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Abstract1 

Using Lancaster’s characteristics approach to consumer theory the study investigates the 

impact of a variety of characteristics on the rates charged for hotel rooms in Stockholm. In 

particular, it examines how a number of these characteristics explain variations in room rates 

between weekdays and weekends. Data for 105 observations (weekday sample) and 110 

observations (weekend sample) were extracted from 49 hotels in and around the Swedish 

capital of Stockholm from the Internet-based hotel booking site hotels.com. Based on semilog 

regression analysis three models for the whole sample, weekday sample and weekend sample 

were estimated. The results show that the provision of breakfast, distance from the city 

center, availability of minibar in a room, provision of free cancellation option, average room 

size, number of guest rooms (hotel size) and hotel star rating have significant effects on both 

weekday and weekend room rates. By contrast, the presence of bathroom and the provision 

of free parking space turned out to be insignificant in both models; whereas the provision of 

a 24-hour room service and association with hotel chain appear to be significant only in the 

weekday model. The impact of the star variable is also found to be more pronounced during 

the weekdays than weekends. These results are expected to shed light on which hotel 

characteristics consumers have to pay extra, and enhance hotel managers’ strategic pricing. 

The study also highlights the critical role of a proper definition and measurement of the hotel 

star rating in hedonic pricing. Many hedonic studies have regressed the number of stars, 

which are ordinal measures of quality that indicate the relative ranking of hotels, in their 

cardinal sense. As a result, they have failed to measure the impact of each rating 

independently. To solve this recurrent problem, the study attempts to provide another 

method of quantifying the star variable whereby one can accurately measure the star rating 

and capture the impact of each rating independently by creating “one less dummy variable 

than there are alternatives”. It is hoped that this will inspire further research and analysis. 
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1. INTRODUCTION 
This section briefly presents the background to the study, objectives of the study, and 

problem statement. It also highlights the approach and methodology for the study as well as 

the scope of the study, and finally sets out the structure of the thesis. 

1.1 Background to the Study 
Most hotel guests probably book a hotel not only to spend a couple of nights but also to 

experience a comfortable and pleasant stay in a restful atmosphere. As such, they do not 

subscribe to a “puritanical view” of product differentiation whereby a single commodity 

characteristic is believed to be relevant to consumer decisions and commodity variants are 

seen as “wicked tricks to trap the uninitiated into buying unwanted trimmings” (Lancaster, 

1966:150). Instead, they do recognize the multiple characteristics of hotels and weigh various 

combinations of these characteristics in reaching their decisions. Indeed, the presence or 

absence of desirable characteristics, such as central location and hotel star rating, are usually 

expected to influence hotel room rates. But since room rates are commonly presented as a 

package price, and not broken down or itemized by characteristics, how could customers 

compare important quality differences among hotels and make informed decisions? Or 

alternatively, to what extent do these hotel characteristics determine the overall room rates? 

Based on the characteristics approach to consumer theory, hedonic price technique enables 

us to deal with the formidable quality measurement challenges by identifying the implicit 

prices of utility generating hotel characteristics. Therefore, the study represents the general 

problem of quality measurement, which is common to many differentiated products. 

Hedonic price technique can be applied to analyze any differentiated product in order to 

obtain a set of implicit or “hedonic” prices based on the observed product prices and a certain 

amount of the characteristics associated with it. Previous studies have shown the application 

of this technique to numerous items such as housing, automobiles, computers, Bordeaux 

wine, and various aspects of the tourism and hospitality industry (Thrane, 2005; Thrane, 2007; 

Andersson, 2010; Chen and Rothschild, 2010). The choice of the Stockholm hotel market is 

purely based on prior application of this technique in three capital cities: the Norwegian 

capital Oslo (Thrane, 2007) whose findings may have significant implications to Stockholm 

since both are located in the same region, the Southeast Asian city-state Singapore 

(Andersson, 2010), and the Taiwanese capital Taipei (Chen and Rothschild, 2010). 



2 
 

Until very recently and to the best of my knowledge, there has not been a similar application 

of the hedonic pricing model to the Swedish hospitality industry. Halfway through this 

research, however, I discovered that Andersson (2013) has recently conducted a similar study 

on the Stockholm hotel market. Despite the apparent similarities, however, the two studies 

have important differences both in their methodologies and results. Based on some basic 

microeconomic concepts (such as marginal costs and economies of scale) as well as previous 

hedonic studies, Andersson (2013) begins his study with nineteen variables. He then proceeds 

with a two-step analysis where by a redundancy test he eliminates nine variables, estimates 

two models, and exposes them to three traditional diagnostic tests. On the other hand, 

Lancaster’s characteristics approach to consumer theory forms the theoretical foundation for 

this study. Based on this theory and previous research, the study identifies eleven hotel 

characteristics that are expected to determine room rates and proceeds with the regression 

analysis. The two studies are also quite different in the way they interpret previous studies as 

well as coefficients with dummy variables, as indicated in footnotes under the respective 

sections. Therefore, the present study is not intended to be a follow-up study on Andersson’s 

thesis and thus I have only highlighted important differences whenever appropriate. 

1.2 Objectives of the Study 
Hotels in Stockholm charge different rates for a one-night stay for a couple in a double room 

at a given point in time. Using the characteristics approach to consumer behavior, the study 

aims to investigate the impact of a variety of hotel characteristics on the rates charged in the 

Stockholm hotel market. It also aims to examine how a number of these characteristics 

explain variations in room rates between weekdays and weekends.  

1.3 Problem Statement 
What are the main hotel-characteristics that determine room rates in Stockholm? 

1.4 Approach and Methodology 
Hedonic price studies can be approached from the demand-side where data obtained from 

customers is analyzed to estimate their willingness to pay for certain hotel attributes (Monty 

and Skidmore, 2003). It can also be analyzed from the supply-side where the hotel’s price 

proposals are expected to reflect the vendor’s perception of the implicit price of its product 

characteristics (Thrane, 2007). The present study takes the latter approach and regresses 

room rates on various hotel characteristics to estimate the implicit price for each attribute. 
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Since the objective is to investigate why different hotels in Stockholm charge different rates 

for a one-night stay in a double room at a given point in time, cross-section data is the most 

appropriate for this purpose. The study employs a semilog model where the natural log of 

room rates (price) is a function of the unlogged values of the various hotel characteristics. 

1.5 Scope of the Study  
The regression of this study will be confined to only include weekday and weekend room rates 

for a one-night stay for a couple in a double room at a certain period. Thus it is important to 

recognize that a different sample including other rooms and/or variables in a different season 

or over a longer period of time might produce a significantly different result. Data on the 

Internet-based hotel booking site hotels.com may not be updated regularly and thus fail to 

reflect the reality in each hotel. Moreover, the observed room rates may not necessarily 

represent the actual room rates guests pay during their stay in these hotels mainly because 

of differences in the booking times and the subsequent price differences due to discounts and 

other factors. They are however believed to be good quality signals and hence applicable for 

hedonic pricing studies (Thrane, 2007). 

Most of the variables in this study are qualitative and thus a dummy variable, which takes the 

values of 0 or 1 depending on the absence or presence of a qualitative attribute, is the most 

commonly used variable. By their very nature, however, dummy variables have important 

limitation as they only tell you the presence or absence of a certain attribute. For instance, a 

dummy variable for free parking (PRKFRI) indicates only the presence or absence thereof, not 

the important price and quality differences in terms of size, safety and convenience. 

1.6 Structure of the Thesis 

Following this introductory section, the next section presents Lancaster's characteristics 

approach to consumer behavior which is the basis for hedonic price technique. The third 

section presents a brief review of hedonic studies in the hotel market and, based on these 

studies and Lancaster’s theory, the fourth section presents the selection of the relevant 

variables, their measurement and the data collection process. The fifth section presents the 

regression model in its general formulation and proceeds towards specification and 

estimation; and this is followed by the multicollinearity test, interpretation of the dummy 

variables and analysis of the regression results in the sixth section. The seventh section 

discusses the findings and the last section concludes the research.   
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2. THEORETICAL FRAMEWORK 
This section briefly presents the theory of the consumer behavior with a special emphasis on 

Lancaster's "characteristics approach" which is the basis for hedonic price technique. This will 

provide us with the theoretical foundations for identifying the utility-generating 

characteristics of hotels (independent variables), focusing on the demand side of the market.  

2.1 The Theory of Consumer Behavior 
The traditional theory of consumer behavior rests on the view that goods are what consumers 

would like more of in order to maximize their satisfaction or utility which is a direct a function 

of these goods. However, this approach does not get us very far in analyzing consumer 

behavior when, for example, the quality of an existing good is changed or a new good is 

introduced. In a seminal article, Kelvin Lancaster (1966) breaks away from the traditional 

theory of consumer behavior and, instead, argues that: 

1. The good, per se, does not give utility to the consumer; it possesses 
characteristics, and these characteristics give rise to utility. 

2. In general, a good will possess more than one characteristic, and many 
characteristics will be shared by more than one good. 

3. Goods in combination may possess characteristics different from those 
pertaining to the goods separately (Lancaster, 1966:134). 

Lancaster's “characteristics approach” enables us to capture many of the intrinsic qualities of 

individual goods (which he calls “characteristics”) which are relevant to the analysis of 

consumer behavior. In the choice between a gray and a red Chevrolet, for example, the 

traditional theory would either ignore the relevant aspect of choice and consider them as the 

same commodity or treat them as two different commodities (Lancaster, 1966). Lancaster's 

theory would however fit better the realities of consumer behavior by treating them as goods 

with common vectors of characteristics except for the element of color. Accordingly, 

consumers do not simply consume goods but certain characteristics that they contain; and 

utility is actually a function of these characteristics of the goods themselves.  

