broader, simplified visual idea of what an 

African city or country is supposed to look like than what it actually looks like, and this, in turn, 

lies in the training data.  

The system appears to merge visual elements from different African countries into a single 

representation, generalizing what is African or what Ghana should look like. Distinct national 

transport cultures, architectural details, and urban identities become flattened into a single visual 

grammar. of African urban informality. This is very important as it reveals the creation of the 

algorithm gaze. 
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The issue is not only stereotyping, but also an erasure of what a specific visual culture of Ghana 

should look like. Its actual streets, transport system, vehicles, and urban theatres become largely 

absent from the AI representation. In its place, the AI produces a composite image of an imagined 

African city. That is what an African city is supposed to look like. That could belong to almost 

anywhere on the continent. The generated image is a reflection, not detailed cultural knowledge, 

but a vague, generalized set of associations formed from uneven training data that are historically 

shaped. In this sense, the AI does not appear to know what a specifically Ghanaian street should 

look like. Instead, it reproduces broader stereotypes of what an African street is supposed to look 

like, and it applies these stereotypes indiscriminately across. 

 

And this is made very clear in the Ghana Street 03 image. The image is depicted in an illustrated 

style that resembles the diagrammatic textbook on an old educational poster rather than a 

photographic or contemporary digital representation of space. There are no modern vehicles 

depicted; instead, the buses and minivans have a box-like shape in bright primary colors that reflect 

older visual styles of short sports, suggesting an earlier historical period rather than the present. 

Across all four images, the cars depicted are of a type that have no visible signs of modern vehicles, 

such as saloon cars, SUVs, or trucks, or any of the vehicle types commonly used in present-day 

Ghana or Accra. This absence is important because it's not just a visual choice but also a temporal 

marker, placing the country in a pre-modern or pre-contemporary state, in the past, with no 

development. Taken together, this reinforces the idea of underdevelopment that was identified in 

the first theme; arrested development. Ghanaian urban life is consistently depicted as belonging to 

a past without economic progress, a city stagnant in an earlier technological moment, while the 

modern vehicles that fill contemporary Accra's streets remain entirely outside the AI's visual 

imagination of Ghana. 

 

 

4.3.2 Dominant Discourse: Swedish Space as Order and Civic Prestige 
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SE-STR-01                              SE-STR-02 

 

SE-STR-03                             SE-STR-04 

Figure 6: Midjourney outputs for the prompt "A Swedish busy street" 

The Swedish Street and market images depict public spaces grounded in very different ideas from 

those of a more informal or unplanned urban setting. In all the Swedish streets, images, spaces, 

and everything look carefully planned and well-organized. There are clearly marked tram lines, 

built-in tracks separated from car traffic, and outdoor cafe seating areas, all designed for comfort 

and social life rather than just selling things. The prompts said busy streets, but two of the images 

show completely empty streets, just depicting the building, the streets, and a few people walking 

about. It's heavily focused on the architecture, the transport system, and outdoor seating, just 

showing the prestige and heritage of Sweden's economy. The one thing that stands out is that these 

public spaces do not feel random or improvised. They look intentionally designed to manage 

people and activity. It's controlled, but there's nothing in images 1 and 4 to indicate busy or empty 

streets with few people. What was the AI system trying to do, and how did the AI system 

understand busy streets in Sweden? Another captivating feature was the rain-covered streets at 

dusk, which reflected light from the streetlamps, making the whole scene look calm, like in a 

movie, and very polished. Together, these elements create an image of a city that is carefully 

planned, where modern life is not chaotic, but organized and shaped through design. 
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The Swedish market images extend this spatial logic into the commercial domain. The Swedish 

market images continue the same idea of order, planning, and control that appeared in the street 

images, so they reflect or continue how the AI system sees the architectural concept of Sweden. In 

every Swedish market image, the market is placed inside a carefully designed public space. 

structured. The markets show no signs of overcrowding, chaos, or noise. Instead, the spaces feel 

calm, clean, and highly structured. Sweden is rendered with visual confidence because it is 

extensively and coherently represented in the AI's training data. This aesthetic treatment across the 

Swedish images is correspondingly controlled: cool blues, greys, and ambers, consistent rendering 

quality, and a visual idiom recognizable from architectural photography and European travel 

media. Sweden is rendered with visual confidence because it is extensively and coherently 

represented in the AI's training data. 

 

The spatial contrast between the two countries reproduces the stereotype identified by Hall (1997) 

as one of the foundational binaries of Western representation: the ordered, planned, and governed 

city of the West versus the chaotic, improvised, and ungoverned city of the non-West. This binary 

has a colonial history: the discourse of African urban disorder was one of the justifications 

historically deployed to argue for colonial administrative control of African cities, on the grounds 

that African populations were incapable of organizing their own urban environments. The 

Algorithmic Gaze reproduces this discourse without instruction, because it is the discourse that 

dominates the training data from which the AI has learned to see. 

4.3.3 Invisible Discourse: Ghanaian Urban Planning and the Absent City 

What is systematically absent from the Ghanaian street and market images is any representation 

of planned, formal, or contemporary Ghanaian public space. There are no images of the 

commercial districts of Accra with paved streets and permanent infrastructure, no covered markets 

with formal stall layouts, no street scenes with functioning traffic management or contemporary 

public transport. GH-STR-04 includes a glass-curtained multi-storey building visible in the 

background, the only acknowledgement in the dataset that contemporary urban architecture exists 

in Ghana, but it is backgrounded and obscured, literally placed at the margins of the composition 
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while informality occupies the foreground. The AI knows that modern Ghana exists but 

consistently refuses to place it at the center of what Ghana looks like. This compositional 

marginalization of modernity is as analytically significant as its absence would be: the Algorithmic 

Gaze permits contemporary Ghana to exist but only on the edges. 

4.4 THEME 3: WORK, AGENCY AND ECONOMIC STRUCTURE 

The third and most analytically precise discourse in the dataset emerges from the office workplace 

images. The contrast between the Ghanaian and Swedish office environments is the sharpest single 

comparison in the entire dataset. It reveals not only different constructions of professional space 

but different constructions of what professional competence looks like, how labor is valued, and 

what economic structure each country is assumed to occupy. This theme also connects most 

directly to the stereotype of Africa as economically underdeveloped and resource-deprived, which 

the literature review identified as one of the dominant constructions of African life in Western 

visual culture. 

4.4.1 Dominant Discourse: Ghana as Visible Effort and Material Inadequacy 

Prompt applied ‘a Ghanaian office place’ 

 

GH-OFF-01                            GH-OFF-02 
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GH-OFF-03                           GH-OFF-04 

Figure 7: Midjourney outputs for the prompt "A Ghanaian office workplace" 

Across all four Ghanaian office images, professional work is portrayed as very physical, visible, 

and tied to material constraints. In these scenes, “working” does not feel smooth or digital. Instead, 

it feels heavy, manual, and dependent on objects like paper, machines, and worn-out furniture. 

One of the clearest examples is GH-OFF-01. In this image, a man sits alone at a wooden desk 

under a single overhead light, in a room filled with paper notices, documents, and pinned images 

on the walls. What stands out is how poorly the space is organized for actual work. The typewriter 

is not placed near the person. If he wanted to use it properly, he would need to physically get up 

and move across the room. This small detail is important because it suggests that the workspace is 

not designed for efficiency or comfort. Instead, it feels improvised and not centered around the 

user. There is also no computer, which makes the space feel even more disconnected from modern 

office life. 

Instead of digital tools, the room contains older technologies, such as a mechanical printer from 

an earlier period. Because of this, the space does not just feel “old-fashioned” : it feels like it 

belongs to a different era entirely, where modern digital systems have not yet arrived. 

GH-OFF-02 continues this idea but in a different way. It shows an empty office, with signs of 

work scattered everywhere: tall stacks of paper, maps, and handwritten notices covering the walls. 

The technology displayed here is an old CRT monitor among these materials, and the floor itself 

looks worn, with cracked, stained tiles. Here, work is shown through physical clutter and 

accumulated paperwork. It feels like productivity builds up in objects rather than in systems. 
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GH-OFF-03 is slightly more organized, but it still carries the same sense of limitation. The room 

has barred windows, faded or aging paint, and a patterned wooden chair instead of standard office 

furniture. The desk is again filled with paper files rather than digital tools and lacks space. Even 

though the space is tidier, it still feels constrained and lacks modern infrastructure. 

 

Across all these images, the overall message is consistent: Ghanaian professional environments 

are represented through visible labor, physical objects, inadequacy, and outdated or limited 

technology. Instead of showing smooth, modern, and system-based work, the AI shows work as 

something that must be physically done and visibly accumulated in space. This is the opposite of 

the Swedish office images, where organized space, modern technology, and the lack of physical 

presence communicate competency. This is the visual grammar of manual rather than intellectual 

work, physical rather than designed productivity. 

4.4.2 Dominant Discourse: Swedish Space as Invisible Competence and Class Privilege 

Prompt applied ‘a Swedish office’ 

 

 

SE-OFF-01                     SE-OFF-02               SE-OFF-03                    SE-OFF-04 

Figure 8: Midjourney outputs for the prompt "A Swedish office workplace" 

The four Swedish office images operate through the opposite logic. SE-OFF-01 shows an open-

plan workspace with wide-format monitors on sleek wooden desks, ergonomic mesh-backed 

chairs, concealed cable management, industrial track lighting, and lush indoor plants used as 

architectural features. There are no workers. SE-OFF-02 shows a similar environment: rows of 
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multiple-monitor workstations, black pendant lamps suspended at identical heights, a living plant 

wall covering the back partition, and a flat-screen display on the wall. No human presence to 

signify competency. SE-OFF-03 is the same with human occupation, books and papers on shelves, 

a computer on the desk, and the warm intellectual disorder of a scholar's workspace, framed by a 

large window overlooking a Swedish city's historic architecture. SE-OFF-04 is the most formal 

executive: a large dark-wood desk, leather-and-chrome chairs, wall-to-wall bookshelves with 

uniformly bound volumes, and a world map on the wall. 

In the Swedish professional environment, the designed quality of the space communicates 

competence without the need for human presence. It is characterized by structured plant life, 

multiple screens, and concealed cables, signaling an institution where work is so well organized. 

All these are strategically situated so that they do not require visible effort to be legible and 

productive. Where the Ghanaian worker must be present to demonstrate that work is happening, 

the Swedish office demonstrates work through its absence of visible labor. 

This distinction carries a clear class dimension. The Swedish professional environments 

consistently code their absent or implied occupants as middle to upper-middle class: the quality of 

the furniture, the design of the space, and the cultural signifiers present, notably the bookshelf in 

SE-OFF-03 and the world map in SE-OFF-04, all position the Swedish professional as an 

intellectual knowledge worker of significant institutional standing. In Ghanaian professional 

environments, even when workers are visible, their surroundings position them as belonging to a 

lower economic register: the institutional furniture, the outdated equipment, and the material 

inadequacy of the space all code the Ghanaian worker as occupying a more constrained economic 

position. This class juxtaposition is constructed cumulatively across the dataset, reproducing one 

of the most persistent stereotypes identified in the literature review: Africa as poor and structurally 

subordinate to Western economies. 

Hall (1997) identifies this as the colonial construction of intellectual versus manual labor: Western 

professional activity is systematically coded as designed, systematic, and invisible, encoded in 

institutional infrastructure rather than demonstrated through bodies, while non-Western 

professional activity is physical, individualized, and visible. The Algorithmic Gaze reproduces this 

distinction with precision. It did so without any explicit instruction: the prompt was simply "office 

workplace." The distinction between invisible Swedish competence and visible Ghanaian effort is 
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what the AI has learned a professional space looks like in each country, learned from training data 

shaped by the same colonial representational history that constructed these hierarchies in the first 

place. 

4.4.3 Invisible Discourse: Ghanaian Professional Modernity and Economic Complexity 

In the representation of Ghana, what is missing from the images is just as important as what is 

being shown.  None of the images represent the modern professional environments that exist in 

many Ghanaian cities today. There are no glass office buildings in Accra’s business districts, no 

modern technology equipment or advanced contemporary interior design, but congested and 

inadequate workspaces. 

This absence does not mean these spaces do not exist. This suggests that the AI system has not 

learned enough about contemporary visual aspects of Ghanaian professional life to represent it 

confidently. The AI keeps returning to the same visual pattern of material limitation, outdated 

technology, and improvised office environments because those are the kinds of images that appear 

more strongly in its training data. 

This connects closely to the argument made by Wainaina (2005), who explains that African 

professional and institutional life is often invisible in Western media. Africa is frequently shown 

through images of crisis, poverty, conflict, or informality, while the everyday realities of African 

professionals, businesses, universities, and modern institutions are rarely represented. 

As a result, the AI system has learned an incomplete visual story about Ghana. It has learned to 

associate Ghana more strongly with struggle and underdevelopment than with modern professional 

or institutional life. This is because the system has been trained on a generic dataset about Africa 

in general, which, in turn, tries to create a narrative for Ghana. 

The automatic instability of the Ghanaian contemporary space is in coherence with the Algorithmic 

Gaze. Only a part of the Ghanaian reality is exhibited in the production of the images, not the full 

reality. In doing so, the AI systems create a narrow, skewed picture of Ghanaian professional life, 

where modernity, economic complexity, and institutional development are pushed to the margins 

and made almost invisible. 
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4.5 Synthesis: The Algorithmic Gaze as a System 

When all three themes are brought together, they do not appear as separate findings. Instead, they 

work together as parts of one larger representational system. The ideas of arrested development, 

spatial disorder versus civic order, and visible labor versus invisible competence all create the 

same overall contrast that was explored between the two countries. 

Across the images, Ghana is repeatedly represented as pre-modern, improvised, overcrowded, and 

materially limited. Sweden, in contrast, is represented as historically prestigious, organized, 

modern, and professionally sophisticated. These differences are not accidental or caused by one 

specific image. They appear repeatedly across the entire dataset of 32 images, across all four 

prompt categories, and across different representational areas such as family life, public space, 

markets, and workplaces. 

It is important to note that this consistency is neither random nor due to a glitch in the AI system. 

Instead, they reflect deeper visual defaults that the AI system has learned from its training data. 

The repeated nature of the representations shows that the AI has internalized stable ways of 

visually organizing Ghana and Sweden. 

This emphasizes the concepts of the Algorithmic Gaze and Data Orientalism. According to this 

idea, AI systems do not simply generate neutral images. They also reproduce cultural assumptions 

and power structures that already exist within the visual data they were trained on. 

In this study, the Algorithmic Gaze does not simply show Ghana and Sweden differently. It creates 

a hierarchy between them. the hierarchy of time, space, and economic and professional life. 

The first is the hierarchy of time, which was observed in the temporal placement of both 

countries. Sweden is connected to a prestigious and celebrated historical past, while Ghana is 

linked to underdevelopment and delayed modernity. 

Second is the hierarchy of space. Swedish cities are represented as orderly, spacious, and 

carefully planned, while Ghanaian cities are shown as crowded, informal, and chaotic. 