Based on Lancaster's formulation, the consumer's optimization problem becomes: 

Maximize U (z) subject to px ≤ k with z = Bx  and  z,x ≥ 0 

Where p is a vector of prices, x is a vector of goods, z is a vector of characteristics, k is total 

expenditure and Lancaster uses the term “consumption technology” to refer to B which is a 

matrix that specifies quantities of characteristics obtained from unit quantities of goods. 
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Like many new approaches, Lancaster's “characteristics approach” has not been immune to 

criticisms. Lancaster assumes an objective nature of goods-characteristics relationship 

whereby goods possess the same and measureable characteristics for all consumers. In 

contrast to this assumption, Ironmonger (1975:212) suggests that the values of the 

coefficients “are partly determined by the objective characteristics of commodities and partly 

determined by the consumer’s subjective valuation of these characteristics”. Accordingly, 

even if we have objective and measureable characteristics, a particular consumption decision 

is likely to be made on “subjective and imprecise assessment of the relevant characteristics” 

(Ironmonger, 1975:212). Moreover, Newman (1973:469) argues that the assumptions of the 

characteristics approach are hard to swallow because there are aspects of commodities “that 

would not be captured by the most detailed itemization of characteristics”. 

Perhaps Lancaster’s most important contribution is the recognition of the fact that goods are 

aggregates of more fundamental elements and the need to approach the consumer behavior 

at the level of these characteristics. An important empirical application of this theory exists in 

the considerable body of literature on hedonic pricing which is based on the premise that the 

goods and services that we regularly buy have a certain tied packages of characteristics that 

define a set of implicit or hedonic prices. In the context of the hotel market, we can utilize 

Lancaster’s theory to identify the utility-generating characteristics of hotels (such as room 

size, room facilities, and distance from the city center) and the extent to which these 

characteristics determine room rates.  

Finally, it is important to recognize that approaching consumption at the level of 

“characteristics” is only one aspect in analyzing consumer behavior. Consumers maximize 

their well-being subject to constraints based on their incomes, prices of goods, and 

government restrictions that determine what they may buy (Perloff, 2011). Alternatively, 

consumers minimize their expenditure subject to maintaining a given level of utility. These 

constraints determine the rate at which consumers can trade one good for another. 

Consumer decision making is also influenced, among other things, by the purchasing behavior 

of others, lack of self-control and uncertainty (Perloff, 2011). The influence of uncertainty is 

particularly relevant to the hotel market because customers who are uncertain about their 

travel plans usually opt for a refundable hotel booking to retain flexibility for later changes. 
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3. PREVIOUS HEDONIC STUDIES 
This section briefly sets the development of the hedonic price studies in historical perspective 

and presents a review of the application of this model in the hospitality industry, with a 

specific focus on the hotel market. The variables for the present study will be selected on the 

basis of this review and the “characteristics approach” to consumer theory discussed earlier.  

3.1 Historical Development of Hedonic Price Studies 
Although Sherwin Rosen’s 1974 classic article is the oft-cited reference, the pioneering 

hedonic price analysis dates back to a 1939 article by Andrew Court (in Goodman, 1998). 

Court was the economist who first constructed a hedonic price index for automobiles. As 

Goodman noted, it was Court who actually coined the term “hedonic” in recognition of the 

“potential contribution of any commodity, a motor car in this instance, to the welfare and 

happiness of its purchasers and the community” (Goodman, 1998:292). Recognizing the 

necessity of a well-specified model, Court used the term “hedonic” to describe the weighting 

of the relative importance of various characteristics of a car, such as horsepower, braking 

capacity, window area, seat width and tire size in the construction of an index of “usefulness 

and desirability”. Based on his data, he also determined that a semilog form should be used 

“since preliminary analysis indicated that this gave more nearly linear and higher sample 

correlations” (Court, 1939:110 in Goodman, 1998:293).  

Unlike Court’s, however, Rosen’s 1974 work received considerable attention in the hedonic 

pricing literature and it is perhaps the most-cited “seminal” work (Espinet et al., 2003; Monty 

and Skidmore, 2003; Thrane, 2005; Thrane, 2007; Andersson, 2010; Chen and Rothschild, 

2010). Readers are referred to Goodman (1998) for an excellent evaluation of Andrew Court’s 

seminal work on hedonic price analysis. This is of course not to say that Sherwin Rosen’s 1974 

excellent article on the interaction of suppliers and consumers for product characteristics, 

within the framework of bids and offers is unimportant, but just to set the development of 

hedonic price models in historical perspective. 

3.2 Application of the Hedonic Pricing in the Hospitality Industry 
A fundamentally micro-econometric analysis, hedonic pricing model has been used to study 

numerous items such as housing, automobiles, computers, Bordeaux wine, and various 

aspects of the tourism and hospitality industry (Thrane, 2005; Thrane, 2007; Andersson, 2010; 

Chen and Rothschild, 2010). Application of this model is very common in the estimation of 
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the economic value of various goods and services in tourism and hospitality industry2, such 

as package tour prices, hotel room prices, airfare prices, restaurant prices, etc. (Thrane, 2005).  

Numerous studies on holiday hotels in the sun-and-beach segment for northern European 

tourists to the Mediterranean destinations have, for instance, analyzed package or inclusive 

tour prices using hedonic pricing models (Espinet et al., 2003; Thrane, 2005; Fleischer, 2012). 

Espinet et al., (2003) examined the effect on price of different characteristics of holiday hotels 

in three Spanish coastal resorts and found huge price differences between four-star hotels 

and the rest. They also note that price is significantly affected by location, hotel size, distance 

to the beach and availability of parking. Similarly, Thrane (2005) demonstrated the usefulness 

of the hedonic pricing model in explaining package tour prices to the Canary Islands from 

Norway. His analysis shows that the choice of tour operator and destination, as well as 

characteristics such as breakfast, restaurant, TV, type of room and distance to the beach have 

significant impact on price. He also notes that the star rating, which explained a fair amount 

of price variation, is itself determined by some of the characteristics.  

Fleischer (2012) also applied the hedonic price model to the sun-and-beach segment in 10 

major Mediterranean regions in different seasons. But unlike the aforementioned studies, 

she specifically focused on the systematic variation of hotel room rates on the basis of one 

room attribute, the aesthetic view of a hotel room (sea view). Her investigation reveals that 

hotels charge about 10% higher price for a room with a sea view than for one without, with 

no significant difference between the regions and seasons. Through the analysis of variance 

and covariance, Aguiló et al., (2001) performed comparisons of statistical significance on the 

price structure of tourist packages offered on the island of Mallorca. Their study shows that 

hotel star rating, type of board, and location explain the distinct distribution of prices. 

3.2.1 Application of the Hedonic Pricing in the Hotel Market 

A frequent application of the hedonic pricing model in the hospitality industry is the analysis 

of the hotel market (Israeli, 2002; White and Mulligan, 2002; Monty and Skidmore, 2003; 

Thrane, 2007; Andersson, 2010; and Chen and Rothschild, 2010; Andersson, 2013). Israeli 

(2002) investigated hotel pricing decisions in Israel and found that star rating has a positive 

and consistent impact on prices, in contrast to the inconsistent impact of the hotel corporate 

                                                           
2 The hospitality industry is made up of businesses that provide one or more of the following: accommodation, 
prepared food and beverage service, and/or entertainment. (Kotler et al., 2010). 
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affiliation (chain). White and Mulligan (2002) studied the impact of location on prices by 

examining room rates for budget hotels and motels in four southwestern US states. They 

estimated implicit prices for various site and situation attributes using hedonic analysis and 

found that chain has very significant impact on price. They also note that site attributes such 

as spas and pools, as well as situation attributes like temperature, location, etc. have 

significant impact on price, consistently both in summer and winter seasons.  

Further study in the US by Monty and Skidmore (2003) applied the hedonic price technique 

to evaluate the willingness to pay for specific characteristics of bed and breakfast 

accommodations in Southeast Wisconsin. They found that room quality characteristics such 

as room size, the availability of hot tub and private bath are significant determinants of price; 

whereas fireplaces, themes, scenic views and room service are not statistically significant. 

Moreover, location, day of the week and time of the year were also important. Apparently, 

there is a contradiction between the data collection methodology and the perspective or 

focus of this study. One would expect such willingness to pay studies to approach the problem 

from the demand-side and analyze data obtained from customers (Chen and Rothschild, 

2010). Monty and Skidmore (2003) however relied on data collected from personal interviews 

and supplemental phone surveys with bed and breakfast owners to conclude on customers’ 

willingness to pay for certain specific characteristics. 

Most relevant to the present study are the hedonic pricing analysis of hotel rooms in three 

capital cities: the Norwegian capital, Oslo (Thrane, 2007) whose findings may have significant 

implications to Stockholm since both are located in the same region; the Southeast Asian city-

state Singapore (Andersson, 2010); and the Taiwanese capital, Taipei (Chen and Rothschild, 

2010). The rest of this section presents a brief review with comments on each of these studies.  

Based on data for 74 hotels in Oslo, Thrane (2007) estimated two regression models for single 

and double rooms. The dependent variables were the rates for a one-night stay in a single or 

double room. The independent variables included nine hotel characteristics selected on the 

basis of previous studies. His analysis shows mini-bars and hairdryers as the most significant 

room rate determinants. Free parking and location have also a noticeable effect on room 

rates, although the former is associated more frequently with hotels located away from the 

city center. Association with hotel chain, which is significant for single rooms, turns out to be 

insignificant for double rooms. Interestingly, room service has a negative but significant 
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coefficient for the Oslo regression, which led Thrane (2007) to call for further research before 

drawing any conclusion3. The last three characteristics: swimming pool, restaurant, and hotel 

size (in beds) have insignificant impact on room rates in Oslo. 

Thrane (2007) made an interesting observation when he examined his data to see whether 

consumers have the opportunity to save money by opting for hotels that do not offer mini-

bars and hairdryers. Since most of the hotels offer these facilities, he concluded that 

consumers’ real choice is very limited. However, the focus should not be merely on how much 

money a consumer can save by opting for hotels that do not offer some of these 

characteristics. A hotel guest may stay in a given hotel and have his breakfast in a local 

restaurant or café around the hotel. He or she can obviously save some money, especially if 

the hotel charges exorbitant fees for breakfast. However as Lancaster noted, “Goods in 

combination may possess characteristics different from those pertaining to the goods 

separately” (1966:134). Accordingly, the utility obtained from a combination of these two 

goods in one hotel (nutritional, aesthetic and perhaps intellectual characteristics) is different 

from the combination obtainable from a bed and a breakfast consumed separately. The same 

goes for minibars and parking. Unfortunately, Thrane (2007) was not able to see this perhaps 

because he didn’t look at it from Lancaster’s characteristics approach to consumer behavior. 

Andersson (2010) analyzed data on objective attributes (such as transaction rates, hotel 

facilities, location and official star rating) of hotels in Singapore and consumer perceptions 

(feedback). His sample comprised 559 customers who both provided customer feedback (to 

hoteltravel.com) and stayed at a double room in one of the 69 hotels in Singapore between 

01 January 2006 and 01 March 2007. The dependent variable is therefore the real transaction 

rate for a double room for a one-night stay and the independent variables are the objective 

attributes and consumer perceptions. The regression result shows that most objective 

attributes including star rating, various club goods bounded with the room as well as general 

neighborhood and accessibility characteristics have significant impact on price while 

consumer perceptions explain much of the variability within a given star rating. His data looks 

                                                           
3 Andersson (2013:8), by contrast, concludes that “Thrane argues that by offering room service, this service 
should compensate for the slightly lower rates. On average, guests allegedly spend the difference (or more) on 
room service”. Unfortunately, Thrane never argues that. He states “hotels offering room service anticipate that 
the income generated by this service will likely compensate for the lower room rates” as a preliminary conjecture 
and calls for more research “before any certain conclusions can be drawn in this regard” (Thrane 2007:321). 
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like a panel data because it is not only cross-sectional but also time-series in the sense that it 

extends for over a year. Unfortunately, Andersson does not provide much information on the 

nature of his data and how he managed to weed out the impact of external influences such 

as seasonality and inflation on room rate and customer feedback. Moreover, he uses 

“customer feedback” obtained from hoteltravel.com as a substitute or complement to his 

objective attributes without providing any information on the validity and reliability of this 

information.  

Chen and Rothschild (2010) investigated the impact of a variety of characteristics on the rates 

charged for hotel rooms in Taipei. Based on data for 73 hotels, they estimated three 

regression models for whole sample, weekday sample and weekend sample. The weekday 

and weekend room rates for a one-night stay in a double room were the two distinct 

dependent variables. The independent variables included fourteen hotel characteristics 

selected on the basis of previous studies. The results show that both weekend and weekday 

price is significantly affected by: location, LED TV and conference facilities. Internet access 

and the presence of fitness center is significant on the weekday rates only, while room size is 

significant for the weekend only. The most interesting and unusual finding is the strong 

negative relationship between location and room rate. Chen and Rothschild have two possible 

explanations for this: the association of hotels outside the city with resorts keeps the room 

rate high, whereas the more competitive environment in the city keeps room rates lower4. 

Other possible causes of a relatively lower rates in the city could be the relatively higher traffic 

congestion, air pollution and crime which is usually common among many capital cities.  

As they interpret their findings, Chen and Rothschild (2010) conveniently divide the weekend 

and weekday hotel customers as leisure and business travelers, respectively. It is however 

very difficult to justify such classification without any objectively verifiable evidence such as 

surveys of departing guests or specific characteristics that distinctly identify the customer 

profile. A business traveler may stay at a hotel over the weekend for many reasons, just as 

the leisure traveler may do the same on the weekdays. The day of stay at the hotel does not 

necessarily define the purpose of the stay. Unless such distinctions are based on evidence, 

                                                           
4 Andersson (2013) seems to have taken a partial notice of this study by focusing only on the “resorts” argument, 
which led him to conclude “While this certainly makes sense, it does not need to apply to Stockholm” (2013:8). 
However, Chen and Rothschild (2010) have also another argument, the “competitive environment”, which could 
be equally applicable to Stockholm as well. 
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they should be clearly stated as assumptions, or else they will be most likely seen as mere 

speculations. 

Recently, Andersson (2013) conducted similar study on the Stockholm hotel market in order 

to determine if in-room/property, quality and uncertainty-related variables play a role in 

hotel room pricing. He found ten room rate determinants at different levels of significance. 

These are the availability of private bathroom, breakfast, hairdryer, 24-hr room service, the 

age of the hotel, its location, chain association and star rating. Most innovatively, he used the 

“refundable” variable to capture the impact of uncertainty on room rate determination. One 

may argue that “refundable” is not really a room or hotel characteristic that determines room 

rate the way a bathroom or a restaurant does. But it nonetheless makes a significant price 

difference upon hotel booking due to uncertainty which we always face in our daily lives. 

Andersson estimated two models and the results show that the availability of private 

bathroom, location and star rating are among the prominent room rate determinants. 

With the exception of Aguiló et al., (2001) who used the analysis of variance and covariance 

instead of the hedonic price function, and Israeli (2002) who used linear regression model, 

the above studies applied hedonic pricing technique. They first identified certain utility-

generating hotel characteristics that are expected to be partial price determinants and then 

regressed the product price on these characteristics to estimate the implicit price for each 

characteristic. The results show that there are certain hotel characteristics that significantly 

determine hotel room rates; and these together with the characteristics approach to 

consumer theory will inform the selection of the independent variables in the present study. 

3.2.2 Problems with the STAR Variable 

Different rating schemes such as “star” rating, letter grading, from “A” to “F” or diamonds are 

used throughout the world to express hotel rating levels according to their quality. The 

European Hotelstars Union, to which Sweden is a member, uses the star rating and classifies 

hotels “based on an objective assessment of facilities and services provided” (ECC-Net, 2010). 

Accordingly, 1 star = basic, 2 stars = standard, 3 stars = comfort, 4 stars = first class, and 5 stars 

= luxury. A full investigation of the star variable in hedonic pricing would be another paper, at 

least, but it is worthwhile to point out some of the major controversies around this variable.  
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Although there is little argument that the star variable is a very important hotel quality 

attribute, there is quite a bit of controversy over its inclusion in the hedonic pricing analysis 

as well as over its measurement. Thrane (2005, 2007) investigated the possible endogeneity 

of the star variable in hedonic pricing and concluded that “the inclusion of the star rating 

variable in hedonic price models will deflate the effects of other attributes on the overall 

package tour price” (2005:307). On the other hand, many studies have included the star 

variable in their analysis and with the exception of Chen and Rothschild (2010), they have 

concluded that it has a significant and relatively robust effect on room rates (Aguiló et al., 

2001; Israeli, 2002; Espinet et al., 2003; Andersson, 2010; Andersson, 2013). Admittedly, 

some of the hotel characteristics (such as hairdryer) are strongly linked to the star variable, 

and a model that includes the star variable runs the risk of price bias through the indirect 

effect of some of the other independent variables. However, to discard it altogether also 

deprives the analysis of this dynamic and extensively comprehensive quality rating 

instrument5. 

A closer look at the previous studies also reveals another major problem, inappropriate 

measurement of the star variable. This claim is sustained by the following critical review of 

Chen and Rothschild (2010) as well as Andersson (2013) focusing on the hotel star variable. 

Andersson defines the star variable as one of the two qualitative characteristics in his study 

(2013:9-10 and p. 35) and measures it in a scale of one to five (1 to 5). Measured this way, 

one can easily notice that it is not presented as a dummy variable because it takes values 1 to 

5. In an attempt to keep it as a dummy variable, Chen and Rothschild (2010:688) use a general 

description “Hotel is an international tourist hotel (yes = 1)” for the star variable. This is 

perhaps because Taiwan did not have a proper hotel rating system at the time of the study. 

However, not only are these two measurements of the star variable contradictory, but also 

have very serious implications on the interpretation of the regression results and the 

subsequent conclusions. By defining it as “Hotel is an international tourist hotel (yes = 1)”, 

Chen and Rothschild (2010) forced the impact of the different hotel ratings to have the same 

effect for a one-star hotel as for a five-star hotel mainly because the coefficient of “star” is 

                                                           
5The European Hotelstars Union common hotel classification is based on a total of 270 single criteria with specific 

emphasis on the areas of quality management, wellness and sleeping comfort (Hotelstars Union –Classification 
criteria 2010-2014). 
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the same for all ratings as long as the hotel is an international tourist hotel. Had they used a 

different definition, perhaps they could have concluded differently than “The STAR variable 

has an insignificant effect on rates in both the weekday and weekend models.”(2010:691). 

This is very likely considering the fact that this is the only study that did not find the star 

variable with a significant and relatively robust effect on room rates (Aguiló et al., 2001; 

Israeli, 2002; Espinet et al., 2003; Andersson, 2010; Andersson, 2013). 

On the other hand, by employing values one to five to the qualitative attribute star, Andersson 

(2013) failed to measure the impact of each rating independently, but instead linked the 

impact of the different ratings. This is not tenable because we have no reason to think that 

the impact of having a five-star hotel is exactly five times that of having a one-star. 

Unfortunately, that is the impression it gives when one reads his conclusion that “an extra 

star causes prices to increase by around 17-19 percent, ceteris paribus, in both samples” 

(Andersson, 2013:35). As a matter of fact, the inappropriate definitions and measurements 

of the star variable have plagued many studies in the past (Aguiló et al., 2001; Israeli, 2002; 

Andersson, 2010; Chen and Rothschild, 2010; Andersson, 2013). It is therefore vital that we 

come up with a proper measurement for the star variable that accurately captures the impact 

of each rating independently. A possible solution is presented in section 4.3 and applied to 

the regression model in section 5.  
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4. SELECTION OF VARIABLES AND DATA COLLECTION 

4.1 Selection of Variables 
In our literature review, we have established the fact that consumers do not simply consume 

goods but certain characteristics that they contain; and utility is actually a function of these 

characteristics of the goods themselves (Lancaster, 1966). Accordingly, hedonic models 

express the price of an item completely as a function of the utility-bearing characteristics of 

the product rather than some measures of the market for that product, such as quantity 

demanded or supplied, income, complementary or substitute goods, etc. (Studenmund, 

2011). In the context of the hotel market, the room rate can be taken as our dependent 

variable. However, most of the hotels in our sample charge different rates depending on 

whether the booking is for a weekday or a weekend. Therefore, the weekday and weekend 

room rates for a one-night stay for a couple in a double room are the two distinct dependent 

variables for this study. 