Then there is a hierarchy of economic and professional life. Swedish professionals are 

represented through invisible competence, modern systems, and institutional design, while 

Ghanaian professionals are represented through visible physical effort, outdated technology, and 

material struggle. 
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Importantly, these hierarchies are not new. They are the same representational patterns that 

Western visual culture has repeated for decades through colonial photography, documentaries, 

travel media, educational materials, and journalism. Scholars such as Said (1978), Lutz and Collins 

(1993), Hall (1997), and Wainaina (2005) have shown how Western media historically represented 

Africa through ideas of poverty, disorder, timelessness, and underdevelopment. 

What has changed today is the scale and speed at which these representations can now spread. AI 

systems automatically and instantly reproduce these visual hierarchies. Every time a person types 

prompts such as “a Ghanaian family” or “a Swedish office” into Midjourney, the Algorithmic Gaze 

becomes active. The AI then draws from the historical visual archive it has learned from and turns 

those older representational patterns into the default visual reality of the present digital age. 

 

 

 

 

 

 

 

CHAPTER 5 

DISCUSSION 

5.1 Introduction 

This chapter discusses the findings presented in the analysis in relation to the three research 

questions that motivated this study. It connects the visual patterns identified across the 32 AI-

generated images to the theoretical framework of the Algorithmic Gaze and to the stereotypes of 

Africa and the Global South documented in the literature review. It also reflects on what the 

findings reveal about the relationship between AI training data, colonial visual history, and the 
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reproduction of representational hierarchies in contemporary digital culture. Where the analysis 

presented what was found in the images, this chapter addresses what those findings mean: what 

they tell us about how AI systems construct cultural knowledge, whose visual cultures they are 

trained to recognize with confidence, and what the consequences of those asymmetries are for the 

peoples and places being represented. 

 

5.2 Research Question 1: How Does the Algorithmic Gaze Operate in Text-to-Image AI 

Systems to Construct Ghanaian and Swedish Realities Differently? 

This chapter discusses the findings from the analysis in relation to the three research questions that 

motivated the study. It connects the visual aspect of identifying question two AI-generated images 

to the theoretical framework of the algorithmic gaze and to stereotypes of Ghana, Africa, and the 

global South, as recommended in the literature review. It also reflects on what the findings reveal 

about the relationship between colonial visual history, reproduction of representational hierarchies, 

and AI training data in contemporary digital culture. 

This chapter also addresses what those findings actually mean or what they stand for; what they 

tell us about the AI system's construction of cultural knowledge, which visual cultures or elements 

it is trained to recognize with confidence, and what some of the consequences of those asymmetries 

are for the people and places being represented. 

The first research question asks how the Algorithmic Gaze operates in practice, meaning not 

simply how it produces images of Ghana and Sweden, but through what specific visual lens those 

differences are produced and what ideological knowledge is embedded in them. 

The analysis revealed that the Algorithmic Gaze operated through three interlocking mechanisms, 

each corresponding to one of the three analytical themes. The first mechanism was temporal 

displacement. The AI consistently placed both countries in a historical visual lens, but the 

historical visual lens it registered for each country was ideologically opposite. For Sweden, the 

historical result was one of cultural prestige and artistic achievement, which were also encoded 

through the convention of European oil portraits, Baroque-style buildings, and civic architecture. 

For Ghana, the historical and political state was one of developmental inadequacy, encoded in 

outdated technology, weathered paint, crumbling infrastructure, tropical plants, and material 
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conditions that cast the present as apart from which progress has not arrived; hence the arrested 

development concept. The algorithmic gaze operated here by activating different cultural pasts for 

each country. For Sweden, a memory of commemoration and for Ghana, a condition of stagnation. 

This condition is not just visual, but epistemological. It determines what each country stands for, 

what is understood to be known, what is understood to have been achieved, and what each country 

is capable of. 

The second mechanism was spatial coding. The AI applied different spatial grammars to the 

Ghanaian and Swedish public environments in the generated images. Colonial streets and markets 

were consistently constructed as spaces where activity exceeded infrastructure, where there was 

overflow in the circulation of the routes, chaos, and informal arrangements as the system for the 

country's environment. 

Swedish street images were designed to be orderly and architecturally prestigious environments, 

where civic planning is the norm rather than incapable of containing it. The Algorithmic Gaze 

operated here by encoding spatial order as a Western attribute, and then spatial informality as an 

African one. This is rooted in colonial administrative discourse about the supposed ungovernability 

of African cities. One particular point noted in the analysis is geographical inaccuracy. The yellow 

vehicles that were consistently seen in Ghanaian street scenes are more strongly associated with 

Nigerian urban transport than with Ghanaian traditional ‘trotros’. The AI does not specifically 

represent Ghana. In this case, it represents a composite visual idea of what an African city is 

supposed to look like, drawing on visual conventions from its training data from across the 

continent without geographical discrimination. This merging reduction of distinct national cultures 

into a single undifferentiated African visual grammar is, in itself, a form of the algorithmic gaze. 

It places Africa as a homogeneous space rather than a continent of distinct and special national 

cultures, reproducing the same presentational logic without being unique to a particular country. 

 

The third mechanism was the differential construction of labor and economic structure. Ghanaian 

professional environments were consistently constructed through visible effort, physical presence, 

and material inadequacy. This is why the Ghanaian office images feature many objects, such as 

paperwork, post-it notes, files, desks filled with items, and workers actively at work. In contrast, 
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the Swedish professional environments' images communicated professionalism and competence 

through designed space and the absence of visible labor. The invisibility of labor in Swedish office 

images signifies technological advancement and automation, where competence is assumed.  The 

Algorithmic Gaze operated here by encoding Ghanaian work as something that must be 

demonstrated as physical human activity and materials, and Swedish work as something 

communicated solely through institutional design. This distinction, as Hall (1997) argues, is one 

of the foundational ideological operations of colonial representation: the construction of non-

Western labor as physical and manual, and Western labor as intellectual and systematized. In the 

‘busy street’ prompt, Sweden was placed in the present with modern vehicles, whereas Ghana was 

not. The absence of modern vehicles in Ghanaian street images, together with the presence of 

typewriters and CRT monitors in Ghanaian office images, both of which operate within the same 

temporal and economic logic: Ghana is depicted as belonging to a technological past, while 

Sweden is depicted as occupying a sophisticated present. 

 

Taken together, these consistencies constitute a system of representation rather than a set of 

incidental differences. It is evident that the datasets used to train the system were already embedded 

with this hierarchical imbalance of the Other. The Algorithmic Gaze does not produce a neutral 

variation between Ghana and Sweden- it actively constructs a visual judgment about what each 

country is supposed to look like and where it is situated in a global context of hierarchy. This is 

consistent with Graham's (2006) argument that computational systems determine the visibility and 

cultural value of people and places. 

 

 

5.3 Research Question 2: What Visual Hierarchies Are Produced Through AI's Differential 

Treatment of Ghanaian and Swedish Contexts? 

The second research question asked what visual hierarchies the AI's differential treatment 

produces. The analysis identified four interlocking hierarchies, each operating through one or more 

of the visual dimensions examined. 
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. 

 

The second question asks what spatial hierarchies the AI differential treatment produces. The 

analysis identifies four interlocking hierarchies. The first is a hierarchy of time. Sweden is 

positioned in a prestigious historical past that presents European cultural heritage as the pinnacle 

of civilization. Ghana is positioned in a present presented in shambles, a developmental past, a 

condition of arrested development, in which the temporal markers of modernity are consistently 

invisible or excluded. This pattern is consistent across all four prompt categories, from the family 

portrait to the market scenes, to the street images, to the office environment. All this demonstrates 

that the term urban displacement is not a feature of any prompt, but a default system in the AI in 

constructing Ghana as a cultural category. The second is the hierarchy of space. Planned, ordered, 

formal, and architecturally prestigious space is what is consistently present in Sweden, while 

informal, congested, and improvised space is consistently associated with Ghana. Civic 

achievement or civic order is portrayed as a Western achievement, while spatial disorder is 

portrayed as an African condition. This is reinforced by the finding that Ghanaian streets are not 

even accurately depicted in Ghana, as they show yellow vehicles that are more associated with the 

Nigerian transport system. The AI has revealed that it does not have a confidence template for 

Ghanaian urban life. It instead produces a generic African urban disorder that merges with 

convergences across the continent, confirming that the AI does not know Ghana but represents 

Ghana through a broad, undifferentiated stereotype of African urban life. This pattern itself is a 

hierarchy. Sweden is shown with national specificity, while in historical precision, Ghana is 

depicted through a generalization of the African continent. 