Our brief review of the previous hedonic studies in the hotel market has identified a number 

of the utility-bearing characteristics as the independent variables. However, we find no 

evidence of convergence on the key hotel characteristics that are expected to determine 

room rates in a certain way. For instance, White and Mulligan (2002) as well as Espinet et al. 

(2003) indicate a significant effect of hotel size (number of rooms or beds) on room rates, 

whilst in Monty and Skidmore (2003) as well as Thrane’s (2007) study it did not appear to 

have a bearing on room rates. With respect to room service, Monty and Skidmore (2003) do 

not identify any interaction with room rate, whilst Thrane (2007) indicates a negatively 

statistically significant effect on room rates. Fleischer’s (2012) investigation of scenic view 

(sea view), reveals a significant effect on room rate (about 10% higher rate) whereas this 

attribute was not statistically significant in Monty and Skidmore (2003).  In general, the 

selection of the independent variables and empirical evidence of their impact depends on the 

specific nature and purpose of study (Chen and Rothschild, 2010).  This is in fact one of the 

criticisms of the hedonic pricing in that it does not provide clear theoretical guidelines or 

criteria for the selection of the independent variables (Thrane, 2007). Clarity, it seems, may 

have to wait for future extensive studies on the model itself. 

Following Studenmund’s (2011:403) advice, I will resist the temptation to “include every 

possible variable [and] then drop the insignificant ones”. Instead, on the basis of Lancaster's 
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"characteristics approach" to consumer behavior, and the previous hedonic studies, eleven 

hotel characteristics are identified as the most relevant independent variables for the current 

study. These are: the hotel’s distance from Stockholm Central Station (DISTC), average hotel 

room size (ROMSIZ), number of guestrooms (ROOMS), whether the hotel provides bathroom 

with both bath and shower (BATH), breakfast (BRKFST), minibar (MINBR), free parking 

(PRKFRI), 24-hr room service (RMSRV24) and whether room rates are refundable (REFND); 

and membership to regional or international hotel chain (CHAIN) and the hotel’s star rating 

(STAR). These variables have certain characteristics that give rise to utility, as discussed below. 

Hotels that provide both bath and shower, minibar, and room service, as well as those that 

offer spacious rooms, are expected to provide customers with extra utilities derived from 

these characteristics. Similarly, hotel guests are expected to enjoy the extra utilities from 

hotels that provide breakfast, free parking space and free cancellation option compared to 

those that do not provide these amenities. STAR refers to one of the most common hotel 

quality rating systems, which takes the form of one to five stars classification. On the other 

hand, CHAIN refers to hotel association or affiliation, which could be regional (such as Nordic 

Choice Hotels and Scandic Hotels) or international (such as Sheraton and Hilton).6 A greater 

number of stars as well as association with successful hotel chains indicates (or at least 

creates the perception of) a greater hotel quality or luxury and thus more utility.  

The last two independent variables are number of rooms (ROOMS) and location or distance 

from Stockholm Central Station (DISTC). Most of the large hotels (as measured by the number 

of guestrooms) tend to provide professional services that customers need, amenities that 

they expect as well as some extras that they deserve. Therefore, customers are expected to 

enjoy the extra utilities gained from large hotels at a relatively lower room rates (due to 

economies of scale and operational efficiency). Finally, customers are expected to prefer 

hotels located at the heart of the city’s popular attractions over those located farther away. 

These are the quantitative and qualitative characteristics thought to determine room rates in 

the Stockholm hotel market. Previous studies that included some or all of these 

                                                           
6 Andersson (2013) seems to have unduly restricted the chain variable to refer to only six major international 
chains in particular. It is very difficult to ignore the significant impact of powerful regional chains such as Nordic 
Choice Hotels and Scandic Hotels that operate around 170 and 160 hotels respectively in the region. 
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characteristics include Israeli (2002), Espinet, et.al. (2003), Monty and Skidmore (2003), 

Thrane (2007), Andersson (2010), Chen and Rothschild (2010) and Andersson (2013).  

Admittedly, many variables are left out in this study. For instance, room characteristics such 

as hairdryer, TV, Wi-Fi (wireless internet access), and hotel facilities such as restaurant, 

included in previous studies (Thrane, 2007, Chen and Rothschild, 2010), are not considered in 

this study because these are widely available in most of the hotels in Stockholm. In his study 

of room rate determinants for hotels in Oslo, Thrane (2007) found hairdryers as one of the 

most significant room rate determinants. This attribute is not included here because, 

according to Hotelstars Union (2009), the availability of a hair dryer is the minimum criteria 

for hotels with three and above stars. The inclusion of the hairdryer variable together with 

the STAR variable could therefore possibly create multicollinearity problem. Thrane (2007) 

did not have the problem of multicollinearity perhaps because he did not include the STAR 

variable in his study. For the same reason, this study does not include Andersson’s (2013) OLD 

variable which he uses to capture the implicit historic value (or cultural heritage) of the 

building where the hotel is located. Since much of what we see at the historical heart of 

Stockholm (Gamla Stan) is antique, it is very likely that the OLD variable will be collinear with 

our DISTC variable. 

4.2 Expected Effect of Variables 

Hotels that provide both bath and shower, minibar, and room service, as well as those that 

offer spacious rooms, are expected to require extra space, maintenance and personnel, which 

ultimately increases their costs. Therefore, these room characteristics are expected to have a 

positive impact on hotel room rates. Similarly, hotels that provide breakfast, free parking 

space and free cancellation option are expected to incur certain costs and these are expected 

to increase the room rates. Hotel guests that enjoy these facilities or prospective guests that 

are not sure about their travel plans at the time of booking are all expected to be willing to 

pay more for hotels that accommodate their respective needs. A greater number of stars as 

well as association with successful hotel chains indicates (or at least creates the perception 

of) a greater hotel quality or luxury. Such hotels can take advantage of the perceived value of 

their products and set a higher room rate that not only covers their costs but also takes 

advantage of the perceived value of their higher rating or visibility (Kotler et. al., 2010). 
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The last two independent variables, number of rooms (ROOMS) and location or distance from 

Stockholm Central Station (DISTC) are the only two variables in this study expected to 

negatively affect room rates. Hotels that offer many guestrooms are expected to benefit from 

economies of scale that arise from the inverse relationship between quantities produced 

(number of rooms) and the unit fixed cost. Most of the large hotels also tend to exhibit higher 

operational efficiency and thereby reduce their variable costs. Large hotels are therefore 

expected to set relatively lower room rates. On the other hand, hotels located farther away 

from Stockholm Central Station, will not be able to attract guests as much as those located at 

the heart of the city’s popular attractions. We can therefore expect room rates to decrease 

as distance from the city center increases. The expected effect of the variables on room rates 

is presented in Table 4.1. 

4.3 Measurement of Variables 

Dependent Variables: The weekday and weekend room rates (prices) for a one-night stay for 

a couple in a double room are the two distinct dependent variables. They are measured in 

Swedish Kronor (SEK). The log of price (l_PRICE) has also been generated for the purpose of 

the hedonic semilog model. Table 4.1 shows that the average room rate is SEK 1571 (whole 

sample), and similar rates for the weekday and weekend stays are SEK 1720 and 1430 

respectively. Room rates include taxes and fees. The respective median values are SEK 1584 

(whole sample), 1795 (weekday sample) and 1406 (weekend sample). There is indeed 

significant price variation among the hotels, with the maximum rate being SEK 3500, whilst 

the minimum is only SEK 516. 

Independent Variables: These include the quantitative and qualitative characteristics thought 

to determine room rates in the Stockholm hotel market. The quantitative characteristics are 

measured in square meters (ROMSIZ), number of rooms (ROOMS) and kilometers (DISTC). 

The rest of the independent variables are qualitative characteristics quantified using dummy 

variables, which take the values of 0 or 1 depending on the presence or absence of each 

qualitative attribute. 

After a careful examination of the star variable, its determination and the relationship 

between the different star ratings, I have come to the conclusion that the best possible way 

of quantifying the star variable seems to follow Studenmund’s advice and “create one less 

dummy variable than there are alternatives and [to] use each dummy to represent just one 
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of the possible conditions” (2011:226). In the hotel star case, the most common ratings are 1 

to 5 stars, so we would create five dummy variables and define them as follows: 

STAR5= 1 if the hotel has a five-star rating, 0 otherwise. 
STAR4= 1 if the hotel has a four-star rating, 0 otherwise. 
STAR3= 1 if the hotel has a three-star rating, 0 otherwise. 
STAR2= 1 if the hotel has a two-star rating, 0 otherwise. 
STAR1= 1 if the hotel has a one-star rating, 0 otherwise. 

The omitted condition, hotels that do not have any star (or not yet rated/reviewed), would 

be represented by having all the dummies equal to 0. In our particular sample, we have hotels 

with two, three, four and five stars, which means we have only four alternatives or four 

possible conditions. Accordingly, we apply the first three dummy variables to describe the 

four possible conditions, namely: 

STAR5= 1 if the hotel has a five-star rating, 0 otherwise. 
STAR4= 1 if the hotel has a four-star rating, 0 otherwise. 
STAR3= 1 if the hotel has a three-star rating, 0 otherwise. 

The event not explicitly represented by a dummy variable is STAR2, which is the omitted 

condition in our case, and is represented by having the three dummies equal to 0. If we 

include a fourth dummy variable to represent STAR2, we would fall into a dummy variable 

trap, violate Classical Assumption VI (because STAR2 will be a perfect linear function of the 

other dummy variables, resulting in perfect multicollinearity) and OLS would fail to estimate 

our equation (Studenmund, 2011). Our regression analysis will therefore employ only these 

three dummy variables (STAR3, STAR4, and STAR5). This way we could measure the impact of 

each rating independently without having to link the impacts of the different ratings. 

Moreover, this would be equally applicable to the other rating systems such as diamond, ABC, 

etc. To the best of my knowledge, this will be the first application of the principle of creating 

“one less dummy variable than there are alternatives” to represent the different possible 

conditions in the hotel star rating. 

 The following table presents a brief description of the variables used in the present study, 

their mean and standard deviation, as well as the expected effect on price. Detailed statistical 

summary for all the variables used in the analysis, the correlation matrix of bivariate 

correlations between the variables, as well as graphs for selected variables are all placed in 

the Appendices. 
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Table 4.1 Descriptive Statistics for Study Variables (N=215) 

Variable Description of Characteristics Mean Standard 
Deviation 

Expected 
Effect 

PRICE Room rate per night for double room (SEK) 1571,27 547,12  

l_PRICE Price, logged 7,292 0,385  

BATH Bathroom with both bath and shower present in 

the hotel room (yes = 1) 

0,558 0,498 + 

BRKFST Buffet type breakfast is included (yes = 1) 0,856 0,352 + 

CHAIN Hotel is associated with a chain (yes = 1) 0,498 0,501 + 

DISTC Distance to Stockholm Central Station (in km) 2,289 2,454 - 

MINBR Mini-bar is present in hotel room (yes = 1) 0,437 0,497 + 

PRKFRI Free parking space is present in hotel (yes = 1) 0,107 0,310 + 

REFND Hotel provides free cancellation option (yes = 1) 0,619 0,487 + 

RMSRV24 Room service is available 24/7 (yes = 1) 0,302 0,460 + 

ROMSIZ Average hotel room size (m2) 17,37 4,400 + 

ROOMS The number of guestrooms offered by the hotel 165,98 116,75 - 

STAR3 Hotel has a three-star rating (yes = 1) 0,214 0,411 + 

STAR4 Hotel has a four-star rating (yes = 1) 0,586 0,494 + 

STAR5 Hotel has a five-star rating (yes = 1) 0,079 0,271 + 

Data source: http://sv.hotels.com/  

4.4 Data Collection 

Most of the hotels in Stockholm can be easily booked directly through their own homepages 

(websites) or through a number of travel agencies such as hotels.com, booking.com, 

expedia.com etc. There are sometimes negligible price differences between the different 

booking sites. Besides, some hotels occasionally offer special discounts for a reservation made 

directly through their websites. To avoid any risk of price heterogeneity induced by the 

booking site, the data for the present study has been gathered mostly from hotels.com, which 

is a leading provider of hotel accommodation throughout the world. Unfortunately, 

hotels.com does not clearly indicate whether a given hotel is part of a chain or not. Moreover, 

it does not provide room size and number of rooms for some hotels. In such cases, the 

relevant data has been obtained from the respective hotel’s homepage as much as possible. 

In few cases, hotels do not provide a single size but a range that represents the average room 

size (e.g., Sheraton Stockholm Hotel and Scandic Kungens Kurva) and in such cases the 

average of the given range has been taken. The data collection process took three days but 

room rates were relatively stable during this time mainly because bookings were simulated 

three months prior to the date of stay, which also happened to be a relatively off-peak season. 

http://sv.hotels.com/


20 
 

4.5 Sample Size 

In order to neutralize, as much as possible, the heterogeneity induced by the variation in room 

characteristics within a given hotel, standard double room, classic double room, superior 

double room, and deluxe double room are included; whereas executive rooms, junior suites 

and presidential suites are excluded. Bookings are simulated three months prior to the date 

of stay in order to control for uncertainty and seasonality. A weekday (Wednesday) and 

weekend (Saturday) in March 2014 are randomly selected as the proposed dates of stay and 

49 hotels are randomly booked accordingly. This represents around 30 percent of the 161 

hotels in Stockholm, the travel site tripadvisor.com claims to have customer reviews and 

opinions. Since the hotels provide different booking options (such as with and without refund 

or breakfast), the number of bookings (observations) for the weekday turned out to be 107, 

and 110 for the weekend. However, during the preliminary data inspection and cleaning 

process, two outliers were detected and hence deleted from the weekday sample. First, 

Clarion Hotel Arlanda Airport, which is located 36km away from Stockholm Central Station, 

an outlier compared to the average distance of 2,21km (See Appendix 1 for Summary 

Statistics and Appendix 3 for distance versus price). Second, a “Superior” room with a harbor 

view, at SEK 4900 per night, was the only available room at Grand Hôtel Stockholm for the 

weekday booking and was thus initially included in the sample. In addition to being “Superior” 

compared to the “Classic” rooms for the weekend sample from Grand Hôtel, its aesthetic view 

was not deemed relevant for the present study and was thus discarded from the sample. The 

rest of the data are assumed to be homogenous enough to make relevant comparisons. 

The sample size for the weekday sample, weekend sample and whole sample is therefore 105, 

110 and 215 observations respectively. The number of observations in both weekday and 

weekend samples is not the same mainly because some of the rooms offered during weekend 

were not available for weekday booking (or vice versa). 
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5. REGRESSION MODEL 

5.1 Formulation of a General Model 
Unlike the usual price models that have some measure of quantity on the right-hand side of 

the equation, hedonic price models express the price of an item, the dependent variable, as 

a function of the measures of the quality (characteristics) of that item, the independent 

variables (Studenmund, 2011). In the context of the hotel market, hedonic prices are basically 

regressions of room rates (prices) against certain hotel characteristics that are assumed to 

determine room rates. So the general hedonic equation can be presented as: 

                          +             +             +           -            +              +           +                +                  +             -              +     

PRICE= f (BATH, BRKFST, CHAIN, DISTC, MINBR, PRKFRI, REFND, RMSRV24, ROMSIZ, ROOMS, STAR) + ϵ 

PRICE is expressed here as a function of the eleven independent variables (or hotel 

characteristics). The signs above the variables indicate the hypothesized sign of the respective 

regression coefficient in our log-linear model. The reason for these signs has already been 

explained in section 4.2 Expected Effect of Variables. Finally, ϵ stands for the stochastic error 

term.   

5.2 Model Specification 
The selection of the independent variables and their measurement has already been 

discussed in the previous sections. This section briefly discusses the functional form of the 

variables and presents the specified model. 

It is crucial to use the correct functional form because a failure to do so may affect the 

significance or the sign of our theoretically sound explanatory variables as well as compromise 

our interpretation of the results. As did Court (1939, in Goodman, 1998), Rosen (1974) advises 

semilog (or log-linear) specification for the pricing function instead of the linear specification. 

This is mainly because semilog specification gives “more nearly linear and higher sample 

correlations” (Court, 1939:110 in Goodman, 1998:293). Following this advice, previous 

hedonic studies have used semilog or what is also called “left-side semilog” or “log-lin 

functional form”. This type of semilog function is mostly used to express functions in 

situations where “the dependent variable adjusts in percentage terms to a unit change in an 

independent variable” (Studenmund, 2011:218). In our case, the price of a hotel room adjusts 

in percentage terms to a unit change in an independent variable such as room size.  
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Accordingly, our model can be expressed as follows: 

l_P = β0 + β1(BATH)i+ β2(BRKFST)i+ β3(CHAIN)i –β4(DISTC)i+ β5(MINBR)i+ β6(PRKFRI)i+ β7(REFND)i+ 

β8(RMSRV24)i+ β9(ROMSIZ)I –β10(ROOMS)i + β11(STAR3)i + β12(STAR4)i + β13(STAR5)i + ϵ 

This multivariate log-linear hedonic regression model shows that the natural log of room rate 

(price) is a function of the unlogged values of the independent hotel characteristics. As 

Studenmund noted, such models have “neither a constant slope nor a constant elasticity, but 

the coefficients do have a very useful interpretation” (2011:218). The interpretation of the 

coefficients will be discussed in the Analysis section.  

5.3 Model Estimation 

It is now time to run three separate OLS regressions on the data collected from hotels.com 

and estimate three models for the whole sample, weekday sample and weekend sample. 

Table 5.3 presents the regression results. Standard errors are presented below the regression 

coefficients and the asterisks indicate significant coefficients at different levels of significance, 

as indicated in the note under the table.  

Based on the regression results, the estimated equations for the three models can be 

presented as follows:  

Model 1 (Whole Sample) Estimated Equation 

l_Pˆ = 6,441 + 0,026(BATH)i + 0,214(BRKFST)i + 0,093(CHAIN)i –0,078(DISTC)i + 0,186(MINBR)i + 

0,156(PRKFRI)i + 0,148(REFND)i + 0,051(RMSRV24)i + 0,014(ROMSIZ)I –0,001(ROOMS)i + 

0,384(STAR3)i + 0,530(STAR4)i + 0,678(STAR5)i 

N = 215 and Adj. R-squared = 0,655 (t-ratio and standard errors as indicated in Table 5.3) 

Model 2 (Weekday Sample) Estimated Equation 

l_Pˆ = 6,431 + 0,015(BATH)i + 0,156(BRKFST)i + 0,167(CHAIN)i – 0,076(DISTC)i + 0,158(MINBR)i + 

0,127(PRKFRI)i + 0,119(REFND)i + 0,095(RMSRV24)i + 0,016(ROMSIZ)I – 0,001(ROOMS)i + 

0,523(STAR3)i + 0,636(STAR4)i + 0,690(STAR5)i 

N = 105 and Adj. R-squared = 0,765 (t-ratio and standard errors as indicated in Table 5.3) 

Model 3 (Weekend Sample) Estimated Equation 

l_Pˆ = 6,456 + 0,042(BATH)i + 0,256(BRKFST)i + 0,044(CHAIN)i – 0,073(DISTC)i + 0,201(MINBR)i + 

0,135(PRKFRI)i + 0,150(REFND)i + 0,062(RMSRV24)i + 0,013(ROMSIZ)I – 0,001(ROOMS)i + 

0,234(STAR3)i + 0,419(STAR4)i + 0,646(STAR5)i 

N = 110 and Adj. R-squared = 0,660 (t-ratio and standard errors as indicated in Table 5.3) 
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Table 5.3 Estimated Results from the Hedonic Pricing Models 

 
No. 