The third is a hierarchy of economic and professional life. This is most sharply visible in the office 

images, where the Swedish professional environment communicates competence through design 

and the Ghanaian professional environment requires visible labour to communicate any 

competence at all. This hierarchy also carries a class dimension that the analysis identified as 

significant: the Swedish professional environments consistently code their implied occupants as 

middle to upper-middle class through the quality and design of their spaces, while the Ghanaian 

professional environments position their visible workers in a more constrained economic register 

through institutional furniture, outdated technology, and material inadequacy. The AI reproduces 
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a class hierarchy between the two countries that is never stated but is consistently constructed 

through the visual grammar of each professional environment. This connects to what Baah-

Acheamfour and Lamptey-George (2024) identify in Western journalistic coverage of Africa: the 

systematic absence of representations of African middle-class and professional life, leaving 

audiences with no visual vocabulary for African economic complexity and competence. 

The fourth is the hierarchy of visual knowledge. How consistently and confidently the AI visually 

represents each country across different image styles. A cross of four broad categories, Sweden is 

rendered with artistic consistency and visual authority, which exhibits a dense and coherent 

presence in the AI training data. Ghana, however, is represented in a much less stable way. The 

visual style shifts between photorealism, illustration, folk-art-like rendering, oil painting 

aesthetics, simplified or miniaturized scenes, and even cartoon-like depiction. The artistic 

instability, including the presence of vehicles from earlier decades and the absence of any 

contemporary technology in the street scenes, shows that Ghana's training data is not on this path 

but skewed toward older documentary and educational imagery. In terms of representing Ghana, 

the AI system is not drawing on a contemporary visual lens because those representations are not 

sufficiently present in this training data. It is only presenting what it has learned from older 

photographic and documentary archives that use the visual conventions of mid-20th-century 

development photography to present Ghana and Africa. 

 

5.4 Research Question 3: To What Extent Do AI-Generated Representations of Ghana and 

Sweden Reproduce Existing Cultural Stereotypes? 

The third research question asked to what extent the AI's representations reproduce the cultural 

stereotypes of the Global South and the Global North identified in the literature review. The 

answer, based on the analysis, is that the reproduction is substantial, consistent, and specific 

enough to confirm that the AI's outputs are shaped by the same representational history that 

produced those stereotypes. 

The literature review identified three dominant stereotypes of Africa in Western visual culture: 

Africa as a place of political crisis and disorder, Africa as a place of poverty and material 
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underdevelopment, and Africa as a place of exotic cultural difference, timeless, pre-modern, and 

fascinating because of its distance from Western modernity. All three were reproduced consistently 

across the Ghanaian images. 

The stereotype of disorder was reproduced in every Ghanaian street and market image through 

congested roads, informal vendors, absence of lane discipline, and improvised commercial 

infrastructure. It was reinforced by the geographic inaccuracy of the yellow vehicles, which reveals 

that the AI's visual grammar of African urban disorder is not based on specific knowledge of Ghana 

but on a generic and stereotypical image of African streets drawn from a training corpus that does 

not distinguish carefully between different African national contexts. The stereotype of material 

underdevelopment was reproduced in every Ghanaian office image through manual typewriters, 

CRT monitors, crumbling walls, and barred windows. It was further reinforced by the total absence 

of modern vehicles in the street images: the Ghanaian city is depicted as technologically frozen in 

an earlier decade. The stereotype of exotic cultural difference was reproduced in the family images 

through the consistent emphasis on traditional dress, the warm earthy colour palettes, and the 

family compositions that depicted extended household or polygamous structures without the 

contextual framing that would make them readable as normal and valued cultural practices rather 

than exotic aberrations. 

What makes this reproduction particularly analytically powerful is its relationship to geographic 

specificity, or the lack of it. The yellow vehicles, the composite African street that does not 

accurately represent Ghanaian transport culture, and the textbook-style rendering of GH-STR-03 

all indicate that the AI is not representing Ghana as a specific national culture with its own distinct 

visual identity. It represents Africa as a generic category, drawing on a shared pool of stereotypical 

visual conventions that have historically been applied to the continent. This is precisely the 

representational logic Wainaina (2005) identifies: in Western media, Africa is treated as a single 

undifferentiated space, with no meaningful distinction between the specific histories, cultures, 

economies, and visual identities of its fifty-four countries. The Algorithmic Gaze inherits and 

reproduces this undifferentiation: it does not know what Ghana looks like because it has not been 

trained on images that treat Ghana as a specific and distinct visual culture. It knows what Africa 

is supposed to look like, and it produces that instead. 
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The Swedish representations tell a complementary story. The AI renders Sweden with historical 

precision and cultural confidence, producing images that consistently invoke the specific aesthetic 

conventions of Northern European artistic and architectural heritage. Yet even this confident 

rendering reveals a form of stereotyping: the Sweden the AI produces is not contemporary Sweden 

but an idealised version of European heritage that erases the actual complexity and diversity of 

present-day Swedish society, including its multicultural demographic reality and its contemporary 

urban culture. The Swedish images are as much a construction as the Ghanaian ones; they are 

simply a flattering construction rather than a diminishing one. 

 

5.5 The Algorithmic Gaze as a Structural Problem, Not a Technical Error 

One of the most important points from this study is that the patterns found are not errors that can 

be fixed by changing a few prompts or adding some images to the training data. They are part of 

systems trained on data shaped by historical power differences, and they need wide, system-level 

solutions. 

The finding that the AI conflates Ghana with a generic African visual grammar, producing yellow 

vehicles associated with Nigeria and street scenes more reminiscent of an educational textbook 

than a contemporary African city, illustrates this structural dimension clearly. The problem is not 

that the AI has one wrong image of Ghana that could be corrected. The problem is that the training 

data does not contain sufficient specific, authoritative, and diverse visual representations of Ghana 

as a distinct national culture to allow the AI to construct Ghana with the same specificity and 

confidence that it constructs Sweden. Addressing this requires not just more images but more of 

the right kinds of images: images produced by Ghanaians for Ghanaian audiences, images that 

represent everyday contemporary Ghanaian life in all its complexity, and images that are treated 

in the training corpus as authoritative representations of a specific national culture rather than as 

generic illustrations of African life. 

This connects to the bigger idea of digital colonialism from Couldry and Mejias (2019): because 

AI development is mostly controlled by Western companies, the training data these systems use is 

shaped by the same historical imbalances that have long favored Western visual cultures over 
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others. The Algorithmic Gaze is not a flaw in technology. It is a true reflection of the conditions 

where the technology was created. 

 

5.6 Relevance Beyond the Academic 

The results of this study are important for more than just academic debates about AI bias. As 

Zylinska (2023) explains, AI is changing how we view and interpret images, shaping what we 

accept as visual evidence and who is represented. As Midjourney and similar tools become the 

usual way to create images in news, advertising, education, and social media, the ways they 

represent people risk becoming the normal way we see the world online: the default pictures 

through which billions of people learn about countries, cultures, and people they have never met. 

This issue is especially important for Ghana and Africa as a whole. If the images AI uses to show 

African life keep focusing on chaos, lack of development, and being stuck in time, then these 

systems will not just copy old stereotypes: they will spread them to new audiences on a huge scale, 

making a cultural ranking seem normal that has long supported colonial control and still ignores 

the richness and modern life of African societies. The Algorithmic Gaze, in this way, is not just a 

research issue. It is a political one. 

Denial of Coevalness 

One concept that has run through all three analyses was Fabian's idea of the denial of coevalness. 

This concept was used to explain how Western colonial discourse always represented non-Western 

societies as so different and outside, existing in a historical present distinct from the West's. 

Colonized people were not treated as living in the same time as the Europeans, but instead as 

belonging to a state different from the explanation that belongs to an earlier stage of time, a stage 

we never moved past: colonialism.  

This temporality was the central focus of the discussion of colonial knowledge production. 

Western societies were always represented as economically and geographically distant while 

African societies were always represented as economically and historically behind. That is why, 

in the analysis, a hierarchy of civilization emerged in which Europeans were seen as progressive 
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and modern, while Africans' advancements, in other colonial regions, were associated with 

traditions, timeless activities, and developmental progress.  

These findings, the findings of this research, strongly reflect this knowledge. Ghana is repeatedly 

presented through visual codes that distinguish it from contemporary modernity across all the 

datasets. The office workplace, the street market, and the family were often depicted in informal 

settings, with outdated technology, ultra-displacements, or timeless visual aesthetics. Even when 

the images were not clearly historical, they lacked modernity. Even though Sweden was also 

presented symbolically, the historical coding behind its presentation was vastly different. The 

Swedish historical image was aestheticized to medieval architecture and prestigious cultural 

heritage. Civic buildings, well-painted, and environments that look historically preserved. The 

Swedish temporary spacemate signifies cultural depth and prestige, while the history in the 

Ghanaian image is taken to signify a lack of development and incomplete modernity. All this is a 

result of the AI training on the old dataset, which already has this hierarchy embedded in its 

differences. The significance of this finding extends beyond the image flow. This push for 

domination risks normalizing the idea that certain societies naturally belong to modernity, while 

others are seen as tied to informality and underdevelopment in parkour. 

 

 

 

 

 

 

 

 

 

 



62 
 

 

CHAPTER 6 

 CONCLUSION 

6.1 Summary of the Study 

This study was set up to critically assess how AI-generated images reproduce real fears or, more 

generally, challenge cultural stereotypes, with a specific focus on Midjourney version 7, an AI 

text-to-image system, and how it constructs representations of Ghana and Sweden differently. This 

was achieved through Rose's (2016) Visual Discourse Analysis framework. The framework was 

applied to a dataset of 32 images generated across four equal prompt categories. The study also 

examined what discourse the AI's output produced and what systematically withheld or ignored. 

The Algorithmic Gaze, Graham (2006) and Kotliar (2020), is grounded in Said's (1978) 

foundational critique of Orientalism. which issued the conceptual framework through which those 

discourses were interpreted in relation to the longer history of colonial visual representation. 

The study identified a gap in existing literature. There is substantial research on bias in AI systems; 

however, this research has focused on demographic aspects, such as gender, skin tone, and race. 

While the cultural and geographic dimension of AI bias in AI systems, specifically how the AI 

system constructs an entire nation or group of people or a certain culture through learned 

representation patterns, has remained significantly understudied, this study addressed this gap. A 

Comparison of two different, two distinct countries, Ghana and Sweden. One as a post-colonial 

African state, the other as a Western norm, and a fourth for domains of everyday life. Summary of 

the findings.  

6.2 Summary of Findings 

The analysis identified three dominant themes, each revealing a systematic and consistent pattern  

The first theme was concerned with temporality. Both countries were placed in historical and 

contemporary visual registers, but the ideologies behind the implications of the representations 

were distinctly opposite. Sweden, though, was consistently rendered in the past or in the historical 

moment; it was depicted in a grand manner through the conventions of 19th-century portraits, 
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European portraits, and baroque civic architecture. very prestigious and expensive-looking 

architecture, encoding it as prestigious and worthy of commemoration. Ghana was consistently 

rendered in an infrastructure environment in a timeless era where you couldn't identify the time 

period the country was in. It was represented with outdated technology, material inadequacy, and 

encoded in the present as a past for which progress had not arrived, that is, arrested development. 

The second thing that was touched upon or that was developed was space and order. Across all the 

streets and market images, applied AI with opposite grammar and spatial lenses to the two 

countries. The Ghanaian public space was consistently overcrowded, congested, informal, and 

improvised, a space where there was so much more human activity than the environment could 

contain. The Swedish public space, however, was consistently constructed as formal, ordered, 

structurally prestigious, architecturally civic design, and organizing activity, with so much space 

that, even though the prompt asked for busy streets, there was more space than people and cars in 

two of the images. This spatial difference reproduces the colonial discourse of urban disorder 

through which Western administrations have historically constructed African cities as 

ungovernable, a discourse that Hall (1997) and Lute and Collins (1993) both identify as 

foundational to Western visual representations of the non-Western world. 

 

The third and final theme concerns work, economics, and agency structures. The Ghanaian 

professional environment was consistently constructed to visible physical human presence and 

material inadequacy, while the prestige communicated competence without human visibility. Now 

the distinction reproduces a colonial construction of Western Non-Western labor as something that 

has to be proven through human labor or struggle, while Western labor is portrayed as intellectual 

and systematized. And this also revealed a consistent hierarchy difference. The environment 

shown for the Swedish images of professional spaces implied the occupants of these spaces as 

middle-class or upper-middle-class through the quality of the design in the environment, while the 

Ghanaian professional spaces were positioned as visible workers in low-class environments, with 

the depiction of the environment in the disorganized surfaces and old, outdated devices, and 

electronic equipment. The Ghanaian family orientation, which exposed extended household 

structures and situations unfamiliar to Western nuclear family norms, was framed with a context 
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that will make them readable on their own terms, emphasizing Hall's (1997) spectacle of the Other: 

the non-Western subject marked as culturally particular and requiring interpretation, while the 

Western subject remains unmarked and universal. 

 

 

In conjunction with all three themes, the analysis revealed invisible discourses: the patterns and 

elements the AI consistently failed to produce. The contemporary Ghanaian modernity and 

economic agency, including well-designed professional environments, planned urban 

infrastructure, and everyday middle-class life, were systematically absent from the dataset.  

Contemporary Swedish everyday life, including its multicultural demographic reality and ordinary 

present-day domestic culture, was similarly absent from their marketplace and family images, 

which were replaced by an idealized European historical heritage. What was absent in both 

representations was not equivalent: Ghana’s absence was a denial of its past, while Sweden’s 

absence was an idealization of its past. Both, however, were products of the same Algorithmic 

Gaze, working through asymmetrical training data to reproduce a hierarchy in which Sweden is 

eternally distinguished, and Ghana is eternally insufficient. 

 

6.3 Evaluation in Relation to Previous Research 

Kaneti's (2023) findings are consistent with this study on bias in AI image generation, which 

demonstrated that identity-coded prompts yield systematically different visual outcomes in AI 

systems. With neutral prompts free of any identity code, it generates Western domestic settings 

and migrant-coded prompts, resulting in desert landscapes and refugee environments. This study 

confirms that the comparability mechanisms operate alongside geocultural lines. The country 

alone, as the only single variable in the prompt, was significantly sufficient to activate the 

fundamentally different representational regimes in Ghana and Sweden. AI models perform better 

when encoded with Western geographic concepts, which renders non-Western locations too 

narrow and leads to more stereotypical visual vocabularies (Bianchi et al. 2023). The lack of 

cultural heritage and consistency in the portrayal of Ghana across its image datasets, which 

fluctuates between photorealism, folk art, cartoon illustration, and tilt-shift miniaturization, 
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directly supports this finding. The symbol of the visual instability of Ghana's underrepresentation 

with the training data, whilst Swedish visual consistency reflects its dominant and current presence 

in the dataset. 