 
Variable 

Model 1 
Whole Sample 

(N= 215) 

Model 2 
Weekday Sample 

(N= 105) 

Model 3 
Weekend Sample 

(N= 110) 

  Coefficient T-ratio Coefficient T-ratio Coefficient T-ratio 

1 BATH 0,026 
(0,043) 

0,613 0,015 
(0,047) 

0,317 0,042 
(0,058) 

0,731 

2 BRKFST 0,214*** 
(0,056) 

3,795 0,156** 
(0,066) 

2,354 0,256*** 
(0,072) 

3,574 

3 CHAIN 0,093* 
(0,048) 

1,918 0,167*** 
(0,053) 

3,187 0,044 
(0,065) 

0,673 

4 DISTC -0,078*** 
(0,012) 

-6,517 -0,076*** 
(0,013) 

-5,685 -0,073*** 
(0,016) 

-4,539 

5 MINBR 0,186*** 
(0,045) 

4,094 0,158*** 
(0,049) 

3,239 0,201*** 
(0,063) 

3,201 

6 PRKFRI 0,156* 
(0,085) 

1,837 0,127 
(0,093) 

1,362 0,135 
(0,114) 

1,184 

7 REFND 0,148*** 
(0,032) 

4,634 0,119*** 
(0,035) 

3,351 0,150*** 
(0,043) 

3,512 

8 RMSRV24 0,051 
(0,049) 

1,039 0,095* 
(0,055) 

1,738 0,062 
(0,066) 

0,935 

9 ROMSIZ 0,014*** 
(0,005) 

3,030 0,016*** 
(0,005) 

3,267 0,013** 
(0,006) 

2,080 

10 ROOMS -0,001*** 
(0,00) 

-2,776 -0,001** 
(0,00) 

-2,185 -0,001*** 
(0,00) 

-2,739 

11 STAR3 0,384*** 
(0,069) 

5,590 0,523*** 
(0,074) 

7,108 0,234** 
(0,095) 

2,471 

12 STAR4 0,530*** 
(0,067) 

7,928 0,636*** 
(0,072) 

8,886 0,419*** 
(0,092) 

4,553 

13 STAR5 0,678*** 
(0,098) 

6,910 0,690*** 
(0,111) 

6,197 0,646*** 
(0,130) 

4,975 

 Constant 6,441*** 
(0,090) 

71,940 6,431*** 
(0,100) 

64,190 6,456*** 
(0,120) 

54,020 

 R-squared 0,684 0,828 0,695 

 Adj. R- squared 0,664 0,804 0,654 

 P-value (F) 2,56e-43 3,57e-29 2,14e-19 
Data source: http://sv.hotels.com/  

 
Note: Standard error in parenthesis 

*** level of significance at 1%,  
** level of significance at 5%,  
* level of significance at 10% 

 

  

http://sv.hotels.com/
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6. ANALYSIS OF REGRESSION RESULTS 
The regression results for the three models, as presented in Table 5.3, are satisfactory. In 

particular, the estimated coefficients in the three models have the signs as expected, although 

we still need to investigate the statistical significance of the estimates. The overall fit, as 

measured by the adjusted R-squared, seems reasonable for a cross-sectional study. Between 

65% and 80% of the variations in room rates is explained by the three models. Model one 

gives us the general picture of the whole sample. From this model, we can see that with the 

exception of BATH and RMSRV24, the other nine variables including BRKFST, CHAIN, DISTC, 

MINBR, PRKFRI, REFND, ROMSIZ, ROOMS and STAR have significant effects on room rates. 

However, this model does not give us a clear picture on how these variables affect the two 

distinct room rates. Our analysis will therefore focus on the weekday and weekend models 

(Model 2 and Model 3). Before we proceed with the analysis of these two models, however, 

it is worthwhile to detect the severity of multicollinearity in our model. 

6.1  Detection of Multicollinearity –VIF Test 
 Multicollinearity is often a concern in hedonic price 

models where we have many independent variables 

representing the different qualitative characteristics 

(Thrane 2007, Chen and Rothschild, 2010). It is possible 

that one of the eleven independent variables in the 

present study could be a perfect linear function of one 

or more of the other independent variables and thus 

violate Classical Assumption VI. This may happen, for 

example, if the independent variable MINBR (for a 

minibar in a hotel room) is a perfect linear function of 

the STAR or CHAIN variable, resulting in perfect multicollinearity in violation of the Classical 

Assumption VI. Even if it does not violate Classical Assumption VI, a severe imperfect 

multicollinearity may still cause serious problems for our OLS regression making it difficult to 

distinguish the effects of one variable from the other (Studenmund, 2011).  It is therefore 

important to detect the seriousness of multicollinearity using the Variance Inflation Factor 

(VIF). Peter Kennedy (1985, in Chen and Rothschild, 2010) suggests that multicollinearity is a 

serious problem if there is a VIF value greater than 10. Table 6.1 shows that the VIF values of 

Table 6.1 VIF Tests of the Regressors 

Variable Model 1 
 (N= 215) 

Model 2 
 (N= 105) 

Model 3 
 (N= 110) 

BATH 1,932 1,948 1,934 

BRKFST 1,686 1,848 1,591 

CHAIN 2,512 2,507 2,517 

DISTC 3,731 3,657 3,856 

MINBR 2,196 2,140 2,275 

PRKFRI 2,968 2,982 2,996 

REFND 1,038 1,070 1,024 

RMSRV24 2,208 2,141 2,308 

ROMSIZ 1,764 1,755 1,792 

ROOMS 3,163 3,124 3,234 

STAR3 3,426 3,389 3,500 

STAR4 4,684 4,538 4,884 

STAR5 3,031 2,820 3,294 
Data source: http://sv.hotels.com/  

http://sv.hotels.com/
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the independent variables in the three models are all less than 5, which suggests that 

multicollinearity is not a serious problem in the present study. 

6.2 Interpretation of Coefficients with Dummy Variables 

Log-linear regression coefficients are usually interpreted as the percentage change in the 

dependent variable for every unit increase in the independent variable. This means for every 

unit that X1 increases, Y will change in percentage terms, which is β1 .100 percent, holding the 

other variables constant. Unfortunately, such a straightforward interpretation is applicable 

only to quantitative hotel characteristics such as room size, and not to the plenty of 

qualitative characteristics that are usually present in hedonic price models. In order to obtain 

similarly economically useful information, one has to transform the estimated coefficient of 

the dummy variables, which represent qualitative characteristics such as free parking 

(PRKFRI), star rating (STAR) and the different hotel amenities, by (eβ – 1), where β is the 

coefficient and e is the base of the natural logarithm (Monty and Skidmore, 2003; Thrane, 

2007; Chen and Rothschild, 2010).7 Such transformation provides the estimated effect of the 

qualitative characteristic on prices in percentage terms and one has to multiply (eβ – 1) by the 

average room rate in the sample to obtain the estimated effect in monetary terms. 

6.3 Analysis of the Weekday Model  
Model 2 in Table 5.3 shows how the various explanatory variables affect room rates during 

the weekday. The model, as measured by the adjusted R-squared, shows that 80% of the 

variations in room rates are explained by the variables included in the analysis. By 

transforming the estimated coefficients of the dummy variables by (eβ – 1) as discussed in the 

previous section, we can now analyze the results. Accordingly, hotels that offer a buffet type 

breakfast (BRKFST) are about 17% (that is, exp. (0,156) - 1= 0,169) expensive than those that 

do not include breakfast in the room rate, holding constant the influence of other variables 

in our equation. Room rates in hotels associated with chains (CHAIN) are about 18% expensive 

than room rates in non-chained hotels, ceteris paribus of course. The greater the distance of 

hotels from Stockholm Central Station, the lower the room rates. In particular, room rates 

decrease by around 7.6% for every kilometer increase in distance from the city center (DISTC), 

all other things being equal. For instance, the room rate in a hotel located 30km from 

                                                           
7 Unfortunately, Andersson (2013) does not transform the qualitative hotel characteristics but, instead, proceeds 
with a direct interpretation of the estimated beta coefficients of all the variables in his study. 
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Stockholm Central Station is approximately 15% lower than the rate in a hotel located only 

10km from this location, ceteris paribus (-0.076x2= -0.152). The room rates for hotels that 

include minibars (MINBR) in a double room are about 17% higher than those that do not 

provide this facility, all other things being equal. Hotels that provide free cancellation option 

for a hotel booking (REFND) charge 12.6% higher than those that do not take this risk, ceteris 

paribus. Hotels that provide a 24-hour room service (RMSRV24) charge 10% higher than those 

that do not provide this service, ceteris paribus. Holding constant the influence of other 

variables in our equation, hotels charge 1.6% higher for every square meter increase in room 

size (ROMSIZ). The room rate for larger hotels (as indicated by the number of ROOMS) is a bit 

less expensive than the smaller hotels. For instance, room rates in a hotel with 500 rooms is 

about 0.4% cheaper than the rate in a similar hotel with 100 rooms (-0.001 x 4 = -0.004). 

Following Studenmund’s (2011) principle of “one less dummy variable than there are 

alternatives” discussed in section 4.3, we employed three dummy variables (STAR3, STAR4, 

and STAR5) to describe the four possible conditions in the hotel star rating in our sample. This 

enables us to interpret the coefficient of each dummy variable as the effect of the included 

condition relative to the omitted condition (STAR2 in our case). Accordingly, room rates for 

hotels with three stars (STAR3) are 68.7% higher than those with two stars (STAR2), holding 

constant the influence of other variables in our equation. Similarly, four and five star hotels 

charge 89% and 99% higher room rates respectively than those with two stars, ceteris paribus. 

We can see the dramatic increase in room rates as the number of stars increase.  

In all cases the outcome is statistically significant at one percent level of significance, except 

in the case of BRKFST and ROOMS where it is at five percent level of significance; and 

RMSRV24 at ten percent level of significance. The following two characteristics have no 

significant effect on room rates during the weekdays: the presence of bathroom with both 

bath and shower in a hotel room (BATH), and the provision of free parking space (PRKFRI). 