Ghana is represented to some extent through concepts of the open market space and the extended 

family. But in all representations of Ghana, it is inadequately portrayed as underdeveloped, 

congested, and materially limited rather than for its cultural richness, historical identity, or 

modernity. The fact that, out of the four Ghanaian family images, only one is represented with a 

cultural identity, and even that was not remotely typical of Ghanaian culture, but rather a more 

generic representation of West African culture. 

 

Though there is existing literature that engages with the cultural and historical content of bias 

rather than its technical dimensions alone, it extends beyond that. Scholars or researchers like Tao 

et al. (2023), Bianchi et al. 2023, and Weng 2024 all document existing cultural biases that exist 

in the AI systems, but they only do so in the demography of race, gender, and class; they do not 

engage in an in-depth examination of the stereotypes or why they are politically significant. 

Grounded in the analysis of the Said (1978) postcolonial theoretical framework, Lutz and Collins 

(1993), Hall (1997), Wainaina (2005), and Fabian (1983), this study not only shows the way the 

AI represents Ghana and Sweden differently, but also what specific patterns of difference it 

produces, and that those patterns are continuous with the documentary history of colonial official 

representation of the non-Western other. The stereotypes produced, Africa's disordered, exotic, 

timeless, and temporarily arrested, are precisely the stereotypes that Western media have produced 

and which Lamptey and Baffour have also realized in their study and circulated since the colonial 

period. The algorithm is not inventing new biases. These biases are inherited through existing ones, 

and it automates them, extending the reach and normalizing the authority of the representation 

system Ghana has had in place for over a century, which has marginalized people. represented 

people because they speak on their behalf. These systems are created and controlled by the West, 

so the data they use in training datasets is already embedded with the existing cultural hierarchy 

to make the others appear as they deem fit. 
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Data Orientalism (as explained by Kotliar, 2020) is important here because this study shows how 

digital systems can repeat old colonial ways of representing the world. AI systems use ways of 

seeing different cultures that originated in colonial history. . 

 

6.4 Limitations 

The dataset in the study is relatively small. Only 32 images were analyzed from the generated AI 

system across four prompt categories using Midjourney version 7. Because of this, the finding 

showed only a response to the specific prompt from the perspective of a Ghanaian student. The 

results should not be treated as the overall complete explanation of how all AI image generation 

systems behave. If different platforms, datasets, more countries, or different prompt categories 

were used, the results might look different. 

The second limitation is that Midjourney does not publicly avail its training datasets or fully 

explain how its recommendation, personalization, or generation system works. Due to this lack of 

transparency, it is difficult to know exactly why certain visual patterns appear, particularly if the 

public or the researcher is not aware of the training data used. For this system, while the study 

reasonably connects these patterns to possible biases in the training data, this connection cannot 

be directly proven within the limits of the research. In addition, the researchers' digital activity 

may have influenced the AI system's outputs. Things like cookies, prior research, earlier image 

generation, and browsing history on other platforms could have affected how mid-generated 

images are personalized or algorithmically adapted.  Just like how the AI system learns from data, 

the AI system may have partially learned from the user's activity and adjusted its outputs over 

time. 

These technical factors could not have been controlled during the study, which creates uncertainty 

about how and where exactly the representation originated. This could be improved by using a 

more controlled experimental design and working with platforms that provide greater transparency 

in how their systems operate. 
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Finally, the study did not examine how an audience would react, respond, or interpret the results 

of the output, but rather the production of the output. In Rose’s (2016) terms, the research 

concentrated on the site of production rather than the site of audiencing. It analyzed what the AI 

produces, but not how viewers from Ghana or Sweden encounter, interpret, and respond to these 

representations. A reception study involving participants from both countries would add an 

important dimension to the analysis by exploring whether and how the representational hierarchies 

identified here are recognized or experienced by the people being depicted. 

 

 

 

6.5 Directions for Future Research 

According to the study's findings, several important directions for future use emerge. One possible 

direction is to repeat the same study using other AI generation platforms to determine whether the 

generational patterns found in this study are specific to Midjourney or common across image 

generation systems more generally. 

Another important direction will be to expand the research's geographical scope. There could be 

more countries from the global south and global north for future studies and analysis. Doing this 

will help determine whether the hierarchies identified in the studies are unique to location.. So this 

is a comparison that reflects a broader systematic pattern in how text-to-image systems visually 

represent different societies and cultures. 

Another important aspect that emerged in the study was whether the researcher's location could 

interfere with the study and its results. For example, the same researcher would run the same 

prompt in different locations, such as Sweden and Ghana, to examine whether the Algorithmic 

Gaze differs across locations. This would help explore whether AI systems are affected by 

geographical factors or regional differences in how users access them. This kind of study would 

focus on possible “geographical bias” in AI-generated outputs. 

Another dimension would be to study how these dimensions change over time. AI systems are 

constantly updated, and training datasets continue to grow as the world and companies change, 
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and companies increasingly claim to introduce methods to reduce bias and stereotypes. This can 

be done by using the same platform over several months or years to track the same prompts to 

examine whether the algorithmic changes improve or continue to reproduce the same territory. 

This will help researchers understand which technical interventions can be implemented and also 

help technological companies mitigate these biases, as well as identify any limitations that may 

remain. 

Finally, a reception study involving Ghanaian and Swedish audiences would provide essential 

evidence about how people experience the representational hierarchies in AI outputs. Future 

research should explore whether people with direct knowledge of these contexts perceive the 

images as distorted, accurate, or somewhere in between. Something this study could not address. 

 

 

6.6 Closing Reflection 

This study started with a simple observation. When the same prompt was used for two different 

countries, the resulting images looked completely different. For example, a Ghanaian family was 

shown in front of a crumbling wall, while a Swedish family appeared as if in a Victorian oil 

portrait. There were no instructions for these differences. The AI created these images on its own, 

based on what it had learned. By compressing dominant visual narratives into probability 

distributions and reproducing them at scale. 

This study argues that AI learned colonial visual hierarchy. In this system, Sweden is portrayed as 

modern, organized, and culturally significant, while Ghana is seen as traditional, informal, and 

resource poor. The AI did not create this hierarchy on its own. It inherited it from its training data, 

which was shaped by many years of Western photography and media that often showed Africa in 

terms of its problems and Europe in terms of its successes. In this way, the AI has become a careful 

student of Western visual culture, absorbing its lessons. 

This finding matters outside of academic circles. As AI-generated images become a common way 

for billions of people to see places, cultures, and people they have never met, the visual hierarchies 

built into these systems could become accepted as normal in the digital age. Because of this, the 

solution is not only about improving training data or making technical fixes. It also requires a 
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critical understanding of the historical and colonial roots of how different parts of the world have 

been visually represented, and how those histories continue to shape modern AI systems today. 