6.4 Analysis of the Weekend Model  
Model 3 in Table 5.3 shows how the various explanatory variables affect room rates during 

the weekend. The model, as measured by the adjusted R-squared, shows that 65% of the 

variations in room rates are explained by the variables included in the analysis. As to the 

coefficients, hotels that offer a buffet type breakfast are about 29% expensive than those that 

do not include breakfast, holding constant the influence of other variables in our equation. 
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Almost like the weekday rates, room rates decrease by around 7.3% for every kilometer 

increase in distance from the city center. The room rates for hotels that include minibars in a 

double room are about 22% higher than those that do not provide this facility, ceteris paribus. 

Hotels that provide free cancellation option for a hotel booking charge around 16% higher 

than those that do not take this risk, all other things being equal. Hotels charge 1.3% more 

for every square meter increase in room size, ceteris paribus. Similar to the weekday rates, 

room rates for larger hotels (as indicated by the number of ROOMS) is a bit less expensive 

than the smaller hotels. A simple comparison of a 500-room hotel with a 100-room hotel 

reveals a 0.4% decrease in room rates. Analysis of the hotel star rating shows that room rates 

for hotels with three stars (STAR3) are 26.4% higher than those with two stars (STAR2), 

holding constant the influence of other variables in our equation. Similarly, four and five star 

hotels charge 52% and 91% higher room rates respectively than those with two stars, ceteris 

paribus. We can see a dramatic increase in room rates as the number of stars increase.  

In all cases the outcome is statistically significant at one percent level of significance, except 

in the case of ROMSIZ and STAR3 where it is at five percent level of significance. The following 

characteristics have no significant effect for room rates during the weekends: the presence 

of bathroom with both bath and shower in a hotel room, association with a hotel chain, the 

provision of free parking space, and a 24-hour room service.   
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7. DISCUSSION OF THE FINDINGS 
Interestingly, the following variables appear to be significant determinants of room rates in 

both the weekday and weekend models: the provision of breakfast, distance from the city 

center, availability of minibar in a room, provision of free cancellation option, average room 

size, number of guest rooms (hotel size) and hotel star rating. These findings are in agreement 

with some of the previous studies discussed in Section 3.2.  In particular, the findings agree 

on breakfast (Thrane, 2005, and partially with Andersson, 2013), distance or location (Aguiló 

et al., 2001; White and Mulligan, 2002; Espinet et al., 2003; Monty and Skidmore, 2003; 

Thrane, 2005; Thrane, 2007; Andersson, 2010; and Andersson 2013), minibar (Thrane, 2007), 

refund (Andersson, 2013), room size (Monty and Skidmore, 2003; Andersson, 2013 and 

partially with Chen and Rothschild, 2010), and on the significance of the star rating (Aguiló et 

al., 2001; Israeli, 2002; Espinet et al., 2003; Andersson, 2010; Andersson 2013). 

The provision of a 24-hour room service and association with hotel chain, on the other hand, 

appear to be significant room rate determinants only in the weekday model. A 24-hr room 

service has the expected positive impact on weekday room rates at ten percent level of 

significance, which suggests a tolerable level of significance. The insignificant coefficient for 

the weekend model apparently suggests that customers do not seem to bother whether they 

have a limited room service or not at all over the weekend. This is at variance with 

Andersson’s (2013) study where it was found to be a “sought after” service; as well as with 

Thrane’s (2007) finding which suggests a negative but significant impact on room rates. 

The result on hotel chain partially agrees with the findings of White and Mulligan (2002), 

Israeli (2002) and Andersson (2013). The present study and Andersson (2013) find association 

with hotel chain to increase room rates during the weekday. They however sharply disagree 

on its effect on the weekend room rates. Andersson’s (2013) findings suggest that weekend 

room rates are negatively affected by chain, whereas this study find it to be insignificant. 

Besides being a sample phenomenon, perhaps the main reason behind these conflicting 

findings could be due to the different definitions of “CHAIN” in both studies. Andersson (2013) 

seems to have unduly restricted it to refer to only 6 major international chains in particular 

(Andersson, 2013:24). This study, however, duly recognizes the significant marketing and 

administrative impact of regional hotel chains such as Nordic Choice Hotels and Scandic 

Hotels that operate around 170 and 160 hotels in the region respectively. 
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Finally, the presence of bathroom (BATH) and the provision of free parking space (PRKFRI) 

turned out to be insignificant determinants of room rates in both models. The result on bath 

agrees with Chen and Rothschild, (2010) but differs sharply with Andersson (2013) who 

suggests a positive significant impact on room rates. The possible explanation, once again 

seems to be the definition of the variables. In the present study, BATH refers to “Bathroom 

with both bath and shower present in the hotel room” whereas Andersson (2013) simply 

defined bath to refer to the availability of private bath. The findings in this study suggest that, 

as long as they have access to a private bathroom, customers do not mind whether they have 

access to shower only or to a bathroom with both shower and bath. The insignificance of the 

availability of free parking (PRKFRI) in both models agrees with Andersson’s (2013) study on 

the Stockholm hotel market. But it is somewhat unexpected and in contradiction with other 

previous studies (Espinet et al., 2003; Thrane, 2007). One would expect this variable to be 

significant room rate determinant given the expensive parking fees in downtown Stockholm.  

A closer investigation on the data, however, 

reveals that hotels located farther away from the 

city center mostly provide free parking or charge 

nominal parking fees. A glance at the actual 

parking fees and location of the hotels in Table 7.1 

reveals that the distant hotels charge nominal 

fees compared to the average SEK 300 or more per night charged by most hotels located 

around the city center. This important difference in parking fees is, however, obscured in our 

model mainly because the dummy variable used for parking (PRKFRI) tells us only the 

presence or absence of this facility, not the important differences in the rates charged. 

7.1 Pricing Implications  
The findings in this study have important pricing implications. For example, the insignificance 

of BATH and PRKFRI in both models with a relatively small coefficient (-0.1%) for the ROOMS 

variable suggest that hotels do not seem to set their rates on cost-based pricing strategies or 

reflect the benefit from economies of scale in their room rates. The same argument goes for 

the insignificant RMSRV24 in the weekend model (with a relatively tolerable level of 

significance for the weekday model). It is possible that most of the hotels adopt value-based 

Table 7.1 Parking Fees in Selected Hotels 

Hotel DISTC  PRK 

First Hotel Royal Star 6,5 70 

Scandic Foresta 4,9 90 

Hotel J. 6,2 100 

Connect Hotel Stockholm 6 100 
Note: DISTC= Distance to Stockholm Central Station 
(KM), PRK= Parking rate per night (SEK) 

Data source: http://sv.hotels.com/  

http://sv.hotels.com/
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or competition-based pricing or a combination of the two, as suggested by the extra charges 

in CHAIN and STAR variables. 

A closer look at the CHAIN and STAR variables reveals further pricing implications. The 

significance of the CHAIN variable in the weekday model could be perhaps because 

international business travelers prefer hotels associated with chains, assuming hotels are 

mostly booked by business travelers during the weekdays. This suggests that most hotels 

associated with chains adopt value-based pricing strategy during the weekdays and take 

advantage of the perceived value created by visibility. The insignificance of this variable in the 

weekend model, on the other hand, suggests that hotels may be using competition-based 

pricing as they compete for the relatively lower prices during the weekend. Alternatively, they 

can also adopt multimarket price discrimination and charge higher prices to business 

customers with a relatively inelastic price behavior (Kotler et. al., 2010). A simple comparison 

of the impact of the STAR variable in the two models reveals that the impact of a higher star 

rating is more pronounced during the weekdays than weekends, which seems to further 

reinforce the multimarket price discrimination strategy. 

7.2 Measurement Matters 

This study highlights the serious implications of the way one defines and measures qualitative 

hotel characteristics in hedonic pricing. This is particularly true with respect to hotel star 

rating, hotel chain (CHAIN), bathroom (BATH) and free parking (PRKFRI). The STAR variable 

which is understood to represent the relative ranking of hotels has been practically treated 

as a quantitative variable in many hedonic studies. As indicated under the discussion of 

findings, the present study differs from Andersson (2013) the way it defines STAR, CHAIN and 

BATH. This could be part of the reason why the two studies came up with different conclusions 

in terms of the impact of chain on the weekend room rates. Despite the insignificance of the 

free parking (PRKFRI) in both studies, the variable is treated as a dummy variable in 

Andersson’s (2013) study whereas the present study treats it as a quantitative variable 

measured in kilometers. Moreover, this study also highlights how the definition and 

measurement of free parking obscures important differences in rates. Considering the fact 

that most of the independent variables in hedonic pricing are dummies describing hotel 

quality characteristics, the grave consequences of misinterpretation of the results [due to 

both inappropriate definition and measurement of variables] cannot be overestimated. 
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8. CONCLUSIONS 
The two main contributions of this research have been the empirical application of Lancaster's 

consumer theory to hedonic pricing in the hotel market as well as the provision of an 

alternative measure for the hotel star rating. Using Lancaster’s characteristics approach to 

consumer behavior, the study has investigated the impact of a variety of characteristics on 

the rates charged for hotel rooms in Stockholm. The results show that the provision of 

breakfast, distance from the city center, availability of minibar in a room, provision of free 

cancellation option, average room size, number of guest rooms (hotel size) and hotel star 

rating have significant effects on both weekday and weekend room rates. By contrast, the 

presence of bathroom and the provision of free parking space turned out to be insignificant 

determinants of room rates in both models. The provision of a 24-hour room service and 

association with hotel chain, on the other hand, appear to be significant only in the weekday 

model. The impact of the star variable is also found to be more pronounced during the 

weekdays than weekends. These results are expected to shed light on which hotel 

characteristics consumers have to pay extra, and enhance hotel managers’ strategic pricing. 

Moreover, the research highlighted the critical role of a proper definition and measurement 

of the variables in hedonic pricing in general, and the hotel star in particular. Theoretically, 

the hotel star rating is simply an ordinal measure of quality that indicates the relative ranking 

of hotels but does not tell us by how much more one hotel is preferred to the other. That is 

we cannot take the number of stars in their cardinal sense and make absolute comparisons 

such as a four-star hotel is twice as good in quality as a two-star hotel. In practice, however, 

many hedonic studies have regressed the number of stars in their cardinal sense. As a result, 

they have failed to measure the impact of each rating independently. To solve this recurrent 

problem in hedonic pricing, the study attempted to provide another method of quantifying 

the star variable by creating “one less dummy variable than there are alternatives” 

(Studenmund, 2011:226). Accordingly, it employed three dummy variables to describe the 

four possible conditions in the hotel star rating in our sample. This enabled us to interpret the 

coefficient of each dummy variable as the effect of the included condition relative to the 

omitted condition. The conclusion is therefore by creating “one less dummy variable than 

there are alternatives” one can accurately measure the star rating and capture the impact of 

each rating independently. It is hoped that this will inspire further research and analysis. 
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APPENDICES 
Appendix 1. Summary Statistics for Model 1, 2 & 3  

Summary Statistics, using observations 1 – 215 (Whole sample –Model 1) 
Variable Mean Median Minimum Maximum Std. Dev. 

PRICE 1571,27 1584,00 516,000 3500,00 547,119 

BATH 0,558140 1,00000 0,000000 1,00000 0,497767 

BRKFST 0,855814 1,00000 0,000000 1,00000 0,352098 

CHAIN 0,497674 0,000000 0,000000 1,00000 0,501161 

DISTC 2,28921 1,30000 0,160000 12,0000 2,45410 

MINBR 0,437209 0,000000 0,000000 1,00000 0,497199 

PRKFRI 0,106977 0,000000 0,000000 1,00000 0,309805 

REFND 0,618605 1,00000 0,000000 1,00000 0,486863 

RMSRV24 0,302326 0,000000 0,000000 1,00000 0,460337 

ROMSIZ 17,3721 18,0000 8,00000 26,0000 4,40037 

ROOMS 165,981 137,000 9,00000 558,000 116,751 

STAR3 0,213953 0,000000 0,000000 1,00000 0,411051 

STAR4 0,586047 1,00000 0,000000 1,00000 0,493690 

STAR5 0,0790698 0,000000 0,000000 1,00000 0,270477 
 

Summary Statistics, using observations 1 – 105 (Weekday sample –Model 2) 
Variable Mean Median Minimum Maximum Std. Dev. 

PRICE 1719,64 1795,00 516,000 3173,00 548,463 

BATH 0,561905 1,00000 0,000000 1,00000 0,498533 

BRKFST 0,866667 1,00000 0,000000 1,00000 0,341565 

CHAIN 0,457143 0,000000 0,000000 1,00000 0,500549 

DISTC 2,21533 1,30000 0,160000 12,0000 2,38228 

MINBR 0,447619 0,000000 0,000000 1,00000 0,499634 

PRKFRI 0,104762 0,000000 0,000000 1,00000 0,307715 

REFND 0,628571 1,00000 0,000000 1,00000 0,485504 

RMSRV24 0,266667 0,000000 0,000000 1,00000 0,444338 

ROMSIZ 17,1238 17,0000 8,00000 26,0000 4,50576 

ROOMS 162,029 137,000 9,00000 558,000 115,988 

STAR3 0,219048 0,000000 0,000000 1,00000 0,415585 

STAR4 0,590476 1,00000 0,000000 1,00000 0,494104 

STAR5 0,0666667 0,000000 0,000000 1,00000 0,250640 
 

Summary Statistics, using observations 1 – 110 (Weekend sample –Model 3) 
Variable Mean Median Minimum Maximum Std. Dev. 

PRICE 1429,64 1406,50 516,000 3500,00 509,148 

BATH 0,554545 1,00000 0,000000 1,00000 0,499291 

BRKFST 0,845455 1,00000 0,000000 1,00000 0,363125 

CHAIN 0,536364 1,00000 0,000000 1,00000 0,500958 

DISTC 2,35973 1,30000 0,160000 12,0000 2,52963 

MINBR 0,427273 0,000000 0,000000 1,00000 0,496946 

PRKFRI 0,109091 0,000000 0,000000 1,00000 0,313180 

REFND 0,609091 1,00000 0,000000 1,00000 0,490187 

RMSRV24 0,336364 0,000000 0,000000 1,00000 0,474627 

ROMSIZ 17,6091 18,0000 8,00000 26,0000 4,30456 

ROOMS 169,755 140,000 9,00000 558,000 117,880 

STAR3 0,209091 0,000000 0,000000 1,00000 0,408521 

STAR4 0,581818 1,00000 0,000000 1,00000 0,495518 

STAR5 0,0909091 0,000000 0,000000 1,00000 0,288795 
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Appendix 2. Correlation Matrix –Model 1, 2 & 3 

Correlation Matrix of bivariate correlations between the variables (Whole sample –Model 1) 

 
 

Correlation Matrix of bivariate correlations between the variables (Weekday sample –Model 2) 

 
 

Correlation Matrix of bivariate correlations between the variables (Weekend sample –Model 3) 

 

BATH BRKFST CHAIN DISTC MINBR PRKFRI REFND RMSRV24 ROMSIZ ROOMS STAR3 STAR4 STAR5 PRICE

BATH 1

BRKFST -0,20524 1

CHAIN 0,17381 -0,25348 1

DISTC -0,08158 0,20780 0,17091 1

MINBR 0,48213 -0,30554 0,04161 -0,31574 1

PRKFRI -0,02537 0,14206 0,16714 0,80729 -0,24439 1

REFND -0,08161 -0,04970 0,07295 0,02419 0,01643 -0,00706 1

RMSRV24 0,25942 -0,45055 0,41829 -0,20251 0,54270 -0,16231 0,09989 1

ROMSIZ 0,37835 -0,17332 0,39028 0,16000 0,07908 0,11120 0,04147 0,17951 1

ROOMS 0,49268 -0,42998 0,62565 -0,14118 0,38131 -0,07087 0,04007 0,58108 0,42410 1

STAR3 -0,12959 0,21414 -0,08831 0,45256 -0,13974 0,36985 -0,03399 -0,14587 -0,00805 -0,06029 1

STAR4 0,24101 0,11203 0,15663 -0,20561 0,15061 -0,16740 0,03997 0,03921 0,28849 0,09375 -0,62076 1

STAR5 0,26071 -0,51760 0,29438 -0,18738 0,33245 -0,10142 -0,01832 0,44512 0,11258 0,40107 -0,15287 -0,34864 1

PRICE 0,32111 -0,06930 0,19148 -0,42060 0,50531 -0,28889 0,20014 0,37667 0,27422 0,28764 -0,29855 0,40752 0,28633 1

BATH BRKFST CHAIN DISTC MINBR PRKFRI REFND RMSRV24 ROMSIZ ROOMS STAR3 STAR4 STAR5 PRICE

BATH 1

BRKFST -0,17693 1

CHAIN 0,11670 -0,25870 1

DISTC -0,05112 0,19610 0,17332 1

MINBR 0,48603 -0,26669 -0,01867 -0,30416 1

PRKFRI -0,01134 0,13418 0,18550 0,80840 -0,24540 1

REFND -0,08286 -0,06958 0,11192 0,05336 0,01812 0,00552 1

RMSRV24 0,22861 -0,46038 0,39774 -0,19311 0,49664 -0,13596 0,15154 1

ROMSIZ 0,37111 -0,19535 0,37968 0,17766 0,07338 0,13619 0,06078 0,18506 1

ROOMS 0,46300 -0,42634 0,62796 -0,11068 0,32996 -0,05154 0,06098 0,57243 0,43869 1

STAR3 -0,08928 0,20773 -0,07000 0,43265 -0,10629 0,34516 -0,02179 -0,11108 -0,00435 -0,04302 1

STAR4 0,24053 0,12914 0,14218 -0,21256 0,16544 -0,15780 0,04123 0,02044 0,28213 0,10171 -0,63594 1

STAR5 0,23599 -0,56907 0,29124 -0,17726 0,29689 -0,09143 -0,03161 0,44320 0,10331 0,39088 -0,14154 -0,32092 1

PRICE 0,34295 -0,14890 0,33240 -0,42391 0,53265 -0,27729 0,19752 0,47963 0,38315 0,41783 -0,25926 0,50151 0,26668 1

BATH BRKFST CHAIN DISTC MINBR PRKFRI REFND RMSRV24 ROMSIZ ROOMS STAR3 STAR4 STAR5 PRICE

BATH 1

BRKFST -0,23139 1

CHAIN 0,23041 -0,24621 1

DISTC -0,10862 0,21968 0,16561 1

MINBR 0,47832 -0,34248 0,10285 -0,32576 1

PRKFRI -0,03840 0,14961 0,14991 0,80696 -0,24329 1

REFND -0,08076 -0,03327 0,03974 -0,00060 0,01404 -0,01847 1

RMSRV24 0,28965 -0,44085 0,43040 -0,21579 0,59087 -0,18740 0,05772 1

ROMSIZ 0,38779 -0,15052 0,39593 0,14127 0,08737 0,08637 0,02474 0,16823 1

ROOMS 0,52156 -0,43234 0,62290 -0,17032 0,43171 -0,08923 0,02198 0,58803 0,40828 1

STAR3 -0,16887 0,21983 -0,10474 0,47253 -0,17296 0,39374 -0,04623 -0,17679 -0,01048 -0,07608 1

STAR4 0,24137 0,09641 0,17270 -0,19924 0,13616 -0,17628 0,03846 0,05745 0,29686 0,08697 -0,60648 1

STAR5 0,28342 -0,47718 0,29401 -0,19838 0,36612 -0,11066 -0,00589 0,44418 0,11741 0,40921 -0,16259 -0,37300 1

PRICE 0,31929 -0,01420 0,10717 -0,43451 0,50470 -0,31901 0,20715 0,35047 0,21084 0,19687 -0,36952 0,33768 0,35144 1
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Appendix 3. Price vs Selected Variables  

Weekday Model (Model 2) 

 

Weekend Model (Model 3)

 