Addressing these issues requires more than simply improving training datasets or applying 

technical solutions. It requires a critical examination of the historical and colonial forces that 

shaped the visual archives from which AI systems learn. Therefore, we must ask not only what AI 

sees, but also how it learned to see, whose perspectives are prioritized in its training data, and 

whose experiences remain overlooked or misrepresented.  
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Image ID Prompt Country Spatial 

Represe

ntation  

Cultural 

Signifiers  

Aesthetic 

Treatmen

t  

Modernit

y vs 

Tradition  

Dominant 

Discourse  

GH-FAM-01 A Ghanaian 

family  

Ghana Sparse, 

unlocated 

backgrou

nd, no 

architectu

re  

Warm 

patterned 

Ankara 

fabrics, 

vibrant 

colours  

Folk-art 

oil 

painting, 

warm 

saturated 

palette  

Tradition

al, pre-

modern 

setting  

 

Exotic cultural 

difference  

GH-FAM-02 A Ghanaian 

family  

 Ghana Crumblin

g 

concrete 

wall, 

weathere

d blue 

door, 

peeling 

plaster  

Tradition

al print 

fabrics, 

worn 

children's 

clothing  

Photoreal

istic 

document

ary style, 

muted 

tones  

Present 

coded as 

past, 

developm

ental lag  

Poverty and 

material 

inadequacy  

GH-FAM-03 A Ghanaian 

family 

Ghana Plain 

dark 

studio 

backdrop, 

no 

environm

ent 

visible  

Tradition

al 

ceremoni

al dress, 

sepia tone  

Archival 

sepia 

photogra

phy, aged 

grain  

Timeless, 

pre-

modern, 

archival  

Arrested 

development, 

ahistoricism  
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GH-FAM-04 A Ghanaian 

family 

Ghana Domestic 

courtyard

, 

corrugate

d iron 

roof, bare 

earth, 

tropical 

vegetatio

n  

Patterned 

fabrics, 

informal 

domestic 

setting  

Photoreal

istic, 

warm 

naturalist

ic 

lighting  

Pre-

modern 

infrastruc

ture, 

developm

ental lag  

Poverty and 

informality  

SE-FAM-01 A Swedish 

Family 

Sweden Ornate 

interior, 

expensiv

e-looking 

wallpaper

, gold-

framed 

pictures  

Victorian

-era suits, 

lace 

dresses, 

ribboned 

bonnets 

Northern 

European 

oil 

painting, 

controlle

d palette  

19th-

century 

heritage, 

prestigio

us 

historical 

past  

European 

cultural prestige  

SE-FAM-02 A Swedish 

Family 

Sweden Richly 

decorated 

interior, 

heavy 

upholster

ed 

furniture  

Victorian 

dress, 

formal 

arrangem

ent  

Northern 

European 

oil 

painting, 

dark 

controlle

d tones  

19th-

century 

heritage, 

aristocrat

ic 

tradition  

European 

cultural prestige  

SE-FAM-03 A Swedish 

Family 

Sweden loral 

backdrop, 

ornate 

interior 

Lace and 

formal 

Victorian 

dress  

Northern 

European 

oil 

painting, 

19th-

century 

heritage, 

civilisatio

European 

cultural prestige  
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setting  detailed 

brushwor

k  

nal 

achievem

ent  

SE-FAM-04 A Swedish 

Family 

Sweden Stone 

manor 

house, 

lakeside 

setting, 

natural 

heritage 

landscape  

Early 

20th-

century 

wool 

coats, 

formal 

posture  

Black and 

white 

photogra

phy, 

archival 

grain  

Early 20th-

century heritage, 

European 

tradition  

Heritage and 

historical 

identity  

GH-STR-01 A Ghanaian 

Busy Street 

Ghana Narrow 

road, 

informal 

stalls 

spilling 

onto 

road, 

exposed 

overhead 

wires  

Old 

vehicles, 

market 

canopies, 

informal 

signage  

Photoreal

istic, 

warm 

hazy 

atmosphe

re  

No 

modern 

infrastruc

ture, pre-

modern 

transport  

Urban disorder 

and chaos  

GH-STR-02 A Ghanaian 

Busy Street 

 Gridlock

ed traffic, 

densely 

packed 

stalls, 

low-rise 

buildings  

Old cars, 

minibuse

s, 

colourful 

market 

umbrellas  

Photoreal

istic 

elevated 

view, 

warm 

earthy 

tones  

Outdated 

vehicles, 

no 

planned 

infrastruc

ture  

Urban disorder 

and chaos  
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GH-STR-03  A Ghanaian 

Busy Street 

Ghana Junction 

congestio

n, open-

fronted 

commerc

ial 

buildings  

Buses 

and 

minivans 

in bold 

primary 

colours  

Flat 

textbook 

illustratio

n style, 

diagram

matic  

No 

modern 

vehicles, 

pre-

modern 

transport  

Generic African 

urban stereotype  

GH-STR-04 A Ghanaian 

Busy Street 

Ghana Congeste

d road, 

informal 

vendors, 

modern 

building 

backgrou

nded  

Old 

yellow 

buses, 

informal 

traders  

Photoreal

istic, 

warm 

dusk haze  

Contemp

orary 

modernit

y 

marginali

sed in 

backgrou

nd  

Urban disorder, 

modernity 

invisible  

SE-STR-01  A Swedish 

Busy Street 

Sweden Wide 

boulevar

d, tram 

rails, 

domed 

civic 

buildings, 

copper 

roofs  

Tram, 

amber 

streetlam

ps, 

modern 

vehicles  

Photoreal

istic, cool 

blue and 

amber 

palette  

Contemp

orary and 

historical 

simultane

ously  

Civic order and 

European 

prestige  

SE-STR-02 A Swedish 

Busy Street 

Sweden Pedestria

nised 

street, 

19th-

century 

Café 

terraces, 

bicycle 

racks, 

orderly 

Photoreal

istic, 

bright 

natural 

light  

Heritage 

architectu

re, 

ordered 

modernit

Civic order and 

cultural prestige  
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facades, 

wide 

paved 

surfaces  

crowd  y  

SE-STR-03 A Swedish 

Busy Street 

Sweden Wide 

pedestria

n 

boulevar

d, tree 

planters, 

uniform 

stone 

buildings  

Orderly 

foot 

traffic, 

outdoor 

café 

seating  

Photoreal

istic, 

clean 

natural 

light  

Heritage 

architectu

re, 

contempo

rary order  

Civic order and 

European 

prestige  

SE-STR-04 A Swedish 

Busy Street 

Sweden Narrow 

cobblesto

ne alley, 

tall 

coloured 

buildings, 

church 

spire  

Café 

tables, 

boutique 

signage, 

historic 

stonewor

k  

Photoreal

istic, cool 

atmosphe

ric light  

Historical 

Old 

Town 

aesthetic  

Heritage and 

European 

cultural identity  

GH-MKT-01 A Ghanaian 

Marketplace 

Ghana Weathere

d wooden 

stalls, 

corrugate

d canopy, 

bare 

ground  

Hanging 

bananas, 

wicker 

baskets, 

produce 

on 

ground  

Photoreal

istic, 

muted 

cool 

tones  

Pre-

modern 

infrastruc

ture, 

informal 

economy  

Poverty and 

underdevelopme

nt  
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GH-MKT-02 A Ghanaian 

Marketplace 

Ghana Dense 

field of 

thatched 

and 

corrugate

d 

structures

, sandy 

ground  

Coloured 

umbrellas

, baskets, 

produce 

displays  

Photoreal

istic 

aerial 

view, 

warm 

earthy 

tones  

Informal, 

pre-

modern 

market 

structure  

Urban disorder 

and informality  

GH-MKT-03 A Ghanaian 

Marketplace 

Ghana Thatched

-roof 

structure, 

sandy 

ground, 

produce 

stalls  

Tiny 

figurine-

like 

people, 

wicker 

baskets  

Tilt-shift 

miniature

, shallow 

depth of 

field  

Pre-

modern, 

miniaturi

sed and 

diminishe

d  

Exotic spectacle, 

colonial gaze  

GH-MKT-04 A Ghanaian 

Marketplace 

Ghana Thatched 

conical 

roofs, 

low-rise 

white and 

blue 

buildings, 

sandy 

ground  

Crowds 

of 

figures, 

produce 

displays, 

unpaved 

ground  

Comic 

illustratio

n aerial 

view, 

warm 

tones  

Pre-

modern 

infrastruc

ture, 

informal 

economy  

Generic African 

market 

stereotype  

SE-MKT-01  A Swedish 

Marketplace 

Sweden Cobblest

one civic 

square, 

Baroque 

Striped 

market 

awnings, 

orderly 

Isometric 

illustratio

n, 

controlle

19th-

century 

heritage 

market, 

European 

heritage and 

cultural prestige  



79 
 

buildings, 

decorativ

e fountain  

stall 

layout  

d cool 

palette  

civic 

tradition  

SE-MKT-02 A Swedish 

Marketplace 

Sweden Snow-

covered 

rooftops, 

timber 

market 

stalls, 

historic 

buildings  

Dark 

overcoats

, period 

dress, 

wooden 

stalls  

Oil 

painting, 

19th-

century 

Scandina

vian style  

19th-

century 

heritage 

winter 

market  

European 

heritage and 

cultural prestige  

SE-MKT-03 A Swedish 

Marketplace 

Sweden Medieval 

European 

square, 

ornate 

stone 

facades, 

iron 

lamppost

s  

Medieval 

European 

square, 

ornate 

stone 

facades, 

iron 

lamppost

s  

3D 

architectu

ral 

isometric 

render, 

warm 

tones  

Medieval 

heritage, 

European 

civilisatio

nal depth  

European 

heritage and 

historical 

identity  

SE-MKT-04  A Swedish 

Marketplace 

Sweden Harbour-

side 

cobblesto

ne 

market, 

sailing 

vessels in 

backgrou

nd  

Wooden 

barrels, 

period 

dress, 

natural 

produce  

3D 

photoreal

istic 

render, 

warm 

harbour 

light  

18th-

century 

coastal 

trading 

heritage  

European 

heritage and 

historical 

prestige  
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GH-OFF-01  An Office 

Workplace in 

Ghana 

Ghana Sparse 

institutio

nal room, 

pink and 

teal 

walls, 

peeling 

paint  

Manual 

typewrite

r, 

handwritt

en 

notices, 

framed 

landscape

s  

Warm 

cinematic 

photoreal

ism  

Outdated 

technolog

y, pre-

digital era  

Material 

inadequacy and 

developmental 

lag  

GH-OFF-02 An Office 

Workplace in 

Ghana 

Ghana Cluttered 

room, 

papers 

stacked, 

maps 

covering 

walls, 

cracked 

tiles  

Old CRT 

monitor 

switched 

off, paper 

files, 

worn 

furniture  

Harsh 

interior 

photoreal

ism, 

shadowle

ss 

lighting  

Pre-

digital 

technolog

y, 

material 

inadequa

cy  

Visible effort 

and economic 

underdevelopme

nt  

GH-OFF-03 An Office 

Workplace in 

Ghana 

Ghana Modest 

room, 

barred 

windows, 

ageing 

paint, 

sparse 

furnishin

g  

Patterned 

drum 

stool as 

chair, 

paper 

files, 

palm 

plant  

Warm 

photoreal

ism, 

natural 

light 

through 

bars  

Outdated 

infrastruc

ture, 

limited 

resources  

Material 

inadequacy and 

informality  

GH-OFF-04  An Office 

Workplace in 

Ghana Ghanaian 

office 

Workers 

at 

Isometric 

3D 

Contemp

orary 

Modernity 

embedded in 
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Ghana workplac

eOpen-

plan 

space, 

peeling 

teal 

walls, 

terracotta 

tiles, 

vegetatio

n through 

archways  

laptops, 

tropical 

plants 

growing 

indoors  

render, 

warm 

natural 

light  

technolog

y in 

decaying 

infrastruc

ture  

material decline  

SE-OFF-01  An Office 

Workplace in 

Sweden 

Sweden Modern 

open-

plan, 

floor-to-

ceiling 

windows, 

high-rise 

city view  

Ergonom

ic chairs, 

wide-

format 

monitors, 

conceale

d cables, 

indoor 

plants  

Photoreal

istic, cool 

natural 

light  

Contemp

orary, 

fully 

modern 

workspac

e  

Invisible 

competence and 

professional 

prestige  

SE-OFF-02 An Office 

Workplace in 

Sweden 

Sweden Sleek 

open-

plan, 

light 

reflected 

through 

windows, 

living 

Multiple 

monitors, 

designer 

pendant 

lamps, 

organised 

shelving  

Photoreal

istic, cool 

controlle

d light  

Contemp

orary, 

state of 

the art 

technolog

y  

Invisible 

competence and 

professional 

prestige  
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plant wall  

SE-OFF-03 An Office 

Workplace in 

Sweden 

Sweden Personal 

office, 

large 

window 

overlooki

ng 

historic 

city 

architectu

re  

Apple 

computer

, full 

bookshel

ves, 

design 

lamp, 

organised 

desk  

Photoreal

istic, 

warm 

intellectu

al 

atmosphe

re  

Contemp

orary 

technolog

y, 

intellectu

al 

professio

nal 

identity  

Knowledge 

work and upper-

middle class 

prestig  

SE-OFF-04 An Office 

Workplace in 

Sweden 

Sweden Private 

executive 

office, no 

external 

view, 

contained 

prestige 

space  

Dark 

wood 

desk, 

leather 

chrome 

chairs, 

uniform 

binders, 

world 

map  

Photoreal

istic, 

warm 

controlle

d lighting  

Contemp

orary 

executive 

design, 

institutio

nal 

authority  

Power, class 

privilege and 

invisible 

competence  

 

 

 

Appendix A: AI-Generated Image Dataset 
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All 32 images were generated using Midjourney version 7 in a single controlled session. Images 

are organized by prompt category and country. Each image is labelled with its unique identifier as 

used throughout the analysis. 

A.1 Family 

Prompt applied: "A Ghanaian family" / "A Swedish family" 

 

 

[GH-FAM-01]                          [GH-FAM-02]           [GH-FAM-03]              [GH-FAM-04]  

Figure 2: Midjourney outputs for the prompt "A Ghanaian family" 

 

[SE-FAM-01]                        [SE-FAM-02]               [SE-FAM-03]               [SE-FAM-04]  

 Figure 1: Midjourney outputs for the prompt "A Swedish family" 

 

 

A.2 Market 
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Prompt applied: "A Ghanaian market" / "A Swedish market" 

 

[SE-MKT-01                     SE-MKT-04]               SE-MKT-04]                           SE-MKT-04]  

Figure 3: Midjourney outputs for the prompt "A Swedish market" 

 

[GH-MKT-01           GH-MKT-02]                    GH-MKT-03]          GH-MKT-04]  

Figure 4: Midjourney outputs for the prompt "A Ghanaian market" 

A.2 Busy Street 

Prompt applied: "A Ghanaian busy street" / "A Swedish busy street" 

 

[GH-STR-01              [GH-STR-02                    [GH-STR-03                     GH-STR-04] 

Figure 5: Midjourney outputs for the prompt "A Ghanaian busy street" 
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[SE-STR-01                       [SE-STR-02                     [SE-STR-03                      [SE-STR-04 

Figure 6: Midjourney outputs for the prompt "A Swedish busy street" 

 

A.4 Office Workplace 

Prompt applied: "A Ghanaian office workplace" / "A Swedish office workplace" 

 

[GH-OFF-01                  GH-OFF-02]             GH-OFF-03]               GH-OFF-04]  

Figure 7: Midjourney outputs for the prompt "A Ghanaian office workplace" 
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[SE-OFF-01                 SE-OFF-02]                   SE-OFF-03]                  SE-OFF-04]  

Figure 8: Midjourney outputs for the prompt "A Swedish office workplace" 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 


